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ABSTRACT

The Impact of Redistributive Policies on Inequality
in OECD Countries

Recent discussions about rising inequality in industrialized countries have triggered calls for
more government intervention and redistribution. Due to obvious behavioral effects caused
by redistribution, it is however not clear whether redistributional policies are indeed able to
combat inequality. This paper contributes to this relevant research question by using different
contextual country-level data sources to study inequality trends in OECD countries since the
1980s. We first investigate the development of inequality over time before analyzing the
qguestion of whether governments can effectively reduce inequality. Different identification
strategies, using fixed effects and instrumental variables models, provide some evidence that
governments are capable of reducing income inequality despite countervailing behavioral
adjustments. The effect is stronger for social expenditure policies than for progressive
taxation, which seems to trigger more inequality increasing indirect behavioral effects. Our
results also suggest that the use of secondary inequality data should be handled with
caution.
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Table 1: Fixed-Effects Panel Estimations

Dependent Variable: Measure of Inequality

Panel A: LIS Gini

Gov’t Spending

-0.380*  -0.356***

(lagged) (0.120)  (0.108)

Social Expenditure -0.232* -0.270**

(lagged) (0.092)  (0.091)

Progressivity 0.007 -0.132* -0.015

(lagged) (0.108) (0.061)  (0.097)

Observations 120 117 116 113 117

R2 0.546 0.545 0.564 0.588 0.515

Panel B: WIID Gini

Gov’t Spending -0.307  -0.230**

(lagged) (0.113)  (0.104)

Social Expenditure -0.051 -0.023

(lagged) (0.076)  (0.080)

Progressivity 0.041 0.049 0.036

(lagged) (0.046) (0.045)  (0.050)

Observations 368 351 349 338 351

R2 0.314 0.299 0.328 0.339 0.280
Panel C: UTIP Estimate

Gov’t Spending -0.103 -0.081

(lagged) (0.076)  (0.090)

Social Expenditure 0.001 -0.004

(lagged) (0.052)  (0.054)

Progressivity -0.025 -0.021 -0.031

(lagged) (0.025) (0.026)  (0.025)

Observations 437 389 378 353 389

R2 0.493 0.435 0.553 0.518 0.425

[1] Explanatory Variables are lagged one year [2] All estimations contain

lagged control variables [3] Country and Year Fixed Effects included

[4] Standard errors in parentheses cluster adjusted for countries

[5] * < 0.10, **x < 0.05, % % % < 0.01
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The models above, using both country and time fixed effects, yield some hints
that redistributive policies can reduce inequality levels. However, due to possible
remaining endogeneity and imprecise coefficients, we do not find clear-cut evidence
that second-round effects do not offset redistributive policy measures—especially
for progressive taxation. The estimated elasticities and confidence intervals differ
depending on the employed dependent variable. This raises concerns about the
general data quality (see the discussion in Section 2).

We must further be concerned that our identification strategy is not sufficient
in order to obtain unbiased effects. The problem of reverse causality is not properly
accounted for if the effect of inequality levels on redistribution policies is not sys-
tematic within countries. It might, for example, be the case that levels of inequality
in a year t — 1 affect policies in ¢t in a not systematic way, yielding the necessity
to control for lagged levels of inequality. Doing so in the above framework would
however not be legitimate.

One commonly used way of dealing with such dynamic problems is to in-
clude lagged levels of the dependent variable into the set of explanatory variable
and estimate the equation using GMM methods as first suggested by Arellano and
Bover (1995) and Blundell and Bond (1998),!! and applied in our context, e.g.,
by Calderon and Chong (2009). Unfortunately, however, these estimators are not
appropriate for models with small N and large T like our panel (Roodman 2009;
Roine et al. 2009). Another reason for GMM methods not to be applicable to our
setting rests on our scepticism that the required assumption of “weak exogeneity”
is met. The assumption of weak exogeneity allows the explanatory variables to be
correlated with past and current levels of the error term, but not with its future
realizations. There are reasons to believe that this assumption is barely justifiable
in our setting. We have a reverse causality effect at hand, where redistribution
does not only decrease inequality, but where inequality also positively affects levels
of redistribution. Applying the assumption of weak exogeneity to our case implies
that the system-GMM estimator, using internal instruments, would only be valid if
future levels of inequality do not affect the current levels of the policy variables of
interest: measures of redistribution. However, governments, that expect increasing
inequality in the future, could implement redistributive measures to offset the an-
ticipated shock on income inequality. Also, sticking with the logic of the Meltzer
and Richard (1981) model, the median voter who expects rising levels of inequality
in the future will vote for more redistribution. We are therefore skeptical that the

assumption of weak exogeneity is likely to hold in our set-up.

" This approach builds on the first-difference GMM estimator originally proposed by Arellano
and Bond (1991).
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4.3 Instrumental Variable Approach

Another possibility to deal with the obvious problem of endogeneity in our setting

and to identify an unbiased effect is to find an instrumental variable (IV).

4.3.1 Identification Strategy

Our (second-stage) equation of interest is similar as in the previous section and reads
Yie = Bswis + BaCiy + Ve + i + €ig, (2)

where (3 is the coefficient of interest. As discussed above, we raise the concern
that omitted variables in the error term might be correlated with our explanatory
variables of interest, biasing the estimates. We employ instruments z;; which are
correlated to our respective measures of interest, but, conditioning on other vari-
ables, are not correlated with the dependent variable, i.e. Cov(z;4,€¢) = 0 and
Cou(zit,xit) # 0. We estimate the IV model using two stage least squares (2SLS).

Our first-stage equation looks such as
Tig = 012i4 + 02C5 1 + Vi + i + Vig, (3)

where we include the same control variables as well as country and year fixed effects
as on the second-stage, and v;; is a standard error term. The instrument z must not
affect e after conditioning on the confounding variables in vector C' and the fixed
effects v and . We hence wish to exploit within-country variation in an instrument
to identify our effect of interest, again hoping to control for any country systematic
unobservable effects.

Finding suitable instruments is generally a difficult task. In our set-up, we
require I'Vs that are independent of €;; in equation 2, but correlated with one of our
three respective explanatory variables of interest (represented by w;;: government
spending, public total social expenditure, and degree of progressivity). An ideal
instrument would be randomly assigned to each observation and therefore generate a
quasi-experimental way to estimate the causal effect. Obviously, no such instrument
is available in our setting with country-level observations. Policies or other variables
that may be correlated with measures of redistribution are usually not randomly
assigned to a country and thus mostly endogenous. We are not aware of any study
that uses a randomly assigned instrument to identify the effect of policy variables
on inequality.

In this paper, we use the initial levels of our policy variables as of 1981 and

extrapolate them with the growth rate of GDP—for government spending and social
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expenditure—, and the growth rate of the highest marginal tax rate (MTR)—for
the level of progressivity. The extrapolated figures are then used as instruments
for the explanatory variables of interest. That is, our IVs take the initial value of
the respective regressor in 1981 and then grow with the growth rate of GDP or
the growth rate of the highest MTR. Our instruments are exogenous in the sense
that we do not use the actual observed annual levels but extrapolated figures that
are based on the initial levels in 1981. The instrument for one of the regressors
may increase between two years within a country, whereas the actual level of the
regressor remains stable. Though, we observe a strong correlation between the
extrapolated numbers and the actual ones for our measures of government spending
and social spending, hence satisfying the IV relevance requirement. For the exclusion
restriction to hold, we have to assume that, conditional on our control variables and
fixed effects, the inequality trends are uncorrelated with the (average) growth rates
used for extrapolation. This can be justified because GDP and the top tax rate
are, among other variables, controlled for on both stages of our estimation. We
display first stage results at the bottom of our detailed tables in Section A.4 of the
Appendix.!?

4.3.2 Results and Discussion

Table 2 presents the coefficients of interest for our IV estimations. As seen before
in section 4.2, our measures of government expenditure seem to have inequality
reducing effects, whereas we find tax progressivity not to have a significant impact.
Again, not all coefficients are sufficiently precise, but for those that are, we find that
government spending and social expenditure compress the income distribution. A
1% increase in these two variables is approximately associated with a 0.3% drop
in inequality. This confirms the pattern that we found in our previous analyses.
The results for instrumented tax progressivity are not precisely estimated; thus
not allowing any clear interpretation, but providing another hint that behavioral
second-round effects play a stronger role with progressivity. The results regarding
the control variables are presented in Appendix A.4 and are similar to the fixed
effects models.

The results of the IV regressions rest on the assumption of instrument valid-
ity. That is, conditional on all control variables as well as the country and year

fixed effects, the instruments must affect inequality only through the independent

12 Angrist and Pischke (2009) note that insufficient first-stage results in exactly identified models
do not do any harm except causing second-stage standard errors to be large. This is why we abstain
from i) discussing the relevance of the instruments in detail and ii) only focus on sufficiently precise
estimates in our interpretations of the results.
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Table 2: IV Estimations

Dependent Variable: Measure of Inequality

Panel A: LIS Gini

Gov’t Spending 0.024 0.003
(0.218) (0.226)
Social Expenditure -0.216™  -0.295**
(0.106)  (0.116)
Progressivity 0.035 -0.116*  1.252
(0.070) (0.069) (0.789)
Observations 107 106 86 85 79

Panel B: WIID Gini

Gov’t Spending -0.152 -0.110
(0.153)  (0.162)
Social Expenditure -0.107 -0.039
(0.138)  (0.139)
Progressivity 0.098* 0.082 -0.223
(0.053) (0.053) (0.854)
Observations 334 331 287 285 288

Panel C: UTIP Estimate

Gov’t Spending -0.328"  -0.333*"**
(0.096)  (0.101)
Social Expenditure -0.026  -0.016
(0.076)  (0.082)
Progressivity -0.017 -0.048*  0.167
(0.022) (0.024)  (0.414)
Observations 414 405 344 337 353

[1] 2SLS IV Estimations [2] IVs: Extrapolated Explanatory Variable
[3] All estimations contain control variables [4] Country and Year
Fixed Effects included [5] Standard errors in parentheses cluster
adjusted for countries [6] * < 0.10, % < 0.05, % * % < 0.01
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variables of interest. This assumption is untestable and its validity needs to be
approached intuitively. Clearly, our instruments are not randomly assigned to each
country-year observation and it is therefore difficult to claim that we are able to
establish a causal relationship that is based on a quasi-experimental setup. How-
ever, as we extrapolate government spending and social expenditure in 1981 with
the GDP growth rate and tax progressivity with the growth rate of the highest
marginal tax rate to obtain our instruments, we are able to exploit some exogenous
variation. The extrapolated values are not directly related to inequality. Of course,
the growth rate of the GDP and marginal tax rate, which we use for extrapolation,
have some impact on the income distribution, but we control for GDP and tax rate
on both the first and second stage and hence condition on these variables. All our
analyses contain not only year fixed-effects, but also country fixed effects. We thus
exploit within-country variation in our instruments and control for any effects that
are specific to the included countries and systematic across time.

The results are not entirely satisfying. Although we find negative coefficients—
that one would expect—in most specifications, the standard errors in some cases
are large and imprecise, causing p-values and significance values to be high. In IV
estimations, weak first-stage results can increase the standard errors on the second-
stage, but this is mostly not the reason in our case; first-stage results are sufficiently
strong at least for specifications which employ government spending and social ex-
penditure as core explanatory variables. Negative coefficients estimated with more
precision—that we obtain as well—, however, provide some evidence that first-round
effects of redistributive expenditure policies can outweigh second-round effects and

governments are indeed able to achieve inequality reduction.

5 Conclusion

This paper uses a panel of industrialized OECD countries over the time period
between 1981 and 2005 to analyze the effect of redistributive policies on post-tax
inequality. Using different data sources to measure inequality, the first part of this
paper finds that the Gini coefficient has increased since the early 1980s, after a
period of downwards trending inequality between the 1960s and 1980s. The obser-
vation that radical and liberal welfare states are characterized by more inequality
than social-democratic or conservative ones provides a hint that institutions seem to
matter for the income distribution. The large rise in inequality in Eastern European
states since the breakdown of socialism in the late 80s/early 90s adds to this pre-
sumption. The analysis also shows that different data sources of the Gini coefficient

display different levels as well as developments in inequality, suggesting that the use
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of empirical inequality measures may be critical and results might depend on the
data source. This is confirmed in our regression analyses which find coefficients to
differ both in terms of size and precision depending on which data source is used.
However, assuming that the data are consistently measured within one data
source, the ordinal character of the data can be exploited to conduct multivariate

analyses with inequality as the dependent variable.'®

Exploiting this reasoning,
the second part of this paper asks the question of whether redistributive policies
significantly reduce inequality. We discuss potential sources of endogeneity and
employ fixed effects and instrumental variable approaches to identify the effect of
three policy variables of interest. Despite behavioral feedback effects, we provide
some evidence that especially government spending and social expenditure meet their
target of reducing post-government inequality as measured by the Gini coefficient.
As for our precisely estimated coefficients, our different identification methods yield
that a 1% increase in government spending or public social expenditure is roughly
related to a 0.3% drop in inequality. Policies of government expenditure seem to
matter more for reducing inequality than the degree of progressivity in the tax
system. The insignificant results for the latter might hint into the direction that
higher tax progressivity indeed exhibits (stronger) behavioral effects, which tend
to increase pre-tax inequality and hence countervail the inequality reducing direct
effects (Poterba 2007). Our results show that inequality reduction is more effectively
achieved through measures of expenditure as opposed to taxation. Hence, given the
disincentive and distorting effects of progressive taxation, our results might imply
that governments should combat inequality through policies on the expenditure side
rather than increasing the progressivity of the tax system. Our findings might also
help explaining observed differences in inequality between Furopean countries and
the US. While the US has one of the most progressive income taxes in the world,
very little redistribution is conducted through social benefits. In contrast, European
welfare states rely (on average) much more on benefits and government expenditure
to fight inequality.

The difficulties of identifying a clear and clean causal effect are omnipresent
and inherent to this literature. Scholars would require either a field experiment or
good quasi-experimental design to obtain a clear-cut causal picture. Obviously—and
this problem is underlying almost all, if not all, country-level studies—it is nearly
impossible to exploit such an identification strategy, i.e., to randomly assign redis-
tributive policies to a set of countries. We identify possible sources of endogeneity in

our setting and take several steps to overcome it. The Fixed Effects and IV meth-

13This is inherent to many other data sources, in which cardinal measurement is critical to
assume. See for example the discussion on happiness research in Frey and Stutzer (2002).
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ods used here can certainly mitigate problems of endogeneity, but there remains
doubt if they are sufficient. Looking at single policy changes in redistribution (the
“treatment”), Difference-in-Difference (DiD) analyses may help to identify a clear
effect. Though, the required “common trend” assumption across both countries is
often difficult to defend. Abadie and Gardeazabal (2003) and Abadie et al. (2010)
recently proposed a new approach based on a “synthetic” counterfactual country
(region). The method uses a combination of other countries (regions) on similar
pre-treatment characteristics to run an analysis similar to DiD, where the matched
synthetic country serves as the counterfactual. However, in terms of the research
question imposed in this paper, DiD and synthetic-country approaches are not ap-
propriate because we do not look at the effect of one particular policy change on
inequality. System-GMM methods may also be able to handle some of the inherent
problems of endogeneity, but require very rich data, which are often not available,
and are highly sensitive to specification and the choice of internal instruments. Ad-
ditionally, in many set-ups—including ours—System-GMM methods are not eligible
due to panel structures with small N and large T" or due to the failure to assume
“weak exogeneity”.

Considering the political importance and widely held debates about (increas-
ing) inequality around the world, the research question imposed in our paper needs
further attention. Policy makers heavily rely on researchers and their analyses when
considering different measures of reducing inequality. Therefore, it is important
that the issue of causal identification will be further approached in future research.
Quasi-experimental methods such as good IVs, stemming from random processes,

or DiD methods, looking at single policy measures, are a promising path.
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A Appendix

A.1 Development of Inequality over time
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Figure 4: Inequality (uw) by welfare types

A.2 Summary Statistics
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Table 3: Summary Statistics

Variable Mean Std. Dev. Obs
LIS Gini overall 30.34583 7.142591 N =159
between 6.288292 n =29
within 2.587905 T = 5.48276
WIID Gini overall 30.7561 6.026748 N = 448
between 5.885699 n =28
within 2.65283 T =16
UTIP Ineq overall 35.34152 4.735462 N = 580
between 4.171345 n =28
within 2.434937 T = 20.7143

Govt Spending  overall 8.16e+410 1.33e+11 N = 848

between 1.32e+11 n =30
within 2.67e+10 T = 28.2667
Social Exp overall 1.24e+11 2.13e+11 N =670
between 2.00e+11 n = 30
within 6.55e+10 T = 22.3333
ARP overall overall .0753014 .0243012 N = 697
between .0208241 n = 30
within .0133746 T = 23.2333
Toprate overall 44.63314 14.55172 N =717
between 11.72463 n =30
within 8.618669 T =239
Educ overall 42.80875 20.99698 N = 759
between 13.80687 n = 28
within 17.03499 T = 27.1071

GDP p. capita  overall 18500.42 10677.75 N = 848

between 10181.31 n = 30
within 4090.34 T = 28.2667
Inflation overall 9.100438 24.17119 N = 849
between 12.25823 n = 30
within 21.17695 T =283
Trade overall 84.80983 53.20028 N = 848
between 46.59816 n =30
within 29.29007 T = 28.2667

continues on next page
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continued from previous page

Unemployment  overall 7.16477 4.27503 N = 738
between 3.806607 n = 30
within 2.306527 T =24.6

Union overall 38.69974 21.5432 N =755
between 20.13219 n = 30
within 7.329944 T = 25.1667

Globalization overall 72.1562 12.95818 N = 800
between 10.25295 n =30
within 7.867985 T = 26.6667

A.3 Fixed Effects Panel Models (including control variables)

Table 4: Dependent Variable LIS Gini

Ging Ginig Gini Gini Ginig

Gov’t Spending —0.380*** —0.356***

(0.120) (0.108)
Social Expenditure —0.232%* —0.270%**

(0.092) (0.091)
Progressivity 0.007 —0.132%* —0.015
(0.108) (0.061) (0.097)
Top Tax Rate 0.001 0.003* 0.002
(0.002) (0.002) (0.002)

School enrollment 0.000 0.000 0.001 0.001 0.000

(0.001) (0.001) (0.001) (0.001) (0.001)
Real GDP p.c. 0.000** 0.000* 0.000 0.000 0.000

(0.000) (0.000) (0.000) (0.000) (0.000)
GDP squared —0.000 —0.000 —0.000 —0.000 —0.000

(0.000) (0.000) (0.000) (0.000) (0.000)
Inflation —0.003* —0.003 —0.003* —0.005%* —0.003

(0.002) (0.002) (0.002) (0.002) (0.002)
Openness to Trade —0.001 —0.001 —0.000 —0.001 —0.001

(0.001) (0.001) (0.001) (0.001) (0.001)
Unemployment rate 0.011* 0.011* 0.008 0.009 0.008

(0.006) (0.006) (0.007) (0.007) (0.007)
Union density —0.004 —0.004 —0.003* —0.002 —0.002

(0.003) (0.003) (0.002) (0.002) (0.003)
Globalization 0.001 0.001 —0.002 0.000 0.002

(0.004) (0.004) (0.004) (0.004) (0.005)
constant 11.963*** 11.335%** 9.145%** 9.336%*** 2.756%**

22

continues on next page



continued from previous page

(2.976) (2.793) (2.363) (2.513) (0.805)
N 120 117 116 113 117
R2 0.546 0.545 0.564 0.588 0.515

[1] Dependent Var: LIS Gini [2] All Explanatory Variables lagged one year [3] Country and
year fixed effects in all specifications [4] Standard errors cluster adjusted for country

[5] * < 0.10, #% < 0.05, * * * < 0.01

Table 5: Dependent Variable WIID Gini

Gini Gini Ginig Ginig Gini
Gov’t Spending —0.307** —0.230%*
(0.113) (0.104)
Social Expenditure —0.051 —0.023
(0.076) (0.080)
Progressivity 0.041 0.049 0.036
(0.046) (0.045) (0.050)
Top Tax Rate —0.002 —0.002 —0.002
(0.002) (0.002) (0.002)
School enrollment —0.000 —0.000 0.000 0.000 —0.000
(0.001) (0.001) (0.001) (0.001) (0.001)
Real GDP p.c. —0.000 —0.000 —0.000 —0.000 —0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
GDP squared 0.000 0.000 0.000 0.000 0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
Inflation —0.000%** —0.000%** —0.000%** —0.000%** —0.000%**
(0.000) (0.000) (0.000) (0.000) (0.000)
Openness to Trade 0.000 0.000 —0.000 —0.000 0.000
(0.001) (0.001) (0.001) (0.001) (0.001)
Unemployment rate 0.001 0.001 0.004 0.004 —0.000
(0.004) (0.004) (0.004) (0.004) (0.005)
Union density —0.001 —0.001 —0.000 —0.000 —0.000
(0.001) (0.001) (0.001) (0.001) (0.001)
Globalization 0.006* 0.005 0.004 0.004 0.005
(0.003) (0.003) (0.004) (0.003) (0.004)
constant 10.402%** 8.828*** 4.292%* 3.960** 3.556***
(2.580) (2.436) (1.744) (1.826) (0.363)
N 368 351 349 338 351
R2 0.314 0.299 0.328 0.339 0.280

[1] Dependent Var: WIID Gini [2] All Explanatory Variables lagged one year [3] Country and
year fixed effects in all specifications [4] Standard errors cluster adjusted for country

[5] * < 0.10, #* < 0.05, * % * < 0.01
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Table 6: Dependent Variable UTIP estimate

urip UuTIipP UTIipP UTIP uTip
Gov’t Spending —0.103 —0.081
(0.076) (0.090)
Social Expenditure 0.001 —0.004
(0.052) (0.054)
Progressivity —0.025 —0.021 —0.031
(0.025) (0.026) (0.025)
Top Tax Rate 0.000 0.000 0.000
(0.001) (0.001) (0.001)
School enrollment 0.000 0.000 0.000 0.000 0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
Real GDP p.c. 0.000* 0.000 0.000* 0.000* 0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
GDP squared —0.000 —0.000 —0.000** —0.000%* —0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
Inflation —0.000 —0.000 —0.000%** —0.000%** —0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
Openness to Trade 0.000 0.000 —0.000 —0.000 0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
Unemployment rate 0.004** 0.003 0.003 0.002 0.002
(0.002) (0.003) (0.002) (0.003) (0.002)
Union density —0.004%** —0.003** —0.002%* —0.002 —0.003%*
(0.001) (0.001) (0.001) (0.001) (0.001)
Globalization —0.000 —0.000 —0.002 —0.001 —0.001
(0.003) (0.003) (0.002) (0.003) (0.003)
constant 5.935%** 5.303** 3.486%** 3.448** 3.480%**
(1.830) (2.192) (1.282) (1.472) (0.354)
N 437 389 378 353 389
R2 0.493 0.435 0.553 0.518 0.425

[1] Dependent Var: UTIP Estimate [2] All Explanatory Variables lagged one year [3] Country
and year fixed effects in all specifications [4] Standard errors cluster adjusted for country

[5] * < 0.10, ** < 0.05, * * * < 0.01

A.4 IV Models (including control variables and first-stage

results)
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Table 7: Dependent Variable LIS Gini

Ging Ging Gini Gini Gini
Gov’t Spending 0.024 0.003
(0.218) (0.226)
Social Expenditure —0.216%* —0.295**
(0.106) (0.116)
Progressivity 0.035 —0.116* 1.252
(0.070) (0.069) (0.789)
Top Tax Rate —0.006** —0.001 —0.029**
(0.002) (0.003) (0.013)
School enrollment —0.001 —0.002 0.001 0.001 0.001
(0.001) (0.001) (0.001) (0.001) (0.002)
Real GDP p.c. 0.000 0.000 0.000 0.000 —0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
GDP squared —0.000 0.000 —0.000 —0.000 0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
Inflation —0.002 —0.001 0.005* —0.003 0.036*
(0.002) (0.003) (0.003) (0.006) (0.021)
Openness to Trade —0.001 —0.001 —0.001* —0.001** —0.003
(0.001) (0.001) (0.001) (0.001) (0.002)
Unemployment rate 0.006 0.006 0.004 0.005 0.002
(0.004) (0.004) (0.005) (0.005) (0.011)
Union density —0.004** —0.005%* —0.001 —0.000 —0.005
(0.002) (0.002) (0.002) (0.002) (0.005)
Globalization 0.012%** 0.011* —0.002 —0.002 —0.011
(0.006) (0.006) (0.004) (0.004) (0.014)
N 107 106 86 85 79
First-stage results
Coefficient IV 0.024** 0.024** 0.042%** 0.037*** —0.175
(0.010) (0.010) (0.007) (0.007) (0.294)
F-Statistic 5.51 6.39 35.37 29.15 1.17

[1] Dependent Var: LIS Gini [2] 2SLS IV Estimations [3] IVs are extrapoltaed values of core

expl. variables [4] First-stage results display coefficients in first-stage regressions of

instrumented var on IV [5] Country and year fixed effects in all specifications [6] Standard

errors cluster adjusted for countries [6] * < 0.10, ** < 0.05, * * * < 0.01

Table 8: Dependent Variable WIID Gini

Gini Gini Ging Ging Gini
Gov’t Spending —0.152 —0.110
(0.153) (0.162)
Social Expenditure —0.107 —0.039
(0.138) (0.139)

25

continues on next page



continued from previous page

Progressivity 0.098* 0.082 —0.223
(0.053) (0.053) (0.854)
Top Tax Rate —0.002 —0.002 0.003
(0.002) (0.002) (0.015)
School enrollment —0.001 —0.001 —0.000 —0.001 —0.000
(0.001) (0.001) (0.001) (0.001) (0.002)
Real GDP p.c. —0.000 —0.000 —0.000 —0.000 —0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
GDP squared 0.000 0.000 0.000 0.000 0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
Inflation —0.003** —0.002 0.001 0.001 0.004
(0.002) (0.002) (0.005) (0.005) (0.008)
Openness to Trade —0.000 0.000 —0.001 —0.001 —0.001
(0.001) (0.001) (0.001) (0.001) (0.001)
Unemployment rate 0.000 —0.000 —0.000 —0.001 —0.006
(0.004) (0.004) (0.004) (0.004) (0.009)
Union density —0.000 —0.001 0.001 0.001 0.004
(0.002) (0.002) (0.002) (0.002) (0.011)
Globalization 0.006 0.006 0.007 0.006 0.009
(0.004) (0.005) (0.005) (0.005) (0.006)

N 334 331 287 285 288

First-stage results

Coefficient TV 0.017%%* 0.016%** 0.036%** 0.035%%* 0.252
(0.003) (0.003) (0.005) (0.004) (0.158)
F-Statistic 33.10 40.56 56.78 76.88 2.56

[1] Dependent Var: WIID Gini [2] 2SLS IV Estimations [3] IVs are extrapoltaed values of core
expl. variables [4] First-stage results display coefficients in first-stage regressions of
instrumented var on IV [5] Country and year fixed effects in all specifications [6] Standard

errors cluster adjusted for countries [6] * < 0.10, % < 0.05, * % * < 0.01

Table 9: Dependent Variable UTIP

UTIP urip UurTipP UTIP UTIP
Gov’t Spending —0.328*** —0.333%**
(0.096) (0.101)
Social Expenditure —0.026 —0.016
(0.076) (0.082)
Progressivity —0.017 —0.048** 0.167
(0.022) (0.024) (0.414)
Top Tax Rate —0.000 0.000 —0.003
(0.001) (0.001) (0.006)
School enrollment 0.001*** 0.001%** 0.001* 0.001** 0.000
(0.000) (0.000) (0.000) (0.000) (0.001)

continues on next page
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Real GDP p.c. 0.000*** 0.000*** 0.000** 0.000*** —0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
GDP squared —0.000** —0.000** —0.000%** —0.000%** 0.000
(0.000) (0.000) (0.000) (0.000) (0.000)
Inflation —0.000** —0.000* 0.003** 0.003** 0.002
(0.000) (0.000) (0.001) (0.001) (0.002)
Openness to Trade 0.000 0.000 0.000 0.000 0.001
(0.000) (0.000) (0.000) (0.000) (0.001)
Unemployment rate 0.005** 0.005** 0.005** 0.004* 0.003
(0.002) (0.002) (0.002) (0.002) (0.004)
Union density —0.003%*%* —0.003** —0.003%** —0.002 —0.004
(0.001) (0.001) (0.001) (0.001) (0.005)
Globalization 0.001 0.001 —0.001 —0.000 —0.005
(0.003) (0.003) (0.002) (0.002) (0.006)
N 414 405 344 337 353

First-stage results

Coefficient TV 0.012%%* 0.012%%* 0.056%+* 0.056%** —0.136
(0.002) (0.002) (0.012) (0.011) (0.179)
F-Statistic 26.24 29.13 20.70 26.15 0.57

[1] Dependent Var: UTIP estimate [2] 2SLS IV Estimations [3] IVs are extrapoltaed values of
core expl. variables [4] First-stage results display coefficients in first-stage regressions of
instrumented var on IV [5] Country and year fixed effects in all specifications [6] Standard

errors cluster adjusted for countries [6] * < 0.10, ** < 0.05, * * * < 0.01
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