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ABSTRACT

Employed and Unemployed Job Seekers: Are They Substitutes?’

The job search literature suggests that on-the-job search reduces the probability of
unemployed people finding a job. However, there is no evidence that employed and
unemployed job seekers are similar or apply for the same jobs. We combine the Labour
Force Survey and the British Household Panel Survey to compare employed and
unemployed job seekers in terms of individual characteristics, preferences over working
hours, job-search strategies, and employment histories. We find substantial differences,
which persist over the business cycle and remain after controlling for unobserved
heterogeneity. We conclude that the unemployed do not directly compete with employed job
seekers.
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INTRODUCTION
Workers move from job to job and into and out ofpémyment as they attempt to maximise
their wages and find a suitable employer. Accordmgpb search theory, employed workers
seek better paying jobs while the unemployed sebk that offer wages exceeding their
reservation wage (Burdett and Mortensen 1998). Muostiels assume that job seekers are
homogeneous, with employed and unemployed job seekéfering only in their labour
market status and search intensity and effectigne®wever there is little empirical
evidence that employed and unemployed job seekars kimilar observed characteristics,
which prompts the question of whether the employed unemployed compete for the same
jobs. Our contribution to the literature is to carg the characteristics and behaviour of
employed and unemployed job seekers. If they asemhtionally different, then in contrast
to the assumptions made in the theoretical liteeatwe cannot conclude that they directly
compete with each other for the same job vacanoretat the experience and decisions of
one group will influence the outcomes of the other.

In models such as Burdett and Mortensen (1998) \aard den Berg and Ridder
(1998), both employed and unemployed job seekepsydpr the same jobs. As potential
employers cannot observe the productivity of jopliagants, they may interpret previous or
current unemployment as a signal of low produgtivilence, when receiving applications
from employed and unemployed job seekers, emplopeeser job applicants who are
employed (Eriksson and Gottfries 2005). Consequéhd presence of employed job seekers
should reduce the chances of unemployed peoplafirdork (Rogerson et al. 2005).

The empirical literature supports the theoretipeddictions that employers prefer
hiring applicants who are already in work (Eckstand van den Berg 2007). Some authors
reach this conclusion by estimating matching flongiusing aggregate data on hirings and
flows out of unemployment (e.g. Anderson and Busg2300), with a higher proportion of
employed job seekers reducing the probability cfrployed people finding a job (Burgess
1993). Furthermore, Robson (2001) suggests thabrmrralg differences in outflows from
unemployment are related to differences in the aitipeness of unemployed compared to
employed job seekers. In this sense, employed aednployed job seekers are seen as
substitutes.

Studies using micro-data also find that employss geekers receive more job offers
than the unemployed (Blau and Robins 1990), althdbt is partly explained by differences
in individual characteristics (Eriksson and Lagenst 2006). Andrews et al. (2001) conclude

that employers rank job seekers by their labourketastate, although the extent to which
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employed and unemployed job seekers apply for #Hreesvacancies is still not clear.

Pissarides and Wadsworth (1994) model the sequetga@sion of whether to search for a

job, followed by the decision of whether to seavdhile employed or unemployed. They

compare employed people who search and who doeaotls but do not assess differences
between employed and unemployed job seekers. Bysiog on employers’ perceptions of

their job applicants, the recruiting literature gegts that there might be important
differences between unemployed and employed jolicamps in terms of experience and

qualifications (e.g. Atkinson et al. 1996).

There is evidence that current employment is glsorelated to past unemployment
even when allowing for observed and unobservedemiffces between individuals
(Arulampalam et al. 2000; Gregg 2001). Such unegmpént persistence indicates that
employed and unemployed people have very diffg@ntand employment histories, which
need to be incorporated into comparisons of emplogad unemployed job seekers.
Employed and unemployed job seekers may also diffemnobservable ways. For example,
the unemployed may be less flexible than emplogbdsgekers in terms of the jobs they find
acceptable, either because they have higher reéssrwaages or because they have stricter
requirements in terms of other job characterigigcg. occupation, permanency, etc.).

The level of competition between employed and uleyed job seekers may also
vary over the business cycle. Empirical researodgd¢o assume that on-the-job search falls
during recessions, and competition for jobs is niik&y to come from the unemployed in
economic downturns than during periods of econogrmwth (Burgess 1993; Pissarides
1994). However, if employed and unemployed job sexlre different, there is no reason to
assume that unemployed people will be more nedgtiaéfected by the presence of
employed job seekers in periods of growth than owrturns. No single dataset allows
analysis of all these questions. The quarterlyouabi-orce Survey (LFS) directly identifies
employed workers engaging in on-the-job search,hast a very limited panel dimension.
The British Household Panel Survey (BHPS) contaitheng panel element but does not ask
guestions about on-the-job search activities. Ve the quarterly LFS to identify (1)
observable factors associated with the probabilitgt employees engage in on-the-job
search; and (2) whether employed and unemployedsgdkers have similar individual
characteristics, preferences over working hourd,jab-search strategies. We then combine
the quarterly LFS with the BHPS to identify (3) tingoact of differences in past employment
histories on the employment status of job seekewd @) to account for unobserved

individual-specific heterogeneity. Finally, we cbime the quarterly and annual LFS to have
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a sufficiently long time-series to analyse (5) eliéihces between unemployed and employed
job seekers over the business cycle.

We find that unemployed and employed job seekéiferdsignificantly in their
individual characteristics, past employment higt®ripreferences over working hours, and
job-search strategies, and that such differencessp@ver the business cycle. Our evidence
is consistent with a no-pay low-pay cycle where keos become locked in a sequence of
unemployment and low quality jobs. We conclude thatontrast to the assumptions made in
the theoretical literature, the unemployed arekeh}i to directly compete with employed job

seekers.

|. THEORETICAL BACKGROUND

While many theoretical models of job search asstima¢ employed and unemployed job
seekers are substitutes and apply to the same aiasaf@.g. Burdett and Mortensen 1998;
van den Berg and Ridder 1998) others indirectlygesy otherwise. For example Pissarides
(1994) characterises the labour market by ‘good’ ‘@ad’ jobs, where employed job seekers
only apply for and accept jobs that are better ttieair current one. The unemployed are
more likely to be hired in ‘bad’ jobs and to engageon-the-job search after accepting the
‘bad’ job. Consequently ‘good’ jobs should be fillby employed people who do not engage
in on-the-job search, ‘bad’ jobs should be fillgddmployed people looking for a ‘good’ job,
and the unemployed should mostly apply to ‘bad’sjoEmployed and unemployed job
seekers do not directly compete with each othath@gsapply to different types of jobs.

There are other reasons why employed and unengpioyeseekers may not directly
compete with each other. Unemployment is higherragrgeople with low rather than high
education, and the probability of on-the-job sealdo varies with education (Pissarides and
Wadsworth 1994). If employed job seekers have Heyels of education, while the
unemployed have low levels of education, they anié&ely to apply to the same vacancies.
Furthermore, the literature on unemployment persis# suggests that current employment is
strongly related to past unemployment (e.g. Arulalam et al. 2000; Gregg 2001), even
when allowing for observed and unobserved diffeesnbetween individuals. Hence,
unemployed and employed are also likely to havey \dgifferent job and employment
histories. Furthermore, employed and unemployed gelekers may differ in other
unobservable ways, for example in terms of the {bbyg find acceptable.

Less is known about characteristics of jobs squyhsearch methods used. Van Ours

(1995) argues that employers introduce competibeinveen employed and unemployed job
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seekers by using different recruitment channelstlier same vacancy, while Gorter et al.
(1993) and Lindeboom et al. (1994) find that the a$ particular recruitment channels
reduces the probability that the vacancy is fillgdan unemployed job applicant. Weber and
Mahringer (2008) find self-selection among job s¥ekin terms of search methods and that
the effectiveness of different methods is relatethe labour market status of the job seeker.
Even when applying for the same jobs, if emplojadal seekers are preferred to the
unemployed because of, for example, more occupapesific human capital (Rosholm and
Svarer 2004), differences in the quality of jobsanied may be partly due to differences in
previous experience. Employers may interpret uneympént as a negative signal, thus partly
explaining differences in outcomes. Unemployed g$ekkers are recruited into low quality
jobs with a high rate of destruction, resulting unstable employment trajectories and
repeated spells of unemployment (B6heim and T&002; Stewart 2007). However, there is
more scope to discriminate against the unemplaygetiiods of growth when unemployment
is low, while discrimination is harder in period$ recession when most job seekers are
unemployed. Also high-quality workers may lose theb during recessions, raising the
average quality of unemployed job seekers. If soewgect differences between employed
and unemployed job seekers to fall, and competitemveen them to increase, in periods of
recession. If only employed job seekers with thghest probability of finding a job search
during a recession, the average quality of emplggkdeekers will increase, and differences
between employed and unemployed job seekers wilsigieover the business cycle.

Employed and unemployed job seekers will then ndirectly compete with each other.

[I. DATA
We use data from the LFS and the BHPS, each ofhwéwe strengths and weaknesses. In
particular, the LFS collects detailed informatiom job search behaviour by the employed
and unemployed, while the BHPS is a panel dathsg¢tcbllects information on employment
histories.
The LFS is a nationally representative householdesuwhich collects data on a large
number of individual and household characteristiosussing in particular on employment
status, education, and job characteristics. Itheen collected annually from 1984 to 1991
and quarterly since 1992We use data up to the fourth quarter of 2009. &thentage of the

LFS is that it asks questions on job search to leotpbloyed and unemployed respondents.

3 Although LFS data were collected biannually betw2875 and 1983, we use only data from 1984 onwasds
prior to 1984 unemployment was not defined accardinthe ILO standard.
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This allows us to compare observed characterisfieanmployees who do and do not search
for a new job, as well as of employed and unempulojd seekers. Although there are
comparability issues between the annual and qlartta, the questions on job search
activities were similar over time. However, fewestalls about the type of job sought were
asked before 1992.

We define job seekers in the LFS as those whoar@ Jooking for paid employment;
(2) have looked for work in the last four weeksd §8) mention at least one method of job
search. We focus on men and women of working a§e54/64) who are either employed or
unemployed. The self-employed, people in governnteihing programs, unpaid family
workers and inactive people (about 6% of all jobkses), and the small proportion (less than
1%) of unemployed people who do not satisfy thedhconditions are excluded from our
analysis. The quarterly LFS data have a rotatingepatructure in which people are
interviewed for up to five successive quarters.avoid repeated observations per individual,
in most models we only use data from the firstrivieav within the quarterly panel structure
(to avoid problems of attrition); the exceptionnsmodels analysing the determinants of on-
the-job search for which we only use data fromfiftle interview (when questions are asked
on wages).

The BHPS is a nationally representative panel afskbolds living in the UK, in
which each household member is interviewed annuale survey started in 1991 and the
most recent wave available to date refers to 2QQif.BHPS analysis also focuses on people
of working age (16-59/64) who are employed or ureygul. The BHPS has two advantages
over the LFS. Firstly it collects job and employrmdnstories, allowing us to identify
differences in previous employment experiences eéetwemployed and unemployed job
seekers. It collects retrospective information ab jand (un)employment spells that
individuals experience between two waves of datar(dhe previous 12 months). We use
this to identify previous changes in occupation am&mployment and inactivity spells.
Secondly it is a panel dataset, allowing us to astdor unobserved differences across
individuals in estimation. Although it includesade quantity of information on individual,
household and job characteristics, like many dédatbe BHPS collects data on job search
activity only from people who are currently unemyd.

As we do not directly observe job search amongethployed in the BHPS, we use
information in the quarterly LFS to construct a rabdf job search which we use to predict
job search among employees in the BHPS. This stép uses job characteristics that are

available — and comparable — in both datasets. eBurwages are likely to be key
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determinants of engaging in on-the-job search hisdg only available in the LFS from 1993

onwards. Therefore this part of our analysis isrieted to the period 1993-2007.

[ll. DESCRIPTIVE STATISTICS

Figure 1 shows the proportion of employees in th& lwho are looking for a job. The right

panel shows the quarterly data, and the left shbesnnual series, in which the 1992-2009
quarters are aggregated by calendar year. In a gi®ar or quarter, between 5% and 7% of
employees engage in on-the-job search, consistghtRissarides and Wadsworth (1994).
This proportion remains stable over time, and igsiation does not coincide with the

business cycle. This casts doubt on the commonrgsgn that on-the-job search increases
in periods of growth and falls in a recession (Mardf and Smith 1999; Anderson and

Burgess 2000).

FIGURE 1 ABOUT HERE

Figure 2 shows the proportion of job seekers wleeamployed. This varies from
30% to more than 50% and more clearly follows \taomes in the business cycle: a larger
proportion of job seekers are employed in periodgrowth. As Figure 1 suggests that the
proportion of employed people engaging in on-thegearch varies little over time, changes
in the proportion of job seekers who are employed mostly due to changes in

unemployment.

FIGURE 2 ABOUT HERE

Table 1 summarises job search status of LFS relgme. The quarterly and annual
series are broadly consistent and show that bet®g&emand 7% of employed workers look
for a job, with no difference between men and womEme quarterly series (top panel)
suggests that most job seekers are either unentptmyemployed looking for a new — rather
than additional — job. Women are more likely thaennio look for an additional job. While
among men the majority of job seekers are unemglogmong women most are employed.
The longer time series in the bottom panel shoveds the majority of job seekers are

unemployed, particularly among men.

TABLE 1 ABOUT HERE

6



Table 2 shows clear differences between typeskokgekers in terms of preferences
over working hours. 84% of employed job seekerkilap for a new job prefer a full-time
job, while 75% of prefer a part-time one. Among tmemployed, 25% prefer a part-time

job, 57% prefer a full-time job, while 18% are ifidient between the two.

TABLE 2 ABOUT HERE

Job seekers also differ in terms of the main jeréh method used. Responding to
advertisements is the main method of 65% of emplggb seekers looking for a new job,
52% of employed job seekers looking for an addélgab, and 45% of unemployed people.
A larger proportion of unemployed than employed gelekers use job centres, career offices,
and job clubs (34% compared with 15%). Direct apphoto employers is used by 8% and
14% of employed job seekers looking for a new additenal job respectively; similar
proportions ask friends or relatives. Among themployed, about 10% directly approach
employers, while fewer than 9% ask friends or et

TABLE 3 ABOUT HERE

These descriptives suggest differences betweenogegbland unemployed job seekers in
terms of the type o job sought and search methsdd,uvhich we now investigate more

rigorously.

I\VV. MODELLING STRATEGY

Our estimation strategy involves six distinct stefise first examines factors associated with
employees engaging in on-the-job search, whilesdo®nd examines factors associated with
being an employed rather than an unemployed jokesedén the third step we examine
whether employed and unemployed job seekers lookh& same types of job (part- or full-
time), and use the same main method of search.eThexlels are estimated using the
guarterly series of the LFS from 1992 to 2009.

We then analyse whether differences in observati@racteristics between
unemployed and employed job seekers persist aftéralling for employment histories and
unobserved individual-specific characteristics, ahhinvolves the combination of the BHPS

and LFS. Therefore the fourth step is to identip jseekers in the BHPS from models
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estimated using LFS data, and the fifth is to Us® information to model the employment

status of job seekers incorporating employmenbhies and unobserved individual-specific

characteristics. Finally, the sixth step is to lelssh whether or not these patterns vary over
the business cycle by combining the annual andtieyatFS.

WHO SEARCHES ON THE JOB

We first examine factors associated with employs®gmging in on-the-job search. Pissarides
(1994) suggests that workers who engage in ondhesg¢arch are in worse jobs, with lower
wages and less permanent positions than those whood search. If so then differences

between employed and unemployed job seekers doneatly reflect differences between

employed and unemployed people in general. To aadlye determinants of searching on-
the-job we use a multinomial probit model condiiban being employed. We model, via the

latent variableyrt, the probability of employees being in one of éhrautually exclusive

stateg: 0 = not searching; 1 = searching for a new job;s2arching for an additional job:
Vit = X Bij +W By + B3 NE; + B4 PE; + ¢ S
where &; are ii.d. and follow a multivariate normal dibwition. The probability of

observing individual in stateq is the probability thayi,> y;; for each # .

Explanatory variables include both individuaX)( and job W) characteristics.
Individual characteristics include age, househaidcsure and education. Job characteristics
include employment type (temporary or permaner@yias (private or public), occupation,
job tenure, wages and hours worked. The modelsiatdade two variables aggregated at the
regional levef the quarterly change in the number of employeehérregion KE;), and the
proportion of job seekers that are employed ingbarter and regionPg;). These capture
local labour market conditions which we expectiftuence the decision to engage in on-the-

job search. Region, year and quarter identifieesadso included.

DIFFERENCES BETWEEN EMPLOYED AND UNEMPLOYED JOB SEEKERS

We analyse factors associated with being an emglog#her than an unemployed job seeker
using a multinomial probit model conditional on is¥a We model the probability that the
job seeker is in one of three mutually exclusiatesj: 1 = employed looking for a new job;

* Regional variations are important, Robson (20Qiggssts that regional differences in the outfloandr
unemployment are mostly due to differences in tative competitiveness of unemployed job seekattser
than in regional variations in hirings.



2 = employed looking for an additional job; 3 = or@oyed looking for a job; via the latent
variable zi*t ;
Zi*t = Xi'alj +aj NEj +j; ()

where¢; are i.i.d. and follow a multivariate normal distition. The probability of observing
individual i in statusq is the probability that, > z; for eachj # g. Explanatory variables
include individual characteristics and the quayteHange in the number of employees in the

region®

PREFERENCES AND SEARCH BEHAVIOUR OF EMPLOYED AND UNEMPLOYED JOB SEEKERS

If employed and unemployed job seekers have diiteiab preferences they are unlikely to
directly compete for the same jobs. We investigatether they have similar preferences in
terms of working hours using a multinomial probioael in which the dependent variable
distinguishes between three states: 1 = prefertarca full-time job, 2 = preference for a

part-time job, or 3 = no preference, via the latertable p;} :

Pit = Xiyaj +¥2NJj +y3jAJ; +1 ®)
wherey;; are i.i.d. and follow a multivariate normal distition. The probability of observing
individual i having preference is the probability thapq > p;j for eachj # g. Explanatory
variables include the individual characteristici#fddences between job seekers are captured
using variables identifying whether a responder@nigployed looking for a new jolN{;) or
employed looking for an additional joB.J), with unemployed being the reference group.

A similar model is used to identify whether emmdyand unemployed job seekers
use the same search methods. If they use diffenetitods which have different levels of
effectiveness, those using the least effective atethill be disadvantaged in their job search.
Alternatively, if different types of jobs are adtised using different methods, the choice of
search method might be related to the type of jobhgkt. Our dependent variable
distinguishes between five search methods: 1 = gehtre, careers office or private
employment agency; 2 = direct approach to emplgoy8rss ask friends and relatives;

4 = do anything else; with 5 = advertising and asrévg adverts in newspapers etc. as the

reference group. This is modelled via the latent varial:rtq% :

® Since we are not interested in the outcome o$étaech, search intensity is not relevant in thigext.
® Using the internet to search for a job is not ohghe possible options. It is likely that peopiging the
internet classify this as ‘advertising and answgadverts in newspapers’ or in the group ‘do amglelse’.

9



My = X; 33 + S NJ; +J3j AJj + 44 @

wherey;; are i.i.d. and follow a multivariate normal distition. The probability of observing
individual i using search methaglis the probability thatnq>m; for each # q.

IDENTIFYING EMPLOYED JOB SEEKERS IN THBHPS

We next incorporate employment histories and imtligd-specific unobserved effects into
our analysis using BHPS data. Employed job seekersiot directly identified in the BHPS.
Therefore we predict who among employed BHPS redgais are most likely to engage in
on-the-job search using models estimated on LF& fdatn 1993 to 2009. Given the random,
nationally representative nature of both data setseems reasonable to assume that the
relationship between on-the-job search and job atheristics estimated using the LFS
sample can also be applied to respondents in tHeBshmple. We estimate a probit model
for engaging in on-the-job search similar to edquat(l) using the LFS sample. The
dependent variable distinguishes between employsaple not searching and employed
people searching for a new job. Explanatory vaestihat are available and comparable in
both datasets include whether the job is tempogast;time, in the public sector, occupation
dummies, job tenure, weekly earnings, and hoursvark.” The model also includes the
proportion of job seekers who are employed by @uaahd region to capture local labour
market conditions. Region, year and quarter idiemsifare also included.

We use estimates from this model to predict thebability that each employed
respondent in the BHPS engages in on-the-job seasishown in Figure 1, about 6% of
employees engage in on-the-job search and thiesdiitle over the business cycle.
Therefore for each year we identify employed jokekses in the BHPS as those 6% of
respondents with the highest probability of engggmon-the-job search.

THE IMPACT OF EMPLOYMENT HISTORIES ON JOB SEARCH

Having identified the group of employed job seekierdhe BHPS, we next examine the
impact of past employment histories on the prolitsdof being an unemployed rather than an
employed job seeker. We account for individual wsobed heterogeneity by estimating a
random effects logit model, and relax the typicand restrictive) assumption of

independence between observed characteristics anbiservables by including within-

" Sensitivity analyses show that excluding individeaaracteristics from the model does not reduse it
predictive power. While job tenure is likely to brdogenous, we use this purely to identify BHP$ardents
most likely to engage in on-the-job rather thardantify causal effects.
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individual means of the time-varying covariates (Mdlak 1978). We model the probability
that the job seeker is unemploygd(Q) rather than employed £ 0) at timet via the latent

variabIeUi*t :
Uit = Xt B+X y+Uj +Vig ®)
whereUi*t denotes the unobservable propensity for the jekeseto be unemployed at tirhe

andx is a vector of observable characteristics thaudnfceurt . A job seeker is observed in

unemployment when his/her propensity to be unengaldg greater than zerog refers to
the vector of individual means of time-varying cosges over time,u; denotes the

individual-specific unobservable effects an$ a random error, which is i.i.d. and follows a

logistic distribution. Explanatory variables ir include age, household structure and
education, region and year identifiers, plus a cfevvariables summarising the previous

(un)employment and job history of the job seekdrese capture whether or not the job
seeker had an unemployment or inactivity spellh@ previous 12 months (distinguishing

between spells that were shorter and longer thano8ths), variables capturing earlier

unemployment or inactivity spells that lasted lanigan three months; and recent and earlier
occupational change.

We identify BHPS respondents engaging in on-tegearch with error. At the
extreme none of the employees we identify as j@kess will engage in on-the-job search,
and our models would compare employment historiesmployed and unemployed people.
Therefore differences between employed and uneragdigyb seekers may be overestimated
if employed job seekers are more similar than thegpleyed who do not search to
unemployed people. We check the robustness of eswlts to different definitions of
employed job seekers, one of which identifies jebkers within the BHPS as people who
move from job to job within the following 12 monthgthout an intervening employment
interruption (and who therefore must have engagesthme form of on-the-job search).

DIFFERENCES OVER THE BUSINESS CYCLE

Finally, to estimate whether differences betweepleged and unemployed job seekers vary
over the business cycle, we combine the annualthedquarterly series of the LFS by

grouping the quarterly data into years and keepimg observation per individual. We then

re-estimate equations (2) and (4) separately foiroge when unemployment rates were

increasing and decreasing. This allows us to iflenthether the unemployment stock is
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more similar to that of employed job seekers innecoic downtowns than in periods of
economic growth. Periods of increasing unemploynmeeitide 1984, 1991, 1992, 1993, and
the years between 2005 and 2009; all other yeaschassified as periods of falling
unemployment.Model specifications differ slightly from thosesweibed previously because

of inconsistencies over time in data availability.

V. EMPIRICAL RESULTS
DETERMINANTS OF ONTHE-JOB SEARCH
Table 4 presents results from models of the deteants of being an employed job seeker
(equation (1)), estimated separately for men ancthevousing LFS data from 1993-2009.
Consistent with the literature, the probability efigaging in on-the-job search falls with
wages and job tenure. Earning £10 more per hoass®ciated with a reduction of two
percentage points in the probability of engagingirthe-job search. Ten more years of job
tenure reduces the probability by three percenpagats for men and two percentage points
for women. On-the-job search is also more likelyoam older workers (although this
relationship is non-linear). Married women are tparcentage points less likely than single
women to look for a new job, and 0.4 percentagatpdess likely to look for an additional
job, but marriage reduces these probabilities By 6rb and 0.08 percentage points for men.
Dependent children reduce on-the-job search byt fomlwomen. For both men and women,
the probability of looking for a new (but not andétnal) job increases with education.

TABLE 4 ABOUT HERE

Having a temporary job increases the probabilitipoking for a new job by between
four and five percentage points, while men in piane jobs are more likely than those in
full-time jobs to look for a new or additional jofhis suggests that the part-time job is

unsatisfactory in terms of labour supply prefershcnd is consistent with non-standard

8 We also estimated the models separately for penigth high or low — rather than increasing or éasing —
unemployment. If we use as a threshold an unempoy rate of 7%, then we classify the years betvi©&3

and 2008 as periods of low unemployment, and &lrégmaining years (from 1984 to 1997, plus 2009) as
periods of high unemployment. The results are ansitive to such changes in the definition of besincycles.

It can also be argued that the most recent regessiessentially different from previous ones ds the first in
which the UK has a flexible labour market. We hasimated the models using the quarterly data, and
excluding previous recessions. Here the periodesfehsing unemployment runs from the first quaotet994

to the second quarter of 2005, while the periothofeasing unemployment runs from the third quasfe2005

to the most recent quarter. Again, the estimateglession coefficients change only marginally fromose
presented.
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forms of employment such as part-time and tempgodry being ‘bad’ jobs (McGovern et al.
2004). Workers may accept part-time jobs to esaapemployment, even though they
preferred a full-time joBS.

Public sector employees are less likely than thogée private sector to look for a
new job but more likely to look for an additionabj Working more hours is associated with
a lower probability of looking for an additionalgaand, for women, a higher probability of
looking for a new job. The probability of on-thedjosearch is independent of total
employment, although more (fewer) men look for avn@dditional) job when a larger
proportion of job seekers are employed.

These results suggest that, consistent with thesoykers engaging in on-the-job
search are in worse jobs than those not searchivey have lower wages and are more likely
to be in temporary or part-time wotk.

FACTORS ASSOCIATED WITH THE EMPLOYMENT STATUS OF JOB SEEKERS

Table 5 presents estimates of factors associatéld vding an employed rather than an
unemployed job seeker (equation (2)). The reshidsvsthat the unemployed are on average
younger than employed job seekers looking for a jody although the relationship is non-
linear. The probability of being an employed rattitean an unemployed job seeker is higher
if married (by 18 percentage points for men andeBcentage points for women), and
increases with education (by up to 40 percentag@g)o The latter is consistent with studies
of recruitment behaviour, which find that one of tieasons why the unemployed do not get a
particular job is that they do not meet the jobuisgments in terms of qualification and
experience levels (e.g. Gorter et al. 1993; Behr20@l). Dependent children reduce the
probability of being an employed job seeker by Eicpntage points for women. These
factors have a larger impact on the probabilitypeing an employee searching for a new
rather than an additional job relative to being mplyed. In terms of education, for
example, men with the highest levels of educatibtv@ level 4 and above) are 39
percentage points more likely to be employed armkifg for a new job rather than

° Descriptive statistics from the LFS are consisteitt this: 18% of unemployed people who were logikior a
full-time job accepted a part-time job, while 12%tloose looking for a part-time job accepted a-fuie job.
Less than 10% of job-to-job movers were lookingftdi-time work but accepted a part-time job, whilg% of
those looking for a part-time job accepted a funid job.

19 Results in Table 4 are robust to changes in mspletification. For example excluding job tenure iGhihis
potentially endogenous) has only a small impacthenestimated coefficients. Using a one quarterofathe
proportion of job seekers who are employed, or wholy the variable altogether, has no impact on the
estimates.
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unemployed than those with no qualifications, amn@n 36 percentage points more likely.
However they are just one percentage point morelyliko be employees looking for an

additional job rather than unemployed.

TABLE 5 ABOUT HERE

PREFERENCES IN WORKING HOURS
Table 6 presents results from modelling the immddbeing an employed and unemployed
job seeker on preferences over working hours (émugB)). Since education has a large
impact on the employment status of job seekers, esgmate models of work hour
preferences (and of search methods used) sepatatebducation. For brevity, we only
present the marginal effects on the variablestefast, which identify the type of job seeker.
The estimated effects are similar across levelsdoication. Employees looking for a
new job have a strong preference for full-time jobach men are between 13 and 19
percentage points more likely than unemployed merprefer a full-time job (25-30
percentage points among women). In contrast emefoj@oking for an additional job are
more likely than unemployed job seekers to prefpam-time job, and less likely to prefer a
full-time job. Being unemployed increases the plolitgt of having no preference between
part- and full-time jobs (the reference categowhich suggests that the unemployed may be
more likely than employees to apply for and accead’ jobs, and therefore not be in direct

competition*
TABLE 6 ABOUT HERE

Descriptive statistics on job-to-job transitionsrfr the LFS provide further support
for this conclusion. The unemployed are more likhgn job-to-job movers to enter a
temporary or a part-time job (34% for a temporangd @1% for a part-time job compared
with 23% and 20%). They are also more likely toagein on-the-job search in the new job
(15% compared with 8.5%). This is in line with Boat al. (2002) who find that, though

undesirable, temporary jobs are stepping stonbstter jobs.

1 We have investigated if these differences var\ingth of search. Adding interaction terms betwsearch
duration and the type of job seeker shows no gbadtern. (These results are available from the aaston
request.) This is cross-sectional data and so weuaable to disentangle whether differences betvpeople
who search for different lengths of time are dueattaptation to circumstances or are the resultsetff
selection.
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DIFFERENCES IN JOB SEARCH METHODS
Table 7 shows the impact of being an employed raten unemployed job seeker on the
main search method used, again estimated sepabgtelgucation level. Results indicate that
employed job seekers are less likely than the ut@reg to use job centres, career offices or
job clubs. However these differences are smallenfore highly educated job seekers (with
at least NVQ Level 4) than for less educated jadkses (10 percentage points for men and
women with the highest education compared to 3@gmtage points for men and 15-20
percentage points for women with no education). Agbighly educated job seekers, the
employed looking for an additional job are moreehkthan the unemployed to directly
approach potential employers, ask friends andivelstand do ‘anything else’. Although we
have no information on search intensity, this sstggéhat unemployed people rely more on
employment agencies and formal job search chamatisr than engaging in proactive job
search behaviour.

These estimates also suggest that differencesaitls methods used by employed and
unemployed job seekers are smaller for women tleamten, thus indicating that direct

competition between employed and unemployed jokessas higher for women than men.
TABLE 7 ABOUT HERE

INTRODUCING EMPLOYMENT HISTORIES AND UNOBSERVED INDIVIDUAESPECIFIC EFFECTS

We now extend the analysis to introduce previoupleyment experiences and unobserved
individual-specific effects. The first stage isidientify employed job seekers in the BHPS by
estimating models of on-the-job search using LFS$adand applying the estimated

coefficients to BHPS respondents. The impact of gblaracteristics on the probability of

engaging in on the-job search, estimated usingL#®, is shown in Table 8. These are

largely consistent with those in Table 4, and fi@vity are not discussed here.
TABLE 8 ABOUT HERE

We use these estimated coefficients to predict vamoong employed BHPS

respondents are most likely to engage in on-thes@érch. The individual probability of

2 The only notable difference between Tables 4 aiwdtiat the impact of part-time shifts from positito zero
for men and from zero to negative for women.
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engaging in on-the-job search varies over time,amby because of potential changes in the
characteristics of the job but also because ofntlaeroeconomic climate captured in the
model by year and quarter identifiers and the priqo of job seekers who are employed by
quarter and region.

The predicted probabilities of BHPS respondentggimg in on-the-job search range
from almost zero to a maximum of 27%, with a medan4.5% (Figure 3). Such low
predicted probabilities are not surprising, giveattthe LFS data indicate that only 6% of
employed people engage in on-the-job search. Fdr y@ar of BHPS data we rank men and
women according to their predicted probability afify an employed job seeker, and
categorise as employed job seekers the 6% of emgbowith the highest probability. Hence
the threshold probability used to identify employeld seekers varies by year, and ranges
from 8% to 11%. Table 9 shows how the thresholubability varies over time, and the

corresponding BHPS sample sizes.

FIGURE3 ABOUT HERE

TABLE 9 ABOUT HERE

Table 10 compares individual characteristics ofplelyees searching and not
searching in the LFS with employees in the BHPS tha define as searching and not
searching. For comparison the characteristics ef uhemployed in the BHPS are also
included. The average characteristics of men antiemoidentified as employed job seekers
and non-seekers in the two surveys are similar.gxample employed job seekers are on
average younger than non-seekers and are lesy likdbe married. They are also better
educated. Table 10 also indicates that in the BE&8ple unemployed people have lower

levels of education than employed people; thispeeially true for men.
TABLE 10ABOUT HERE
In this table we also make an initial comparisoin ppevious experiences of
unemployment and economic inactivity between emgiognd unemployed job seekers and

employed people who do not engage in on-the-jolbckeasing BHPS data. This indicates
that employed job seekers are more likely to haymeeenced unemployment or inactivity
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spells in the previous 12 months; these spells hs@been longéf. Employed job seekers
are also more likely to have had occupational charg the past, perhaps indicating a less
stable employment trajectory. The unemployed areeniixely than the others to have
experienced earlier unemployment spells, and ldsdylto have experienced previous
occupational changes, and have employment histthisare between those of employed
people not searching and employed people searéiregnew job.

To analyse the role played by unobserved individoeterogeneity and past
employment histories in shaping differences betweraployed and unemployed job seekers,
we initially estimate a logit model pooling obsdrgas over the years. Table 11 presents
odds ratios, so that an estimated effect of less tfimore than) one indicates that the
characteristics reduces (increases) the probalmfitpa job seeker being unemployed. The
results, shown in column (i), are consistent withi previous analysis. Married people are
less likely than single people to be unemployedheratthan employed job seekers. The
probability of being an unemployed rather than epedl job seeker is lower for the more
highly educated.

The results of random effect logit models whichcarporate time-invariant
unobserved effects are shown in column (ii). Althlogome of the individual characteristics
(such as age and marital status) lose their exfangower, the impact of the level of
education remains statistically significant. Theref education affects the probability of
being an unemployed rather than employed job semkar when accounting for unobserved
individual characteristics. This could be relatedtiie lower probability of highly qualified
people experiencing unemployment. We examine theoiumn (iii), which adds information
on employment histories. However the estimatesheneducation variables in column (iii)
are very similar to those in column (i), indicaithat the impact of education is not related
to differences in employment histories of peopl¢hwdifferent educational outcomes. It is
clear that education still plays a statisticallgrel economically — significant role.

The coefficients on the previous labour marketegigmce variables show that past
experiences of unemployment reduce the probabiiay the job seeker is unemployed rather
than employed: those who had an unemployment spelhe past are more likely to be
currently employed and seeking a new job. Thiissistent with the idea that there is some
turnover in unemployment: the unemployed are abléntd a job, but then keep searching
while in the new job. Those who did not experieanemployment are likely to be employed

13 Although note that the unemployed here includesnall proportion of long-term unemployed, who canno
have had another recent spell of unemploymentamamic inactivity.
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people who are not searching (see also below)tdlfle also shows that — at least for women
— the impact on the status of job seekers of long@mployment spells is larger than the
impact of shorter unemployment spells, and thdiezaspells are less important than recent
ones. A recent inactivity spell increases the pbdlg that a male job seeker is unemployed
rather than employed. This may indicate that mervenfsom economic inactivity into
unemployment and then from unemployment into a Xlal in which they keep searching
for a new (good) job. Once again, longer spellseharger impacts than shorter spells.
Earlier spells of inactivity have negative effeftis both men and women: people who had an
inactivity spell more than one year ago are mdeyito be employed job seekers rather than
unemployed job seekers. For men, recent occupdtabr@mges increase the probability that
the job seeker is unemployed rather than emplayed, suggesting and unstable career path,

while previous occupational changes are not sigi$ significant’*

TABLE 11 ABOUT HERE

SENSITIVITY CHECKS

The validity of our results relies crucially on oability to accurately identify employed
people in the BHPS who engage in on-the-job sedaiture to do so results in models that
simply compare the unemployed with the employed.réisustness checks, we compare
results using different strategies to identify be-job search, shown in Table 12. For
comparison, the first two columns report estimdtem the last two columns of Table 11,
where employed job seekers are defined as the &mpfoyed people in the BHPS with the
highest probability of engaging in on-the-job séarthe remaining columns of the table
present results from first changing the threshobdnf6% to 15% (column (ii)); and secondly
of moving the threshold from 15% to 100% and conmggarll employed people to the
unemployed (column (iii)).

A comparison of the estimates across columns itecghat the coefficients on
individual characteristics do change, and some gtatistical significance in column (iii).
The impact of qualifications changes little whenving from column (i) to column (ii), but
becomes much smaller in column (iii). Hence thdedénces identified in column (i) and

discussed previously are genuine differences betwaemployed and employed job seekers

14 As education is a key factor determining whethr job seeker is unemployed or employed, we have re
estimated the models separately by qualificatimelleResults confirm the main findings of Table Ebr all
qualification levels previous unemployment sigrafitly reduces the probability of being an unempibjab
seeker, recent inactivity increases it, while eailactivity reduces it.
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(rather than between employed and unemployed pgopleggesting that employees

searching for a new job are more similar to uneryguigpeople than to employees who do not
search. For example, they might have higher riskosihg their job and have low chances to
find a ‘good’ job (and therefore to become employed searching). Also the impacts of

previous unemployment spells are smaller when wegenfimom column (i) to column (iii),

while the effect of inactivity remains.

TABLE 12 ABOUT HERE

It seems reasonable to assume that employed petplenove between jobs without
any intervening spell of non-employment were sdagtwhile in their previous job. An
alternative way to identify employed job seekertherefore to use job-to-job moves with no
intervening non-employment. Although job-to-job nesvcan be identified from the BHPS,
this only identifies those who are successful ieirttsearch (i.e. people who subsequently
experience a job-to-job move). This may be a higldiected group of all employees who
engage in on-the-job search. The models compatingessful employed job seekers to the
unemployed are in column (iv) of Table 12, andrggults are more consistent with those in
column (iii) than those in columns (i) and (ii). &tonly difference is in the role of
occupational changes, which increase the probglafitmoving from job-to-job relative to
being unemployed. Generally however the similasityhe estimates in columns (iii) and (iv)
suggests that job-to-job moves are not a good wagtentify employed people engaging in

on-the-job search; at least when interviews areyaae apart.

DIFFERENCES OVER THE BUSINESS CYCLE
Our final contribution is to use the combined anraral quarterly LFS to examine whether
differences between employed and unemployed jokesgevary over the business cycle.
Table 13 presents estimates from probit models eoimg individual characteristics of
employed and unemployed job seekers, where thendepe variable takes the value one if
the job seeker is employed and zero if unemployable 14 presents estimates from models
of search method used. These are estimated favtibke period (1984-2009), and separately
for the sub-periods of increasing and decreasimghoyment.

The results in Table 13 are consistent with theseg quarterly data in Table 5. The
probability of being an employed rather than unewetl job seeker increases with age (at a

declining rate), with education and with marriagdthough the effect is not statistically
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significant for women). Job seekers with no quedifions are more likely to be unemployed
rather than employed. This again confirms the loegrde of substitution between
unemployed and employed job seekers. Although estisnsuggest that differences between
employed and unemployed job seekers in terms otatoun are smaller in periods of

increasing than in periods of decreasing unemploynteese are marginal.

TABLE 13 ABOUT HERE

In terms of job search methods used, the resulf@ble 14 are consistent with those
using the quarterly data (Table 7). Employees logKor a new job are more likely than the
unemployed to answer advertisements in newspapersamd do anything else, and less
likely to use all other methods. Estimates do viaryperiods of decreasing and increasing
unemployment — differences between employed andnployed job seekers in search
method used are generally lower in periods of msireg than falling unemployment.

However such differences are small.

TABLE 14 ABOUT HERE

Results suggest that differences between emplapddunemployed job seekers are
marginally smaller during recessions but they rensaatistically significant. The persistence
in differences over the business cycle suggeststtiealow degree of substitution between
employed and unemployed of job seekers does noigehaith economic conditions or with

the stock of unemploye@.

VI. CONCLUSIONS
We use the data from the LFS from 1984 to 2009 famoh the BHPS 1991 to 2007 to
analyse the extent to which employed and unemplgyledseekers have similar individual
characteristics (including employment historieggferences over working hours, and job

> The comparison of consecutive quarters in the kEgests that the proportion of employees who start
searching is similar in periods of growth and retms However in periods of recession fewer empsystop
searching (e.g. because they found a better joig, ealarger proportion keep searching in both qusurt
Similarly in periods of recession a smaller projooriof the unemployed move into work (from whichetogage

in on-the-job search) while a larger proportion a@m unemployed. If only the best candidates firmligable
job, we can conclude that the average quality opleped and unemployed job seekers changes in tie sa
direction. Both in periods of growth and recessittie, unemployed are in a different market and foeeedo

not compete with employed job seekers.
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search strategies. The job search literature stgydbat competition with employed job
seekers reduces the job opportunities availablheounemployed, and assumes that both
have similar individual characteristics and applyite same jobs.

Our initial analysis suggests that employed jokekses are in worse jobs than
employees who do not search. There is some ewddrat the unemployed apply to and
accept different (worse) jobs than employed jolkeex but then keep searching for better
opportunities once employed. We also find signiftodifferences in the characteristics of job
seekers. For example, the more highly educatechach more likely to be employed rather
than unemployed job seekers (even when accountngnflividual-specific unobserved
effects) and, conditional on the level of educatiemployed and unemployed job seekers
also have different preferences in terms of workiogrs. Employees looking for a new job
have much stronger preferences toward full-time jihfan the unemployed. This is consistent
with the unemployed having lower expectations mmteof job sought than employees, and
suggests that employed and unemployed job seekensnéikely to be close substitutes and
to apply to similar jobs. Employed and unemployel seekers also use different search
methods. These differences do not change subshaiovar the business cycle.

Employed and unemployed job seekers also haveeiffemployment histories. Our
results suggest that the unemployed transit irdd"pbs from which they keep looking for a
‘good’ job. Employed job seekers might have acapod offers which were not ideal in
order to exit unemployment, and are likely to erggagon-the-job search when in the new
job. However, job seekers who search for a newajsb seem to be in unstable jobs, with
few chances to find a ‘good’ job and therefore topssearching. Such people might be
locked in a sequence of unemployment and bad hsw-pay no-pay cycle), while others,
with comparatively worse individual characteristicgght never find a job at all.

Contrary to what often assumed in the literature find evidence that employed and
unemployed job seekers are systematically diffeaadtunlikely to be directly in competition
with each other. As a result, job search activittissemployees are unlikely to affect
unemployed job seekers.
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TABLES AND FIGURES

TABLE 1
PROPORTION OF PEOPLE SEARCHING FOR A JOEFS 1984-20091992-2009
Quarterly Data (1992-2009) Men Women
Employed not searching 93.68 93.54
Employed searching new job 5.98 4254 5.78 47.63
Employed searching additional job 0.33 2.38 0.67 5.56
Unemployed searching 55.08 46.81
Total 100 100 100 100
Annual Data (1984-2009)
Employed not searching 94.09 93.67
Employed searching a job 591 40.49 6.33 48.03
Unemployed searching 59.51 51.97
Total 100 100 100 100
“Others” are self-employed, people in governmeaining programmes or unpaid family workers
TABLE 2
PREFERENCES OVER WORKING HOURS BY EMPLOYMENT STATUBFS 1992—-2009
Employed Employed
Preference for: looking for new job  looking for additional job Unemployed  Total
Full-time (%) 83.71 17.95 56.73 66.26
Part-time (%) 12.1 74.46 24.85 21.73
No preference (%) 4.2 7.59 18.42 12.01
Observations 35,028 3,728 45,235 83,991
Total 100 100 100 100
TABLE 3
JOB SEARCH METHODS BY EMPLOYMENT STATUSLFS 1992-2009
Employed Employed
looking for ~ looking for ~ Unemployed Total
Job search method: new job  additional job
Job centre, careers office, job club 14.05 15.69 33.53 24.61
Advertising, answering ads in newspapers 65.24 52.00 44,77 53.63
Direct approach to employers 7.80 13.78 10.27 9.4
Ask friends and relatives 7.89 13.73 8.79 8.64
Do anything else 5.01 4.8 2.65 3.73
Total 35,030 3,729 45,240 83,999
100 100 100 100
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TABLE 4

DETERMINANTS OF ONTHE-JOB SEARCH LFS1993-2009

Men Women
Reference: Employed Employed Employed Employed
Employed not searching searching searching searching searching
new job additional new job additional
job job
Age 0.0060 0.0004 0.0035 0.0001
(12.74) (3.64) (6.44) (0.35)
Age square -0.0001 -0.0000 -0.0001 0.0000
(-14.20) (-4.05) (-7.69) (-0.78)
Married/cohabiting -0.0046 -0.0008 -0.0196 -0.0036
(-2.77) (-2.15) (-11.80) (-6.59)
Whether dependent children -0.0014 -0.0006 -0.0031 -0.0013
(-0.86) (-1.89) (-1.86) (-2.19)
NVQ level 4 and above 0.0496 0.0004 0.0503 0.0001
(13.23) (0.53) (13.40) (0.13)
NVQ level 3 0.0252 0.0004 0.0311 0.0004
(7.07) (0.51) (8.42) (0.33)
NVQ level 2 and below 0.0235 0.0002 0.0239 -0.0013
(6.69) (0.23) (6.73) (-1.30)
Other qualifications 0.0153 0.0009 0.0190 -0.0008
(4.24) (1.16) (4.86) (-0.70)
Job temporary 0.0488 0.0004 0.0431 0.0022
(17.75) (0.89) (16.55) (3.01)
Part-time 0.0201 0.0044 0.0006 0.0024
(4.92) (6.85) (0.25) (2.60)
Gross hourly wage -0.0020 -0.0002 -0.0020 -0.0001
(-10.74) (-2.89) (-9.45) (-0.80)
Job tenure -0.0031 -0.0002 -0.0020 -0.0003
(-10.67) (-2.80) (-5.64) (-2.26)
Job tenure square 0.0000 0.0000 0.0000 0.0000
(0.84) (1.09) (0.37) (0.65)
Public sector -0.0036 0.0009 -0.0040 0.0013
(-1.91) (2.35) (-2.40) (2.45)
Usual hours 0.0001 -0.0001 0.0005 -0.0002
(-1.17) (-3.72) (4.42) (-6.09)
Quarter-to-quarter change in
the number of employees in the
region -0.0137 -0.0068 -0.0760 -0.0261
(-0.20) (-0.42) (-0.90) (-1.07)
Proportion job seekers who are
employed (%) 0.0009 -0.0001 0.0003 0.0000
(3.63) (-2.15) (1.23) (0.28)
Log likelihood -26921 -22217
Observations 122,707 97,336

Marginal effects of a multinomial probit model;tats in parenthesis; standard errors are clustgrepiarters x
regions. Other explanatory variables: occupatme-(and post- 2000), region, year, and quartenmdies

25



TABLE 5
DIFFERENCES BETWEEN EMPLOYED AND UNEMPLOYED JOB SEEKERS-S1992-2009

Men Women
Base: Unemployed searching job Employed Employed Employed Employed
searching searching searching searching
new job additional new job additional
job job
Age 0.034 -0.001 0.034 -0.002
(31.98) (3.11) (24.13) (-2.38)
Age square -0.000 0.000 -0.000 0.000
(-36.45) (2.48) (-23.81) (2.96)
Married/cohabiting 0.182 0.002 0.077 -0.004
(32.22) (1.11) (13.61) (-1.60)
Whether dependent children -0.038 0.002 -0.146 5.01
(-8.24) (1.40) (-29.61) (6.30)
NVQ level 4 and above 0.389 0.011 0.356 0.010
(59.12) (4.42) (46.68) (2.67)
NVQ level 3 0.274 0.010 0.255 0.016
(38.32) (4.25) (29.20) (3.91)
NVQ level 2 and below 0.221 0.006 0.204 0.006
(32.94) (2.68) (28.43) (1.63)
Other qualifications 0.158 0.008 0.127 0.007
(20.10) (2.92) (14.71) (1.68)
Quarter-to-quarter change in the
number of employees in the region 0.699 0.080 0.843 -0.039
(2.90) (1.13) (3.23) (-0.31)
Log likelihood -32685 -31872
Observations 47,916 39,846

Marginal effects of a multinomial probit model;tats in parenthesis; standard errors are clustgrepiarters x
regions. Other explanatory variables: region, weat quarter dummies.
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TABLE 6

PREFERENCES OVER WORKING HOUR$FS1992—-2009

Base: No preference Looking for Looking for Looking for Looking for
between part- and full time full-time job  part-time job  full -time job  part-time job
NVQ level 4 and above Men (N=9,929) Women (N=9,136)
Employed searching new job 0.126 -0.040 0.228 @.13
(21.45) (-9.02) (27.65) (-15.75)
Employed searching add. job -0.151 0.135 -0.263 1®.3
(-12.412) (19.52) (-11.92) (17.21)
NVQ level 3 Men (N=10,435) Women (N=6,544)
Employed searching new job 0.178 -0.071 0.301 .20
(23.75) (-12.60) (30.98) (-19.24)
Employed searching add. job -0.226 0.201 -0.231 8.2
(-12.82) (18.42) (-9.20) (13.39)
NVQ level 2 and below Men (N=12,649) Women (N=1883
Employed searching new job 0.181 -0.051 0.272 .15
(23.66) (-8.85) (38.80) (-20.52)
Employed searching add. job -0.289 0.283 -0.259 3®.3
(-15.39) (24.60) (-12.03) (16.83)
Other qualifications Men (N=6,709) Women (N=5,231)
Employed searching new job 0.178 -0.040 0.287 D.14
(16.87) (-6.49) (24.53) (-12.07)
Employed searching add. job -0.237 0.215 -0.236 2.3
(-9.66) (18.78) (-7.58) (11.19)
No qualifications Men (N=10,319) Women (N=6,961)
Employed searching new job 0.194 -0.020 0.236 ®.11
(14.82) (-2.95) (18.49) (-8.24)
Employed searching add. job -0.279 0.219 -0.234 98.2
(-9.59) (18.81) (-7.37) (10.01)

Marginal effects of a multinomial probit model;tats in parenthesis; standard errors are clustgrepiarters x
regions. Other explanatory variables: age, dumrfoesmarried/cohabiting, singles, presence of ddpeh
children in the household, region, year and quarter
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TABLE 7
JOB SEARCH METHOQ LFS 1992-2009

Base: Job centre Direct Ask friends Do Job centre Direct Ask friends Do
Advertising and answering Careers office  approach  and relatives anything Careers office approach and relatives anything
ads in newspapers Job club to employers else Job club to employers else
Men NVQ level 4 and above; N=9,929 Women NVQ leaind above; N=9,139
Employed searching new job -0.106 -0.021 -0.005 340.0 -0.086 -0.017 0.001 0.026
(12.36) (-3.46) (-0.86) (4.98) (-12.03) (-2.59) NI (3.74)
Employed searching add. job -0.099 0.051 0.048 20.04  -0.045 0.043 0.025 0.035
(-3.76) (3.44) (3.65) (2.48) (-2.72) (3.49) (2.35) (2.55)
Men NVQ level 3; N=10,438 Women NVQ level 3; N=6545
Employed searching new job -0.195 -0.026 0.004 ®.02 -0.120 -0.039 -0.010 0.026
(-23.00) (-4.27) (0.58) (5.89) (-12.64) (-5.15) 1.66) (4.30)
Employed searching add. job -0.116 0.001 0.056 .01 -0.149 0.014 0.015 0.031
(-4.47) (0.07) (2.96) (0.96) (-7.23) (0.89) (1.22) (2.81)
Men NVQ level 2 and below; N=12,696 Women NVQ leRelnd below; N=13,833
Employed searching new job -0.240 0.004 0.026 0.038 -0.146 -0.011 0.010 0.026
(-29.23) (0.82) (4.86) (8.75) (-19.76) (-2.07) 1B (6.46)
Employed searching add. job -0.251 0.056 0.043 30.03 -0.157 0.024 0.058 0.043
(-9.44) (4.25) (2.73) (2.87) (-9.69) (2.48) (7.33) (5.79)
Men Other qualifications; N=6,711 Women Other digdtions; N=5,235
Employed searching new job -0.276 0.003 0.025 0.028 -0.159 -0.008 0.018 0.029
(-23.22) (0.44) (2.78) (5.91) (-12.29) (-1.02) 2. (4.86)
Employed searching add. job -0.294 0.033 0.069 30.03 -0.149 -0.009 0.052 0.008
(-7.90) (1.56) (2.64) (2.44) (-5.34) (-0.54) (3.27 (0.65)
Men No qualifications; N=10,320 Women No qualifioats; N=6,962
Employed searching new job -0.311 0.011 0.049 0.021 -0.171 0.008 0.030 0.019
(-25.46) (1.54) (5.96) (5.50) (-13.56) (2.00) 8.4 (3.86)
Employed searching add. job -0.341 0.041 0.106 .01 -0.148 0.015 0.037 0.018
(-7.54) (1.93) (4.31) (1.35) (-5.78) (0.92) (2.22) (1.82)

Marginal effects of a multinomial probit model;tats in parenthesis; standard errors are clusteyeguarters x regions. Other explanatory variabde®, dummies for
married/cohabiting, singles, presence of dependdldren in the household, region, year and quarter
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TABLE 8
DETERMINANTS OF ONTHE-JOB SEARCH LFS 1993-2007

1) 2)
Men Women
Coefficients Marginal  Coefficients  Marginal
effects effects
Job temporary 0.437 0.048 0.416 0.045
(17.47) (17.18) (17.01) (16.96)
Part-time 0.047 0.005 -0.075 -0.008
(2.19) (1.19) (-3.09) (-3.08)
Gross weekly pay (hundreds) -0.041 -0.005 -0.048 .00®
(-9.48) (-9.47) (-8.25) (-8.18)
Years of job tenure / 10 -0.277 -0.031 -0.319 -0.03
(-10.77) (-10.69) (-10.51) (-10.48)
Years of job tenure / 10 squared -0.017 -0.002 4.02 0.003
(-1.63) (-1.63) (2.71) (1.71)
Public sector -0.006 -0.001 -0.024 -0.003
(-0.33) (-0.33) (-1.46) (-1.46)
Usual hours per week / 10 0.007 0.001 0.077 0.008
(0.79) (0.79) (7.59) (7.60)
Proportion job seekers who are
employed (%) 0.008 0.001 0.006 0.001
(3.37) (3.36) (2.02) (2.03)
Pseudo R 0.052 0.034
Observations 119,398 94,053

Probit model; dependent variable=1 if the emploigegearching for a new job, and zero otherwisestats in
parenthesis; standard errors are clustered by eygaxt regions. Other explanatory variables: duranfo
occupations (pre- and post- 2000), regions, yeat quarter.

TABLE 9
THRESHOLD PROBABILITY OF ENGAGING IN ONTHE-JOB SEARCHBHPS1993-2007
Threshold Employed not searching Employed searching  Unemployed
Year Probability (%) (observations) (observations) (observations)
1993 9.14 3838 246 546
1994 10.30 3919 251 508
1995 10.70 3878 248 392
1996 11.32 4081 261 393
1997 11.14 4654 298 408
1998 9.86 4650 297 365
1999 9.90 6388 408 588
2000 10.77 6362 407 568
2001 9.50 6352 406 514
2002 9.42 5637 360 424
2003 8.86 5514 353 458
2004 8.77 5343 342 371
2005 8.29 5284 338 407
2006 9.22 5379 344 409
2007 8.74 5130 328 322
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TABLE 10
INDIVIDUAL CHARACTERISTICS, BHPSAND LFS1993-2007

Employed men Employed men Unemployed | Employed women Employed women Unemployed

not searching searching men not searching searching women
Dataset: LFS BHPS LFS BHPS BHPS LFS BHPS LFS BHPS BHPS
age 39.13 38.67 34.17 31.12 34.12 38.06 37.95 33.70 30.50 33.33
Married 0.605 0.749 0473 0471 0.486 0.579 0.718 0.404 0.505 0.419
Children 0-15 0.380 0.401 0.377 0.299 0.391 0.397 0.405 0.376 0.356 0.409
Degree 0.190 0.173 0.244 0.189 0.088 0.158 0.162 0.235 0.263 0.094
Higher qualification 0.108 0.336 0.116 0.258 0.186 0.138 0.298 0.136 0.228 0.181
GCE, A levels and lower 0.608 0.382 0.578 0.472 0.431 0.578 0.428 0.560 0.459 0.477
Other or no qualification 0.095 0.109 0.063 0.082 0.296 0.127 0.113 0.068 0.050 0.248
Recent unemployment spell <= 3m 0.019 0.120 0.053 0.019 0.147 0.053
Recent unemployment spell > 3m 0.018 0.112 0.096 0.016 0.090 0.058
Recent inactivity spell <= 3m 0.005 0.026 0.023 0.009 0.062 0.027
Recent inactivity spell > 3m 0.016 0.115 0.092 0.053 0.277 0.123
Recent occupational change 0.055 0.183 0.086 0.062 0.209 0.083
Earlier unemployment spell > 3m 0.037 0.115 0.149 0.027 0.064 0.084
Earlier inactivity spell > 3m 0.032 0.181 0.131 0.095 0.361 0.174
Earlier occupational change 0.092 0.175 0.084 0.095 0.129 0.081

These descriptive statistics refer to the sampidsand are therefore unweighted
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TABLE 11
DETERMINANTS OF BEING AN UNEMPLOYED RATHER THAN EMPLOED JOB SEEKER
BHPS1993-2007

(i) (ii) (iif)

Logit model Random effect Random effect
Logit model Logit model
Men Women Men Women Men Women
Age 1.027 0.968 0.724 0.759 0.748 0.765
(1.48) (-1.02) (-1.72) (-0.59) (-1.49) (-0.53)
Age square 1.000 1.001 1.000 0.998 0.999 0.997
(-1.29) (2.12) (-0.55) (-1.26) (-0.72) (-1.64)
Married 0.665 0.684 0.862 0.507 0.822 0.533
(-4.77) (-3.33) (-0.67) (-1.64) (-0.87) (-1.44)
Children 0-15 1.506 0.966 1.503 1.226 1.526 1.265

(5.77) (-0.32) (2.35) (0.51) (2.39) (0.55)
First or higher degree 0.270 0.157 0.165 0.055 10.15 0.057
(-10.55) (-8.12) (-9.13) (-7.37) (-9.47) (-6.78)
Other higher qualif 0.377 0.316 0.250 0.157 0.258 .158
(-8.62) (-5.37) (-7.94) (-5.36) (-7.83) (-5.07)
GCE, A levels, lower 0.434 0.341 0.306 0.188 0.318 0.168
(-8.14) (-5.30) (-7.37) (-5.23) (-7.21) (-5.18)
Recent unemployment
spell <= 3m 0.439 0.482
(-4.85) (-2.06)
Recent unemployment
spell > 3m 0.451 0.239
(-5.48) (-3.35)
Recent inactivity spell
<=3m 1.726 2.604
(1.94) (1.73)
Recent inactivity spell
>3m 2.451 2.094
(3.92) (1.70)
Recent occupational
change 1.394 1.151
(2.30) (0.41)
Earlier unemployment
spell > 3m 0.621 0.903
(-3.36) (-0.24)
Earlier inactivity spell
>3 m 0.607 0.343
(-2.30) (-2.48)
Earlier occupational

change 1.039 0.954
(0.25) (-0.13)

Log likelihood -3735 -1388 -3512 -1335 -3411 -1292

Observations 6,030 2,256 6,030 2,256 6,030 2,256

Odds ratios from (random effects) logit modelstats in parenthesis; standard errors are clusteyed
individuals in the logit model. Other explanatagriables: dummies for regions and year plus means
of time-varying covariates over time.
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TABLE 12

DETERMINANTS OF BEING AN UNEMPLOYED RATHER THAN EMPOYED JOB SEEKERSENSITIVITY ANALYSIS, BHPS1993-2007

(i) (ii) (iii) (iv)
6% with highest probability  15% with highest probability  All employed people Job-to-job moves
on-the-job search on-the-job search (100%) (BHPS)
Men Women Men Women Men Women Men Women
Age 0.748 0.765 0.808 1.068 0.697 0.657 0.656 0.655
(-1.49) (-0.53) (-1.58) (0.27) (-3.19) (-3.07) (-80) (-10.17)
Age square 0.999 0.997 1.001 1.000 1.003 1.003 11.00 1.002
(-0.71) (-1.64) (1.90) (-0.46) (6.14) (5.86) (2.07) (4.09)
Married 0.822 0.533 0.783 0.667 0.719 0.704 0.719 .6940
(-0.87) (-1.44) (-1.54) (-1.65) (-2.65) (-2.76) @2) (-2.73)
Children 0-15 1.526 1.265 1.404 0.731 1.113 0.928 .294 0.772
(2.39) (0.55) (2.62) (-1.32) (1.05) (-0.64) (2.14) (-2.13)
First or higher degree 0.151 0.057 0.144 0.142 &8.24 0.334 0.295 0.423
(-9.47) (-6.78) (-12.25) (-9.11) (-9.89) (-7.47) 8.48) (-5.72)
Other higher qualification 0.258 0.153 0.240 0.333 0.321 0.424 0.382 0.528
(-7.83) (-5.07) (-10.61) (-5.91) (-9.74) (-6.88) 7.85) (-4.91)
GCE, A levels and lower 0.318 0.168 0.326 0.494 18.4 0.517 0.461 0.639
(-7.22) (-5.18) (-9.06) (-4.12) (-8.28) (-5.79) 08) (-3.81)
Recent unemployment spell <= 3m 0.439 0.482 0.531 9210 0.751 1.294 0.687 1.011
(-4.85) (-2.06) (-4.60) (-0.35) (-2.28) (1.71) 62) (0.07)
Recent unemployment spell > 3m 0.451 0.239 0.479 439. 0.655 0.496 0.692 0.645
(-5.48) (-3.35) (-6.31) (-3.48) (-4.06) (-4.45) 83) (-2.57)
Recent inactivity spell <= 3m 1.726 2.604 1.840 63.5 2.358 2.079 1.833 2.002
(1.94) (1.73) (2.67) (1.25) (4.12) (3.42) (2.40) .08
Recent inactivity spell > 3m 2.451 2.094 2.746 3.47 3.081 2.708 4.714 3.778
(3.92) (1.70) (5.57) (3.29) (6.68) (6.09) (7.29) Q)
Recent occupational change 1.394 1.151 1.332 1429 1.692 1.564 1.951 2.103
(2.30) (0.41) (2.59) (1.69) (5.40) (3.89) (5.88) .0®
Earlier unemployment spell > 3m 0.621 0.903 0.629 .846 0.687 0.550 0.426 0.438
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(-3.36) (-0.24) (-4.26) (-0.67) (3.93)  (4.16)  66)  (-4.90)

Earlier inactivity spell > 3m 0.607 0.343 0.741 ™4 0.833 0.618 0.901 0.598
(-2.30) (-2.48) (-1.71) (-2.83) (-1.13) (-3.01) 68) (-2.89)

Earlier occupational change 1.039 0.954 0.975 1.308 0.923 1.028 1.347 1.757
(0.25) (-0.13) (-0.23) (1.28) (-0.81) (0.23) (2.48) (4.30)

Log likelihood

Observations -3411 -1292 -5060 -2530 -6586 -4934 3904 -3320
6,030 2,256 14,601 5,031 43,653 43,866 11,949 80,52

Odds ratios from random effects logit models; tssta parenthesis. Other explanatory variablemrdies for regions and year plus means of time-ngrgovariates over
time.
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TABLE 13

DIFFERENCES BETWEEN EMPLOYED AND UNEMPLOYED JOB SEEKERS
OVER THE BUSINESS CYCLELFS 1984-2009

Men

All years Decreasing Increasing
unemployment  unemployment
Age 0.027 0.027 0.026
(30.07) (26.45) (14.99)
Age square -0.000 -0.000 -0.000
(-36.12) (-32.02) (-17.92)
Married/cohabiting 0.145 0.149 0.136
(35.75) (30.58) (18.84)
Degree or higher 0.415 0.427 0.385
(75.10) (63.07) (41.90)
Lower qualifications 0.233 0.242 0.211
(63.05) (54.87) (36.05)
Prop. job seekers employed (%) 0.008 0.008 0.008
(31.51) (28.75) (16.37)
Log likelihood -50939 -34721 -16184
Observations 89,476 61,041 28,435
Women All years Decreasing Increasing
unemployment  unemployment
Age 0.024 0.026 0.021
(23.30) (20.31) (11.96)
Age square -0.000 -0.000 -0.000
(-22.35) (-19.712) (-11.26)
Married/cohabiting 0.004 0.000 0.013
(0.72) (0.01) (2.39)
Degree or higher 0.386 0.392 0.374
(57.31) (48.72) (30.67)
Lower qualifications 0.202 0.203 0.196
(44.59) (36.72) (25.53)
Prop. job seekers employed (%) 0.008 0.008 0.009
(17.95) (15.54) (10.15)
Log likelihood -46880 -32231 -14635
Observations 73,662 50,606 23,056

Marginal effects of a probit model; dependent Jagal if job seeker is employed, and zero if
unemployed; t-stats in parenthesis; standard em@<lustered by year x regions. Other explagator

variables: region and year dummies.
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TABLE 14

JOB SEARCH METHOD OVER THE BUSINESS CYCLEFS1984-2009

Men Women
Increasing unemployment
Base: Degree or Lower No Degree or Lower No
Advertising and answering higher qualifications gualifications higher qualifications gualifications
ads in newspapers N=3,708 N=12,843 N=5,078 N=3,724 N=11,173 N=35,46
Job centre, careers office, job club -0.135 -0.283 -0.334 -0.113 -0.178 -0.192
(-8.59) (-24.12) (-18.44) (-10.15) (-19.80) (-9.82)
Direct approach to employers -0.006 0.003 0.016 00™. -0.011 0.010
(-0.55) (0.79) (2.00) (-0.79) (-2.12) (1.13)
Ask friends and relatives 0.008 0.034 0.049 0.005 019 0.026
(0.94) (6.26) (5.48) (0.58) (3.22) (2.63)
Do anything else 0.038 0.033 0.021 0.040 0.034 (.02
(3.85) (8.44) (4.31) (3.80) (9.18) (3.45)
Decreasing unemployment
Degree or Lower No Degree or Lower No
higher qualifications gualifications higher qualifications gualifications
N=8,588 N=33,494 N=18,847 N=7,065 N=30,595 N=12,839
Job centre, careers office, job club -0.162 -0.296 -0.324 -0.103 -0.179 -0.165
(-14.412) (-43.93) (-38.15) (-10.40) (-29.42) (-1B.6
Direct approach to employers -0.018 0.012 0.028 01-D. 0.001 0.019
(-2.68) (4.13) (7.41) (-2.34) (0.46) (4.58)
Ask friends and relatives -0.006 0.010 0.032 -0.001 0.002 0.010
(-1.19) (3.79) (8.01) (-0.23) (0.82) (2.32)
Do anything else 0.028 0.025 0.014 0.014 0.020 2.01
(3.93) (11.11) (6.67) (1.66) (8.63) (4.52)

Marginal effects of a probit model; t-stats in pahesis; standard errors are clustered by yeagigms. # Excludes Northern Ireland. All coefficients referthe dummy for
employed job seekers (vs. unemployed job seeke@ther explanatory variables: age, dummies for im@izohabiting, singles, presence of dependenthil in the
household, levels of education, region, and year.
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