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ABSTRACT

American Exceptionalism in a New Light:
A Comparison of Intergenerational Earnings Mobility in the
Nordic Countries, the United Kingdom and the United States

We develop methods and employ similar sample restrictions to analyse differences in
intergenerational earnings mobility across the United States, the United Kingdom, Denmark,
Finland, Norway and Sweden. We examine earnings mobility among pairs of fathers and
sons as well as fathers and daughters using both mobility matrices and regression and
correlation coefficients. Our results suggest that all countries exhibit substantial earnings
persistence across generations, but with statistically significant differences across countries.
Mobility is lower in the U.S. than in the U.K., where it is lower again compared to the Nordic
countries. Persistence is greatest in the tails of the distributions and tends to be particularly
high in the upper tails: though in the U.S. this is reversed with a particularly high likelihood
that sons of the poorest fathers will remain in the lowest earnings quintile. This is a challenge
to the popular notion of ’American exceptionalism’. The U.S. also differs from the Nordic
countries in its very low likelihood that sons of the highest earners will show downward 'long-
distance’ mobility into the lowest earnings quintile. In this, the U.K. is more similar to the U.S..
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1 Introduction

The extent to which socio-economic outcomes depend on yamaitkground is an issue of
great interest to both social scientists and policy mak€gse way of assessing the extent
of social mobility in a country is to compare it with other eties. Sociological studies of
class and occupation have for decades provided insighdscnass-country differences and
similarities in intergenerational mobility. During thegtd 0-15 years, economists have also
contributed to this field of research, in large part on thasakthe maturing panel datasets
that allow researchers to observe members of two consecgéxerations at economically
active ages. Examples include Couch & Dunn (1997), Bjorklunth&tti (1997), and surveys
that include results from several countries, such as SAl889, 2002) and the papers in Corak
(200£). Together, these contributions provide evidence froneid\countries, using a variety
of statistical approaches to the analysis of intergermratimobility. The evidence suggests
that, while the ordering of other countries varies, the ebhiBtates and the United Kingdom
tend to have higher rates of intergenerational persisiesmt@, hence, less socio-economic
mobility than other countries. Precise statements abeutathking are typically hampered by
large standard errors on the estimated parameters ofshtere

International comparisons of intergenerational incomeifitp are intricate for at least
two reasons. First, most persistence measures are highdjtige towards exact data defi-
nitions and data collection procedures. To our knowledgeret have been few attempts to
compare mobility across several countries based on a stiisdd methodological approach
and comparable datasét®atterns in existing meta-analyses, based on compari$damses
pendently developed results from different countries, thayefore largely reflect differences
in data structures, measurement and statistical appra#togrithan genuine differences in in-
tergenerational mobility. Comparability problems moteséihe adjustments made by Corak
(200%) in a recent literature survey. Second, there exists nolesiagjective summary-
measure of intergenerational mobility. With a few excempsi¢gfor example, Corak & Heisz
(1999), Eide & Showalter (1999), Checchi et al. (1999) or Co&idhllard (2004)) the liter-
ature focuses almost entirely on either the elasticity @tidhcome with respect to parental
income, or the correlation of (the natural logarithm of)gu@rchild permanent income. Apart
from being very sensitive towards the treatment of extrefdngeovations, such summary-
measures may conceal interesting differences in mobiltyepns across the whole range of
the bivariate income distribution, both within and acrossraries.

The present paper seeks to contribute to the existingtiteran three important respects.
First, we have made substantive efforts to provide stamskatdntergenerational samples for
six different countries (Denmark, Finland, Norway, Swedire United Kingdom, and the
United States). Although we cannot claim to have eliminaiégossible cross-country vari-
ations in the data structures, we are confident that theteedulatasets provide a better basis

1The only such studies we are aware of are Bjérklund & JAr@97), Couch & Dunn (1997), Grawe (2004)
and Blanden (2005).



for comparison of the countries involved than do meta-aedywhich compare estimates
from different independent studies. Second, we have saoghitovide a more informative
and comprehensive picture of intergenerational mobiligntthat embodied in simple sum-
mary measures such as income correlation coefficients asticiies. In particular, we re-
port quintile group income mobility matrices for all six adues, and a set of supplementary
summary measures based on various properties of these@esatifinally, we equip all the
mobility statistics reported in the paper, including theneénts of the mobility matrices, with
confidence intervals, based on bootstrap techniques. Toesielence intervals and the boot-
strap distributions that underlie them provide the basisrfference regarding cross-country
differences.

Most of the summary measures reported in this paper lendosufgpthe previously re-
ported finding that the Nordic countries are characterigedid¢mificantly higher intergener-
ational income mobility than the United States. Interegyinhowever, the United Kingdom
bears a closer resemblance to the Nordic countries tharetoited States. Our main find-
ing, however, is that most of the cross-country differerie has been reported in income
correlations and elasticities is confined to rather limpadts of the bivariate earnings distri-
bution. For example, the difference between the U.K. and\ibilic countries is to a large
extent caused by the low downwards male mobility from thg vep to the bottom end of the
earnings distribution in the U.K.. An even lower long-drsta mobility from the top is found
for the U.S.. However, what distinguishes the pattern ofenraergenerational mobility in the
U.S. most from that of all the other countries in our studyeslow upwards mobility for sons
from low income families in the United States.

Comparative studies of socio-economic mobility have lorajleinged the notion of “Amer-
ican exceptionalism”, a term that was invoked by Tocque\athd Marx to describe what was
then thought of as exceptionally hight rates of social nitybiih the United State$. The so-
ciological approaches, such as that based on class mobiiggest that the United States is
fairly unexceptional (Erikson & Goldthorpe 1988, 2002). The economics literature, based
on correlation or regression coefficients, suggests tedthted States may, indeed, be excep-
tional, but not in havingnore mobility, but in havingless (Solon 2002), a finding our results
support. Our study, based on a more flexible approach to ityphihcovers evidence that,
while middle-class mobility may be quite similar acrossmines, the United States has more
low-income persistence and less upward mobility than theratountries we study. Thus, we
argue that “American exceptionalism” in intergeneratidnaome mobility may need to be
viewed in a new light.

2See Bjorklund & Jantti (e.g. 2000) for a discussion in theternof international comparisons of mobility.
For an empirical historical perspective, see Ferrie (2@bis)also Long & Ferrie (2005)



2 Data and descriptive statistics

We exploit data for Denmark, Finland, Norway, Sweden, thaedihKingdom and the United
States. These countries are included in part because lsuitedrodata from them are avail-
able to us. They also allow for a robust comparison of the Wifh several other countries,
including one with presumably more laissez-faire socidicges and the Nordic countries
with their more extensive welfare states. The guiding ppiecfor the choice of datasets and
sample construction for each of these countries has beeavbihetive of maximal similarity
across countries in the kind of data required for the analykintergenerational earnings mo-
bility. The key data requirements include earnings infdiamaon parents and offspring in
their respective prime ages.

Our starting point for data selection is the observation thiaour purposes the best data-
set for the U.K. is the National Child Development Study (NCDH)is study sampled all
offspring born during a particular week in 1958. The sam@espns and their families have
been surveyed several times since they were first drawn. T racent sweeps are those
for 1991 and 1999, providing information on the offspringt®ss earnings at ages 33 and 41
years. These observations meet the criterion of obsenangiregs of prime age offspring.
Furthermore, the 1974 sweep of the NCDS, i.e., at age 16 offteprimg, provides infor-
mation on the family income of offspring’s parents. We ndtattalthough we have only one
observation on parental income, the point in time occursnathers were typically of prime
age. The average age of fathers in our sample is 46 in 1974.

That income information for both generations is at a reaslyrgimilar age and that this
age is typically around the individuals’ mid 30s or early 4idsthe case of offspring) or mid
40s (for fathers) is valuable to us. As several studies hhwers (see, for example, Grawe
2005, Reville 1995), estimates of intergenerational egselasticities are highly sensitive to
the age at which sons’ earnings are observed, increasirsgasuially in age. The elasticities
initially increase and then decrease with father’s agedeta& Solon (2005) demonstrate that
this can be explained by the strong life-cycle pattern indberelation between current and
lifetime earnings. Bjorklund (1993), for example, foundstborrelation to be zero or negative
for workers less than 25 years of age and to rise to about Oy8fanworkers over the age
of 32-33. Haider & Solon (2005) show that, contrary to theuagstion of the conventional
errors-in-variables model, the slope coefficient from tegression of current log earnings
on the log of lifetime earnings does not, in general, equélyuut, instead, is likely to be
less than one early in a career. This is because an earlgroamenparison understates the
true gap in career earnings if, as is typically the case, am@rkvith higher lifetime earnings
experience higher earnings growth rates. Their empirgsults indicate that earnings should
be measured at around age 40 in order for current earnings aaréasonable proxy for life-
time earnings. In their application of the same approach eoenextensive Swedish data,
Bohimark & Lindquist (2005) obtain similar results.

In order to generate country-specific data which are conpb@ecross countries, we have



sought to mimic as closely as possible the NCDS data for ther atbuntries in our study.
This means that we have compiled data on offspring born @& @e possible to 1958 and for
whom appropriate information on fathers is available. ligeae would like to have measures
of lifetime income for both generations for all our counsrién the absence of this, we try to
replicate for our other countries the U.K. design of obsggwffspring’s earnings twice, at
ages 33 and 41. For parental income, we have only the onevaltiserfor the U.K. — when
the offspring was aged 16 — and we restrict ourselves to thikeé main results section also
for our other countries. Our sensitivity analysis allowsasxplore the consequences of this
restriction in other countries.

For Norway, we have access to information on the complet® b&$h cohort, together
with the father’'s earnings measured in 1974. The offspsiegrnings are measured in 1992
and 1999. For Sweden, we use data on a single birth cohottotti@62. For this cohort, we
have father’s earnings measured in 1975 and offspring’®@6knd 1999. For Denmark, the
data refer to offspring born in the period 1958-1960 and oawkve use earnings information
for 1998 and 2000. The fathers’ earnings are measured in: 1®88n the offspring are a
little older than is typically the case for the other coussri For Finland, offspring are also
born between 1958 and 1960 and their earnings are obseni@®#and 2000. The father’s
earnings are observed in 1975. The note to Table 1 summahnis@sformation on the years
at which earnings are observed for each country.

For the United States, two data sources are available, gyaimeINational Longitudinal
Survey of Youth (NLSY) and the Panel Study of Income DynartiRSID). We choose to work
primarily with NLSY rather than the PSID essentially beao§sample size considerations.
By using only small subsamples from the PSID, elasticitynestes are very much dependent
on the samples. E.g. Chadwick (2002) and Lee & Solon (2004somdl samples from the
PSID and show how elasticity estimates fluctuate over yeatsabsamples and are connected
with large standard errors. They conclude that more efficisa of data based on all available
birth cohorts in the PSID gives more reliable results. In@ase it is impossible to use PSID
efficiently, since the data sets have to resemble NCDS. In orleeofew attempts to use
comparable datasets, Levine & Mazumder (2002) find thatttredard errors for the elasticity
estimates are smaller when using NLSY than when using PSIDs&uently, they warn
researchers not to rely on results based on small samplestfre PSID. In our case, the
standard errors in the estimates based on the PSID becogeedad convey information of
little use for comparisons with estimates from other caesft

Thus, for the U.S., we use the National Longitudinal Surveyowuth (NLSY) for offspring
born between 1957 and 1964. The offspring’s earnings asmtakm the 1996 and 2002 sur-
veys and refer to wages and salary income during the precaleadar year (1995 and 2001).
Parental income refers to 1978. The data are described mityeénfthe appendix. While we
feel that we have succeeded in constructing data for reApooamparable cohorts across the
different countries on which we subsequently conduct a comstandardised statistic analy-

3Results based on the PSID have been compiled by us and al&béeaipon request.
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sis, inevitably there are data differences across cosntiibese are discussed in more detalil
below. One difference for the U.S. is that in the NLSY we hastadn family income rather
than on only father’'s income.

For all countries, we include only father-child pairs whtre father is between 35 and 64
years at age 16 of the offspring (that is, in 1974 for the U.&adf* The father is thus in the
U.K. data born between 1910 and 193%/e inflate parental income to year 2000 values, then
regress the natural log of earnings in the single outcomegmea quartic polynomial in age
and record the residual from that regression. We then predhat their earnings would have
been had they been 40 years old, add to this their estimatetlied and take the anti-log. This
is the income measure used in our analyses for offsfring.

Much has been made of the fact that the magnitude of suchdqasres coefficients ap-
pear very sensitive to exact sample definitions and, in @4dar, the treatment of zeros (see
Couch & Lillard 1998). We have chosen not to arbitrarily asssgnumber where one is not
defined (i.e., to the natural logarithm of O, which some clecmsdefine to be 1). Instead,
we use in our main analysis only those pairs of offspring aders that contribute at least
one non-zero income observation and estimate for our mauitseour regression and corre-
lation coefficients using natural logarithms. We also showbitity matrices including zero
observations.

We note that the same father may appear several times. Ranags if a father has two
sons and two daughters in the appropriate age range, hesdedoe in the father-son sample
and twice in the father-daughter sample when the mobilibjesand regression and correla-
tion coefficients are estimated. However, we include eatttefaonly once in constructing the
fathers’ earnings distribution and in the age correctidmg, the mobility table is constructed
based on the actual distributions of father’s earnings amiegs. One implication of this is
that the marginal distribution of fathers is not exacthy0(.20, .20, .20, .20) as it would be if
there was exactly one father per child.

Starting with fathers (Panel A in Table 1), we see that ouri€rafathers tend to be older
than the rest, with the others being on average in the rangel @nd 47 when observed
with earnings. It should be borne in mind, when looking at pleecentiles, that they refer
to somewhat different income concepts. The U.K. numbersiareveekly income from all
sources (annualised) and the U.S. number refer to familgnmec The Nordic countries in
turn include individual earnings only. Even with that cayehe estimated 20th, 40th, 60th
and 80th earnings percentiles (i.e., quintiles 1-4) sugbasthe U.S. was a lot richer than the

4Thus, e.g., if we use social families, the father is obsemstiving with his son in 1974. Further, there is
some variation as to the calendar year in which the fatheralationship is established across countries. There
is also variation across countries in which two years arsehdor child outcomes, the prototype being the U.K.
with 1991 and 1999. The two years are, however, a few years apd are all between 1991 and 2001.

5The lower age limit is to avoid teen dads (and may be unneggdsat the upper age limit has to do with
labour market age in 1974.

SWe predict at age 40 to make offspring approximately and enagye the same age as their father. Most of
the sample of fathers is older than this, though. Making ttieesame age seems useful for the same reason as
for the offspring, it makes the examination of the limits mopgent.



other countries in the early to mid 1970s.

The estimated percentile ratios, p90/p10, perhaps quitgisingly suggest that Finland
had in the early 1970s the highest level of inequality of ¢heations, followed by the U.S.,
Denmark and Norway, with the U.K. having the lowéstiote that the parental income in the
U.K. are grouped and net of taxes, which accounts in partiar smaller dispersion. While
the ordering for the p90/p50, p10/p50 and the Gini coeffisiemuffles countries around to
some extent, the U.K. is always the country with least inétyidollowed by Norway. The
U.S. is always in 2nd or third place and Finland in 1st or 2nd.

For offspring, we also inflate the earnings to the year 2000eg& then regress the log
of annual earnings on a year indicator and save the averatje @LS residual across the
years for each individual. We add to this the estimated tiffecein the later year (1999
for the U.K.) and take the anti-log. While excluded from thamanalyses, an offspring with
zero earnings in both years is assigned zero earnings. Véealayconducted the analyses that
include zero earning fathers and sons, the results of wnemaluded in the appendfAfter
adding in zeros, as appropriate, we estimate the quintfléseonewly defined age-corrected
distribution of earnings and classify cases as belongig&oof five earnings quintile groups.

Panels B and C in Table 1 show selected descriptives for tisprofg. Here also we
have some variation in the income concept. For the Nordiactas and the U.S., we use
annual earnings. In the U.K., we use gross weekly pay (armaegland thus do not include
variation due to differences in weeks worked. We focus harthe 20th, 40th, 60th and 80th
percentiles of earnings, measured as the average acrossahears, as well as summary
inequality indices. The differences in the real earning®ssthe distribution are less than
was the case in the fathers’ generation.

Among the offspring, the inequality orderings look moreslikhat we would expect from
modern studies of income and earnings differentials, takito account the variation in in-
come concepts. For men, the U.S. has most inequality as neekisy the p90/p10, p90/p50
rations and the Gini coefficient. Denmark, Finland and Ngrvead to be close together and
the U.K. has least degree of inequality. The exception ta’ p&&ition is the pl0/p50 ra-
tio, where the U.S. is ranked 3rd. For women, the U.S. alwahshés the most inequality
whereas Denmark tends to exhibit the least. The rank of athantries varies by measure.

"The strikingly high level of Finnish earnings inequalitydsnsistent with other historical evidence, which
suggests that income inequality in the early 1970s werestdiidally high levels. Itis also in part accounted for
by the fact that we impose no other restrictions, such asiwgrkill time full year. If we do that, the level of
earnings inequality reduces to more familiar levels.

8We add the estimated year effect so that the earnings asriave an immediate interpretation in the
local currency. Technically, this only shifts the limitgjthit makes for a more cogent discussion of the limits
themselves. We convert all numbers to international, eortgtrice dollars (although we still use the within-
country-within-generation quintiles to delimit the clasy



Table 1 Descriptive statistics — fathers and offspring

A. Fathers

Denmark Finland Norway Sweden UK USNLSY

Age 50 47 48 43 46 46
[50,50] [47.47) (4848 (4243 [46.46] [46.46]

Percentiles
20 21030 10797 18247 15994 19311 37105

[209312114  [1029211064  [1812818323  [159551603]  [1901619653  [360393868(
40 27077 16967 23174 18836 23578 52822

[2703427117  [1674717133  [2310523252  [1880018873  [234172378§  [5280452804
60 31766 21208 27273 21982 27566 66028

(3170831817  [208442123Q (2719427340  [219322203§  [2743127664 (6594467265

80 39717 32923 92439
(3962439816  [2793829095  [3404234261  [2793028145  [3274133295  [879969327§
Inequality
90/10 4996 . . X X X
[4.9015.093 [6.2217.527 [3.3593.449 [2.6232.660] [2.226,2.33§ [3.8024.575
90/50 1670 2.245 1.680 1.737 1.502 1.913
[1.6661.675 [2.117,2.32]] [1.6711.690 [1.7281.744 [1.4711.523 [1.7832.000
10/50 0334 0.327 0.493 X X .
[0.3280.341] [0.3080.349 [0.4890.499 [0.654,0.662 [0.6450.674 [0.4330.480
Gini . . . . . .
[0.284,0.286 [0.3340.345 [0.2420.244 [0.2390.242 [0.177,0.183 [0.2960.317
B. Sons
Denmark Finland Norway Sweden UK USNLSY
Percentiles
20 23930 11716 22560 14471 22664 20905
(2376524105  [113371212Q  [2231322774  [142541468Q  [2220423271  [1946122095
40
(3018830363  [187191930§  [2871929012  [2071820941  [2892630129  [3025932861
60 35647 24568 34216 24564 37163 42045
(3554135764  [2417624961  [3403434306  [2447124671  [363353795)  [4024343934
80 45459 31733 43377 30445 47667 60218
(4522445665  [3122632243  [4308843678§  [302633060Q  [4669548747  [574616354(
Inequality
90/10 4296 . . . . .
[4.1924.397 [5.7036.691 [3.4843.646 [4.217,4.463 [3.0733.384 [5.3256.722
90/50 1706 . . . . X
[1.6961.715 [1.7451.820 [1.689,1.720 [1.610,1.637 [1.761,1.899 [2.0852.389
10/50 0397 0.290 0.478 0.374 0.567 0.373
[0.389,0.407) [0.2660.310 [0.4680.488 [0.364,0.384 [0.550,0.585 [0.3360.404
Gini 0.279 0.344 0.271 0.276 0.276 0.396
[0.277,0.281 [0.3360.351 [0.2650.276 [0.2730.280 [0.264,0.28§ [0.3800.413
n 78131 5797 27254 32564 2205 1805
C. Daughters
Denmark Finland Norway Sweden UK USNLSY
Percentiles
20 16324 7871 10583 8959 7234 9145
(1616816490 [75408184 (1041210738 (88319063 (68957617 [793010189
40 23374 13489 16487 13409 11887 17554
[2330623448  [1312613777  [1634816637  [1331613502  [1142712334  [1620518595
60

[2744627599  [1752918043 (2130121655 (1664316826 (1692318429  [2507527331

80 32943 22048 27038 20753 26354 39601
(3285133055  [218202234(  [2687527199  [2063020857  [2536127166 (3778741658

Inequality

90/10 3965 6.243 5.009 4.593 7.347 12.884
[3.8764.052 [5.780,6.790 [4.8495.165 [4.4684.730) [6.7057.95§  [10.39315.650

90/50 1488 . . . . .
[1.481,1.494 [1.6231.706 [1.637,1.665 [1.6131.638 [2.2252.442 [2.1542.496

10/50 0375 . . . . .
[0.367,0.383 [0.2460.286 [0.320,0.340 [0.344,0.364 [0.2960.345 [0.147,0.218

Gini 0.253 0.323 0.298 0.284 0.382 0.440
[0.252,0.255 [0.3150.331 [0.2950.301] [0.281,0.287 [0.370,0.396 [0.4190.459

n 73803 5450 25574 30901 2348 1614

Note: Earnings have been adjusted to 2000 prices and cedwer2000 international U.S. dollars using OECD’s
PPP exchange rate for that year. Fathers are between 3&slofeage and earnings are measured in Denmark
in 1980, Finland in 1975, Norway in 1974, Sweden in 1975, UK1974 and the U.S. in 1978. The sons and
daughters are born in Denmark: 1958-1960, Finland: 19586@way: 1958, Sweden: 1962, U.K.: 1958 and
the U.S.: 1957-1964 and their earnings are measured in D&nrh@98 and 2000, Finland: 1995 and 2000,
Norway: 1992 and 1999, Sweden: 1996 and 1999, U.K.: 1991 886,1J.S.: 1995 and 2001. The youngest
offspring are 30 and oldest 42 in the years earnings are meghsThe numbers in brackets below the point
estimates show the bias corrected 95 percent bootstramleané interval.




3 Methods

Persistence versus mobility

Many important insights into the comparative patterns ééngenerational inequality have
been gained from studying the intergenerational elagt{ci., the regression coefficient in a
log-log regression) or the correlation coefficient in thg lnocomes of the offspring and the
parent(s). These two both have their benefits. The corelabefficient is a measure of asso-
ciation between variables whose dispersion has been sthpeld and can be useful when the
marginal distribution has changed substantially across.tiT he elasticity of offspring income
with respect to that of the father is a well understood mesastiiconditional expectation in
log incomes.

The elasticity is, however, a measure of averpgaistence of income rather than aho-
bility. In other words, the regression coefficient on father’s jogrihanent) earnings tells us
how closely related, on average, an offspring’s econonaitustis to that of his or her parent.
It is quite possible for two countries to have highly simigaserage peristence, but for one to
have substantially more mobility around that average ptnsce. The elasticity can thus be
the same, but arguably the country with a greater residugti@n — that is, variability around
the average persistence — is the one with greater mobilityrebler, two countries with the
same regression slope may have quite different, and vargamglitional variances around that
slope. For instance, a country with a “bulge” in the variaatkw levels of fathers’ earnings,
that is, a pear-shaped bivariate distribution, will exhiblatively more mobility at the low end
of the distribution than will a country with a constant camatial variance.

One approach is to examine both the regression coefficieksesidual variances. We
use a more direct method of comparison, however, based arilgugroup mobility matri-
ces. In allowing for fairly general patterns of mobility, bility matrices offer the additional
advantage of allowing for asymmetric patterns — more miyhali the top than at the bottom,
say. Other approaches, such as non-parametric bivariaggtylestimates, would in principle
be available (see e.g. Bowles & Gintis 2002). Since these&jlyirequire a large number of
observations to work well and some of our data sets are faimgll, these are not an option
here.

Choice of summary mobility index

To facilitate comparisons across countries, we computersanynmeasures of mobility based
on the estimated quintile group mobility matrices. Bartinodov (1982), Checchi et al. (1999)
and Fields & Ok (1999) review mobility indices based on mivpil transition matrices. The
choice of measures is a non-trivial task, but we rely onyatandard indices. Formally, let
the (k x k) mobility matrix P have elementg;; for which ¥ ; pij = 1. Ideally, a mobility index
M(P) € [0,1] should satisfy = M(lx) < M(P) < M(PM) < 1, wherePM is the “perfect
mobility” matrix. Not all measures suggested in the litaratsatisfy the bounds of 0 and



1. The “perfect mobility” matrixcould be taken to beM(pij = 1/kvi, j), i.e., the mobility
matrix with independence of origin and destination (eacttidation is equally likely). This
is the usual standard of comparison, and the one that we uee Akernatively, it could be
one matrix in the class for whichji = 0 (in which nobody remains in their class of origin).
This class would have maximal mobility if for every row (saWe first and the last), the
probabilities in the cells that are in the first and last calgraum to one and are zero elsewhere
(in the first and last columns the anti-diagonal elementsiavbath be one).

Thetrace index, Mt is based on the sum of the off-the-main-diagonal elemengésnb-
bility matrix:

iy = <P @

One indexM, is based on the second largest eigenvaluef the mobility matrix:

ML =1—[A2(P)] )

which takes the value of one if the mobility matrix assignaagrobability to all transitions
(or, more generally, if each row is equal to the limiting dimition [which in our case is 0.2
in each cell]). The indeMF is based on a direct comparison of the limiting distributzom
the mobility matrix, defined to be

Mg =1—
F K

Pij
.Z ; ol 1‘. 3
Finally, one index suggested by Bartholomew (1982) meashessxpected number of classes
to be moved across:

Mg=73 > pijhili— - (4)
T T

Statistical inference

We include for all our estimates the estimated confiden@rvats. Since we estimate some
quite complex statistics, such & x 5) mobility matrices and summary measures based on
these, and even for simpler cases rely on fairly complexdstatisation procedures, we rely
throughout the paper on bootstrap estimates of the samydingpbility of our statistics (see
Davison & Hinkley 1997).

Some of the statistics we study, such as the correlatiorficiesit or the intergenerational
elasticity, have well-known sampling distributions. Qthdo not. For instance, in estimating
the elements in the mobility matrix, there is some extraatam that is due to the fact that
we estimate quintiles of the two income distributions si@aéously with the conditional
probabilities that constitute the mobility matrix. As tleesstimators have complex or even
unknown sampling distributions, we have chosen to use alsinepsampling technique, the
bootstrap, to simulate the sampling distributions of allistics. We re-sample even those



statistics which have known distributions as we may be @stexd in the joint distribution of
two statistics, such as the regression coefficient and #ue index. Bootstrapping provides
us with a multivariate sampling distribution.

To assess the extent to which sampling errors account fartlezing of countries, we first
check if the confidence intervals for a specific parametewmdifferent countries overlap.
If not, we take this as evidence that the statistic in the tauntries are different. In the cases
where the confidence intervals overlap for a substantivegrésting comparison, performing
a proper statistical test on the difference would requir¢ouysool the microdata. However,
our Nordic data sets are by domestic law and by the practiteedlordic statistical agencies
not allowed to travel and not all pairwise comparisons caddree. That means that advanced
methods of testing for whether a statistic estimated in tiferént samples is different or not,
such as permutation tests or re-sampling from the two sandjalectly, are not available to us.
Instead, we rely on a procedure for approximating the twogda test that we outline below.

Whatever statistical tests we do, we must rely on the bogislistributions for our statis-
tics to do them. The estimators in different countries adependent of each other. We could,
in principle, assume asymptotic normality for both of thereators and use a standdrtest
on the difference between two estimated means. Many of #tistits we have estimated are
restricted to the unit interval and whether or not asymptotrmality is appropriate likely
varies across countries, as our sample sizes are verydiitfer

The strategy we choose instead is as follows — see Figure fipdSa we estimate the
value of a statisti® € © in two countries, indexed by 1 and 2, ﬁyz Xj and we observe
thatx; < X2. The null hypothesis is thdt; = 6,. The problem is that the equaliiy = 6,
can occur in a range of values ©f— indeed, it could in the most general case take any value
on the real line. We must take into account the range of vatuassessing the probability of
observing the difference we do, conditional on the null afady holding. Denoting by the
values that our estimator can have, we take as our alteenagpothesis thepposite of what
we observe, namely that > zNxy < z. We must then take into account the joint likelihood
of X, > zNxo < zat all possible values at

The estimators apply to two different country data sets ardralependent. From their
independence it follows that the likelihood of the event tha> zN x, < zis the product of
Pr(xq1 > z) x Pr(xz < z) (see Panel A in Figure 1). An evaluation of this probabiliteoall
values ofzis in a loose sense a test of the null hypothesis that the tnanpeters are equal
against the one-sided alternative tBat< 61. We report this probability that the ordering of
the countries would be the opposite of what we observe ap-tlaue in our result tables.

Panel B in Figure 1 shows how we proceed to evaluate the hieti of observingg >
zNxz < zfor all possible values af. The figure shows they, x, plane. All points below the
45 degree line, where equak x; = x2 are such thaty < x;. We must therefore evaluate the
likelihood of observing combinations af, x> in that region. Any poinki, X, iS associated

9There are several ways to construct a bootstrap confideteah We use the empirical percentiles cor-
rected for bias.
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Figure 1 Statistical inference for independently distributedistais
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with the joint densityfx, x,(x1,X2). SinceXp, X are independent, this joint density is the
product of the marginald, (x1) x fx,(x2). This means that we can evaluate the likelihood of
observingxs < x; as

Pri%e < %) = [ Z / X; o (%) F, (X2 ) dalxe (5)

We integrate along the vertical line across valuesyaip until x; in Panel B of the Figure 1
to get:

_ _ © X
PI’(XZ < Xl) == /_ /_ fx2 (Xz)ng fX1 (Xl)dX]_

w (6)
= / P, (%1) fx, (x1)dxg
We then integrate the value of the “vertical” integral asrali values ok, :
Pr(xz2 < X1) = Ex, [Fx,]- (7)

Equation 7 says that the likelihood that < x; is the expectation of the cumulative density
function of X, with respect to the distribution oX;. Our strategy is to use the bootstrap
distributions to estimate the densities involved and useerical integration over a pointwise
two-dimensional grid of values to evaluate the empiricabability of observing«, < x; for
interesting pairwise comparisons. These empirical pritiieb are ourp-values.

In implementing our test procedures, we make no allowancéhéfact that we conduct
multiple tests on the same statistics. Moreover, we ignoeddct that tests on different pa-
rameters are correlated. Nonetheless, we believe ourguoeeonveys useful information of
the role of sampling error in our cross-country comparisons

4 Intergenerational earnings persistence and mobility

In this section, we start by showing estimated interger@rat earnings elasticities and corre-
lations for the parent-child pairs in order to contrast ondifngs with the previous literature.
We then proceed to report our main contribution, the eseohguintile group mobility ma-
trices and mobility statistics based on these. The seaticindes additional results aimed at
examining if the sample restrictions and data choices tleaithgpart dictated by the inclusion
of the U.K. data affects our results.

Regression and correlation coefficients

We show in Table 2 the estimated log earnings elasticities camrelation coefficients for
father-offspring pairs with positive earnings in at leaseqgear. Focusing first on men, we
note that the elasticity and correlation coefficients offetear and mostly consistent ordering

12



Table 2 Pairwise comparisons for selected parameters — regremsebcorrelation coefficients

A. Men B. Women
Elasticity B

Estimate Fi No Sw UK US Estimate Fi No Sw UK US
De 0071 < < < < < De 0034 < < < < <

[0.0640.079 (0.0) (0.0) (0.0) (0.0) (0.0 [0.0270.04] (11) (0.0) (0.0) (0.0) (0.0)
Fi 0.173 >o < < < Fi 0.080 . <o < < <

[0.1350.211) (219) (0.0) (0.0) (0.0 (0.0420.118 (74) (00) (0.0) (0.0)
No 0.155 < < < No 0114 . < < <

[0.137,0.174 (0.0) (0.0) (0.0) [0.090,0.137 (0.0) (0.0) (0.1)
Sw 0258 . <ol < Sw 0191 < <ol

[0.234,0.281) (84) (0.0) [0.166,0.216 (10) (4.4
UK 0.306 < UK 0.331 >0l

[0.242,0.370 (0.0) (0.2230.440 (27.1)
us 0517 us 0283 .

[0.4440.590 [0.181,0.385

Correlation Bop/0o

Estimate Fi No Sw UK US Estimate Fi No Sw UK US
De 0089 < < < < < De 0045 <o < < < <

[0.0790.099 (0.0) (0.0) (0.0) (0.0) (0.0) [0.0360.054 (3.3) (00) (000 (000 (0.0
Fi 0.157 >ol > <o < Fi 0.074 <o <o <o <

[0.1280.18¢ (127) (159) (5.9) (0.0) [0.0450.103 (280) (36) (0.6) (04
No 0.138 <ol < < No 0.084 <ol < <

[0.1230.152) (387) (0.4) (0.0) [0.070,0.099 (36) (09) (05)
Sw 0141 < < Sw 0102 <ol <ol

[0.1290.152) (0.4) (0.0) [0.0900.113 43) (22
UK 0.198 . < UK 0.141 . <ol

[0.156,0.240 (0.0) [0.0990.183 (30.3)
us 0357 - us 0160 .

[0.306,0.409 [0.1050.215

Note: See sections 2 and 3 for definitions of the data. Thessdtsanclude only non-zero observations of both
offspring and father. Regressions are in log form. The numbrebrackets below the point estimates show the
bias corrected 95 percent bootstrap confidence intervad. efftries after the 1st column show the direction of

the difference between the estimate for the country in theand the column, i. eﬁrow

eco|umn, Where< >

denote a negative and a positive difference, respectiféig.ol in <q,>q denotes cases where the confidence
intervals forB;on andB¢oumn Overlap. The number in parentheses is the probability, inegpeage terms, of the
opposite order of what has in fact been observedfy > Bcoumn this is the probability, in light of the estimated
sampling distribution, thaow < Bcolumn
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of intergenerational mobility. The Nordic countries hatie highest and United States the
lowest level of mobility. The United Kingdom lies betweer tiwvo. The differences between
the U.S., the U.K. and the Nordic countries are mostly dtasily significant, as can clearly be
verified by the non-overlapping (95 per cent) confidencerviails. The four Nordic countries
are very similar, perhaps with slightly higher mobility ireBmark and Norway than in Fin-
land and Sweden — although the Norway-Finland comparisors tout not to be statistically
significant. At this point, our results confirm what previa@igdies have found.

There is one exception where the difference in earningsgtense between Nordic coun-
tries and the U.K. fails to be significant. The point estirsaté the elasticities for Sweden
and the U.K. ar@sw =0.258 and@UK = 0.306 and their difference B@UK_SW =0.048. In
light of the estimated sampling distributions for these tadependent random variables, we
estimate the probability of the region in which, contrarywioat the point estimates suggest,
Bsw > Buk. This probability, our equation 5, turns out to be 8.4 petcafhile low, it is
higher than the conventional rejection probability of 5qegrt so we do not reject the null that
they are the same.

The Swedish elasticity of 0.258 suggests that intergeioaia@tmobility is lower in Sweden
compared to the other Nordic countries. One reason for thle éstimate, however, is that
the general inequality in the incomes distribution haseased more in Sweden than in the
other countries (as measured by the ratio of variances) ri€@i@ibus, a general increase in
inequality (from the parent to the offspring generation¥ea the incomes elasticity, but not
the correlation coefficient.

Moving to the correlation coefficients, the differences amaohe Nordic countries are
rarely statistically significant, except that Denmark afeaxhibits higher mobility. However,
all pairwise comparisons of a Nordic country with either th& or the U.S are significant,
as are the findings that the regression and correlation ceffs in the U.K. are lower than
those in the U.S.

For women, our estimates of the differences between casnénie much smaller. The
ordering of countries is more or less the same as for men heuestimates are less precise
and the confidence intervals are no longer consistentlyavenlapping. Intergenerational
mobility is highest in the Nordic countries, lowest in theSlJand somewhere between in the
U.K. Again, the Swedish elasticity estimate is somewhahéighan in the other Nordic coun-
tries, reflecting a general rise in income inequality from fdfither to the daughter generation.
From the pair-wise comparisons we find that both elast&#igd correlations are significantly
lower for the Nordic countries than for the U.K. or and U.Simates. Comparing U.S. with
the U.K. there is no statistically significant differencee intergenerational mobility for the
daughters.

Our linear model results are broadly in line with those fofmdsons in previous studies.
More than twenty estimates have been produced for U.S. mamydihe last fifteen years and
elasticities seem to cluster in the region 0.35 - 0.5, Sok@®2), Corak (2004), although a
recent study suggests even higher persistence, Mazun@#s)(2Nhile few studies consider
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women, Chadwick & Solon (2002) report estimates in the rarfi@e3%-0.49, based on family
income, somewhat lower than the corresponding estimatsofus.

The first U.K. elasticity estimate of 0.36 based on weeklyneas, from sons of the city of
York, Atkinson (1981), Atkinson et al. (1983) is very sintita ours. The high estimate of 0.57
in Dearden et al. (1997) is commonly cited as an indicatontfrgenerational mobility in the
U.K., but this is an IV-estimate using father’s schoolingaasnstrument. Acknowledging the
upward bias likely to be involved, recent U.K. studies likaiden et al. (2004) use standard
least squares and report elasticities somewhat below outhd 1958 cohort, 0.18 for sons
and 0.31 for daughters. As we both use the NCDS data, the diveegeflects in part the fact
that we use data for older offspring, including outcomegat4l and not only at 33.

For Sweden, Bjorklund & Jantti (1997) report an (IV) estimatefather-son pairs of 0.28
and elasticities in more recent studies based on regist@adasimilar, (e.g. 0.24 in Bjorklund
& Chadwick 2003). Earlier estimates of intergenerationabme elasticity in Finland are in
the same range as in this paper. The individuals in the saim@sterbacka (2001) are born
during 1950-1960, and observed three times when they aneebat25 and 45. The elasticity
estimates are 0.13 for pairs of father-son and 0.10 for fathaghter pairs. In Pekkala &
Lucas (2005), the elasticity estimates for offspring bd®8-1960 is 0.23 for sons and 0.17
for daughters. They observe earnings for the offspring inymeears, between ages of 25 and
59. For the parent’s generation, they use mean parentddleakacome. Recent Norwegian
studies include Bratberg et al. (2005) who report an integgaional elasticity of 0.13 for both
sons and daughters born in 1960. For Denmark, Eriksson EG5) report a significantly
higher estimate of 0.29 for both genders, when offspringeve@rnings are measured at age
47. Unlike most other Nordic studies, these are based onvaysdata. Bonke et al. (2005),
who restrict both offpsring and parental age much like welid,use a 5-year average of
father’s earnings, report an elasticity of .240 for men &t .for women.

Mobility matrices and summary indices

We now examine the income quintile group transition masr@ed the indices that are based
on these. The full mobility tables, based also on sampldsinichude zero earners (in both
generations) are shown in the appendix. To facilitate corspa of intergenerational mo-
bility across countries, we focus on mobility matrices,,ivee look at how the children are
distributedconditional on father’s statu$? Table 3 reports summary measures of intergener-
ational mobility based on the quintile mobility matricesveall as all pairwise cross-country
comparisons for each these indices.

For men, all four summary measures identify the United Statethe country with least

19The unconditional cross tabulations are available fromatliiors on request. The U.S. data, based as on
surveys with varying sampling probabilities, supply saimgpleights that should be used to generate unbiased
estimates. We use those but rescale the weights to sum tdeseattper than population size. Thus, for these data
sets the raw counts in the appendix can take non-integeevawen if they sum (approximately) to the actual
number of underlying cases.
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Table 3 Pairwise comparisons for selected parameters — mobilityixiadices

A. Men B. Women
Mobility index: Mt
Estimate Fi No Sw UK US Estimate Fi No Sw UK US
De 0923 <ol >ol <ol <ol > De 0945 <o <ol <ol >ol >ol
[0.9190.928 (323) (399) (198 (138 (0.0) (09410950 (176) (6.8) (41)  (327) (249
Fi 0.928 >0 >ol <ol > Fi 0.954 >0 >0l >0l >ol
(0.9120.944 (282) (483) (261) (0.0) (0.937,0.970 (438) (451) (174) (157)
No 0.922 <ol <ol > No 0.952 <ol >ol >ol
[0.9160.929 (166) (123) (0.0 [0.9450.959 (483) (164) (16.0)
Sw 0927 <ol > Sw 0952 >ol >ol
[0.921,0.933 (209) (0.0) (0.946,0.958 (155) (155)
UK 0.938 > UK 0.940 >0l
[0.9130.962 (0.0) [0.9160.963 (36.5)
us 0857 . us 0932
[0.8220.892) [0.8940.969
Mobility index: My
Estimate Fi No Sw UK US Estimate Fi No Sw UK US
De 0776 <o <ol >ol <ol > De 0834 <o <ol <ol <ol >ol
[0.7670.789 (83) (413) (431) (492) (0.0 [0.8250.843  (116) (46) (202) (336) (228
F| 0804 >o| >0| >0| > F| 0858 >0| >o| <o| >o|
[0.7590.848 (109) (7.8) (241) (0.0 (0.817,0.899 (360) (222) (596) (152)
No 0.778 >ol <ol > No 0.849 >ol <ol >ol
[0.7640.79] (362) (523) (0.0 (0.8350.863 (230) (529) (17.0)
Sw 0774 <ol > Sw 0841 <ol >ol
[0.7610.787 (469) (0.0) (0.8280.855 (432) (19.8)
UK 0.787 >ol UK 0.864 >ol
[0.6950.878 (0.1) [0.7640.963 (184)
us 0653 us 0798
[0.5940.711) [0.6750.921]
Mobility index: Mg
Estimate Fi No Sw UK US Estimate Fi No Sw UK US
De 0832 <ol >0l >ol ol > De 0869 <ol < <ol >ol >
(08230840  (433) (392) (05 (37.4) (00 (08600877 (7.8) (01)  (30) (499 (10
Fi 0.834 >0l >ol ol > Fi 0.887 <ol >0l >0l >
(0.810,0.857 (372) (75) (350) (0.0) (0.8640.910 (358) (346) (188) (0.3)
No 0.829 >ol ol > No 0.892 >ol >ol >
[0.8180.841 (29) (425 (0.0 (0.881,0.903 (8.6) (9.3) (0.2)
Sw 0815 <ol > Sw 0881 >ol >
[0.8050.824 (289) (0.0) [0.871,0.89] (237) (0.3)
UK 0.825 > UK 0.868 >0
[0.7900.860 (0.1) (0.8350.90] (2.6)
us 0718 us 0808
[0.669,0.768 [0.757,0.858
Mobility index: Mg
Estimate Fi No Sw UK US Estimate Fi No Sw UK US
De 1373 <o  >ol >ol >ol > De 1434 <o <ol <ol <ol >ol
[1.3631.387 (391) (85  (267) (491) (0.0 (14241444  (60) (13) (31) (246) (102)
Fi 1.378 >ol >ol >ol > Fi 1.463 >ol >ol >ol >ol
(13441411 (17.8) (292) (424) (0.0) [1.4291.497 (320) (238) (356) (32
No 1.360 <ol <ol > No 1454 >ol >ol >ol
[1.3461.374 (234) (349) (0.0) (1.4401.469 (338) (47.1) (37
[1.3551.380 (454) (0.0) [1.437,1.462 (482) (4.7)
UK 1.372 > UK 1.451 >0l
[1.3231.421] (0.0 (1.4041.499 (7.2)
us 1198 us 1383
[1.1331.264 [1.3081.459

Note: For all the mobility indices greater values suggesatgr mobility. See equations 1 to 4 for definitions and
interpretation. See Table 2 for an explanation of the stineocdf the entries.
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intergenerational income mobility. But apart from this fimgli there appear to be only rel-
atively small differences between the various countries| the ranking is to some extent
measure-dependent. In particular, it is no longer the dasethe U.K. is unambiguously
placed between the U.S. and the Nordic countries. Regardfaskich of the matrix-based
measures one looks at, the U.K. is not significantly diffefesm the Nordic countries. For
women, the picture is even more blurred. The only crystaéickesult is that there is less
intergenerational mobility in the U.S. than in the other minies. For men, this difference is
in every case statistically significant. For women, it is enoften the case that the difference
fails to be significant at conventional levels. Note alsd tha Nordic ranking differs from the
linear model. Denmark is not highest and Sweden not nedlystber highest.

We now turn to the estimated mobility matrices. The full midpmatrices, both excluding
zero father-offspring pairs and including them, are showiliables 12- 15 in the Appendix.
First, for men, the Nordic countries are relatively similarall parts of the bivariate father-
offspring earnings distribution. In particular, approstaly 25 per cent of sons born into the
poorest quintile remain in that position themselves, whileund 10-15 per cent reach the
very top quintile (compared to the 20 per cent who would hanged up in each of these two
states if the distribution of offspring earnings was cortgdierandom). The bottom-to-top
mobility is significantly larger in Denmark than in the otidwrdic countries. The persistence
of very high incomes is much larger than the persistencenyfleg incomes in all the Nordic
countries — around 35 per cent of sons born into the richastituremain in that position.

An interesting set of cross-country differences emergafitee study of the extreme cells,
or “corners” of the mobility matrix, shown for both sons aralidhters in Table 4. Comparing
the Nordic matrices with those of the U.S., there is one diffiee that immediately stands
out as significant, substantively as well as statisticaltg that is the much lower upwards
mobility out of the poorest quintile group in the U.S. Morath40 per cent of U.S. males born
into this position remain there. For this away-from-thettxm mobility measure, the U.K. is
much more similar to the Nordic countries than to the U.S.e plobability that the son of
a lowest-quintile father makes it into the top quintile good “rags-to-riches” mobility — is
lower in the U.S. than in all other countries, statisticallynificantly so for Denmark, Norway
and the U.K. These two findings — higher low-income persisteand a lower likelihood of
rags-to-riches mobility — seem to us quite powerful evideagainst the traditional notion of
American exceptionalism consisting of a greater rate ofarpveocial mobility than in other
countries. In light of this evidence, the U.S. appears toxmejgtional in having less rather
than more upward mobility.

Another interesting difference between the U.S. and thalldarountries is that of top-
to-bottom downwards mobility. Fewer than 10 per cent of Ur@les born into the richest
quintile take the step all the way down to the bottom quintikile this is typically the case
for around 15 per cent of Nordic males. And at this point, th&.Us more similar to the
U.S. than to the Nordic countries. As pointed out already Wgirson (1981, p 213), there is
less long-distance mobility down from the top than therepiward mobility from the bottom.
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Table 4 Pairwise comparisons for selected parameters — conditpyo@ability of being in
the extreme diagonal and antidiagonal cells

A. Men B. Women
Pr(Offspring in lowest quintile group| Father in lowest group)
Estimate Fi No Sw UK US Estimate Fi No Sw UK US
De 0247 <ol < <ol < < De 0235 <ol >0l <ol >0l <ol
(02400254 (1.3) (0.0) (41) (03) (00) [0.2280.243  (440) (47.7) (283) (451) (252)
F| 0278 . <0| >o| <0| < FI 0238 . >0| <0| >O| <0|
[0.2530.303 (398) (80) (149) (0.0) (0.2120.264 (425) (482) (407) (296)
No 0.282 . . > <ol < No 0.235 . . <ol >ol <ol
[0.2720.292 (00) (160) (0.0 [0.2240.246 (288) (462) (246)
Sw 0258 . . . <ol < Sw 0239 . . . >0 <ol
[0.2480.267) (14) (0.0 [0.2300.249 (37.2)  (295)
UK 0.303 < UK 0.232 . . . . <ol
[0.2640.342 (0.0) [0.196,0.268 (24.7)
us 0422 . . . . . us 0256
[0.362,0.481] [0.201,0.310
Pr(Offspring in highest quintile group| Father in lowest group)
Estimate Fi No Sw UK US Estimate Fi No Sw UK US
De 0144 > > > >ol > De 0160 >0 > >ol <ol >
[0.1380.150  (0.3) (0.0) (0.0) (80) (0.0 (0.1530.166 (2.1) (04)  (03) (473) (0.2
Fi 0.113 . <o >o <o >ol Fi 0.136 . <o <o <o = >ol
[0.0940.133 (278) (352) (316) (5.2) (0.1130.158 (275) (223) (99 (48
No 0.119 . . >ol <ol >l No 0.143 . . <ol <ol >
[0.1110.12§ (33)  (441) (16 (0.1340.153 (398) (142) (16)
Sw 0109 . . . <ol >ol Sw 0145 . . . <ol >
[0.1010.11§ (204)  (54) 0.1370.153 (165) (13)
UK 0.122 . . . . >ol UK 0.162 . . . . >0
[0.0930.152) (35) [0.1300.194 (0.8)
us 0079 . . . . . us 0097
[0.0440.113 [0.0620.132
Pr(Offspring in lowest quintile group| Father in highest group)
Estimate Fi No Sw UK US Estimate Fi No Sw UK US
De 0153 >ol > ol <ol > > De 0172 >ol >ol >ol >ol <ol
[0.1460159  (430) (122) (35 (0.1) (0.3) [0.1650.179  (499) (468) (100) (12) (39.7)
F| 0151 . >0| <0| >0| >0| F| 0172 . >o| >0| >O| <0|
(0.1290.173 (371) (17.1) (0.8) (1.0 (0.1480.196 (503) (303) (33) (404)
No 0.146 . . <ol > > No 0171 . . >0 >ol <ol
[0.137,0.155 (0.4) (05 (08) [0.1620.181 (162) (1L5) (389)
Sw 0163 . . . > > Sw 0165 . . . >0l <ol
[0.1540.171] (0.0) (0.1 [0.1560.173 (37) (304
UK 0.107 . . . . >ol UK 0.134 . . . . <ol
[0.079,0.134 (32.2) (0.1030.166 (8.8)
us 0095 ) . . . . us 0180
[0.0550.135 [0.1230.237
Pr(Offspring in highest quintile group| Father in highest group)
Estimate Fi No Sw UK US Estimate Fi No Sw UK US
De 0363 >ol >ol <ol > >ol De 0320 >ol >ol <ol >ol <ol
[0.3560.37]  (134) (113) (104) (0.1) (482) (03120327  (347) (183) (290) (205) (323)
F| 0347 . <0| <0| >0| <0| F| 0313 . >0| <o| >o| <0|
(0.3210.374 (325) (52) (19) (366) (0.287,0.340 (496) (256) (335) (272
No 0.354 . . <ol > <ol No 0.313 . . <ol >0l <ol
[0.3430.366 w7 (03 (440 [0.3020.324 (9.9) (320) (256)
Sw 0371 . . . > >0l Sw 0323 . . . >0l <ol
(0.361,0.381 (00) (376 (0.3130.334 (159)  (36.4)
UK 0.297 . . . . <ol UK 0.303 . . . . <ol
[0.259,0.335 (5.1) (0.2650.34] (198)
us 0360 . . . . . us 0338
[0.297,0.422 [0.270,0.407)

Note: See Table 2 for an explanation of the structure of tiemn
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The probability that the son of a rich father remains in thaug is highest in the U.S. and
lowest in the U.K., but not statistically significantly sohd persistence of high earnings is
very similar in the U.S. and the Nordic countries.

In more central parts of the bivariate income distributjoas shown in Tables 12- 15
in the Appendix, all six countries are remarkably similapant we shall return to in our
concluding comments. Hence, we conclude that most of ttierdifce reflected in elasticity
and correlation measures discussed above reflect the plkeeoonthat mobility out of the
lowest earnings quintile group is much lower in the U.S. timatine other countries, and that
mobility from the top to the bottom of the earnings distribuas is lower in both the U.S. and
the U.K. than in the Nordic countries.

For daughters, the picture is again much more blurred, ared differences between coun-
tries are not statistically significant at conventionah#igance levels. A point to note, how-
ever, is that daughters born into poor families in the U.Seh@amuch higher probability of
climbing up the income distribution than their brothersdaVhe out-of-poverty mobility for
women is almost at the same level as for the other five cogntrie. around 75 per cent.
However, very few of them (around 9 per cent according to thetgstimate) reach the very
top quintile. This bottom-to-top mobility seems to be higimeall the other countries (around
15 per cent). Apart from this, there are only minor differesbetween the mobility matrices
for the different countries.

In conclusion, a fairly rich picture emerges from an exarnioreof the transition proba-
bilities combined with the elasticities and correlatioAsimittedly, the comparable data that
we could construct suffer from the well-known short-comihgt having only a single year of
parental income data tends to bias the estimated elassicitiwnward. The bias may well vary
across countries and is likely to affect the mobility takdsswvell. However, a comparison of
our regression-based results suggest the same orderitigesisvithin-country studies, where
this bias has been reduced. The mobility matrices enriclpmiure of the orderings gener-
ated by the elasticities and correlations, in particulallowing us to examine persistence and
movements in various parts of the distribution.

Sensitivity analyses

This section contains results from several sensitivityckbe We show that some potentially
crucial limitations imposed by the U.K. data do not havea@ssiimplications for our cross
country comparisons. First, a single year of earnings ispafse, a noisy measure of perma-
nent earnings. Since we have but a single year of parentaihgar we know our regression
coefficients are likely to be downward-inconsistent esteaaf the population parametefs.
The impact of such attenuation bias on the cross-countrypeoisons can be assessed by

UThis is not necessarily a reason for preferring mobilitynicat, however, as measurement errors in earnings
lead to both biased estimates of the percentiles (deperatindpe exact type of measurement error) and to
classification error. It is possible that, as in the regmssioefficient case, use of annual rather than long-run
incomes lead us to underestimate mobility.
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means of extended data for the United States and the Norditrees. We find it unlikely that
the Nordic-U.S. differential is explained by measuremeanbre since it would require that
Nordic register data were less reliable than the self-tepldd.S. measure of parental income.
Moreover, transitory earnings shocks are unlikely to beemmportant in countries with less
wage dispersion and lower unemployment.

Our expectation is lent support by the results in Tables @#i&re we have replaced the
single year observation with the average of two years ofrgateéncome for the United States,
Finland, Sweden and Norway. For Sweden and Finland, we baoikhrnings observations five
years apart, in the census years 1970 and 1975. For Norwagped an eight-year average of
annual earnings, but the Norwegian results are not verytaen® the exact number of years.
For the NLSY, we include a two-year average of father’s fgrimtome. In all cases, our data
are unbalanced, i.e., we use all cases that contribute sttde@ valid income observation.
Focusing on males, we find higher regression coefficientdlinoantries, except Norway
where the estimate is about the same (Tab&3ylost important, the ordering of countries
remains intact and the magnitude of the cross-countryréiffees are hardly affected. As the
dispersion of parental earnings falls when we use a two ywemage, the correlation coefficient
is less affected than the elasticity and it actually dropsvi@ of our four countries.

A two-year average of family income raises the value of théilitgp matrix-based indices
in Table 6 for the U.S. males and they drop a little for the Nwbuntries. Thus, the differ-
ences between the Nordic countries and the U.S. are nowesritadin before, but the Nordic
countries still display significantly more mobility tharett).S.. Finally, examination of the
four “corners” of the mobility matrix (Table 7) still suggssthat the U.S. has the greatest
persistence of poverty, has lower extreme movements andlighgly greater persistence of
riches. The main difference is that our comparisons acrosstdes of the probability that
the son of a poor father ends up in the top quintile group gregriches”) no longer provide
unambiguous evidence. The confidence intervals remairlapg@ng, but the upward long-
distance mobility is lower, albeit not statistically sioantly so, in the U.S. than in Sweden,
Norway and Finland.

For women, the earnings persistence, measured by regressiccorrelation coefficients,
are higher in all countries but the comparative perspeaiv@&ordic countries vis a vis the
United States remains. Just like in our base case, no firmusions can be drawn from the
mobility indices and matrices.

The second issue relates to weekly versus annual earningsef@ffspring generation.
While the literature typically provides evidence using aasmaeasures, only weekly earnings
are available for the U.K.. Since adult unemployment is naxdioelated to family background
and the unemployment insurance replacement ratio is bethaty, wne might expect that the
effect on annual earnings exceeds the effect on weeklyreggnirhe former also captures the

12In Norway, there are two different issues. Lengthening itme-period during which father’s are observed
would lead to a smaller transitory variance, but this alémna for a less restrictive sample, allowing for greater
heterogeneity.
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Table 5 Sensivitity analysis using multi-year average of pareimebme: Pairwise compar-

isons for selected parameters — regression and correlaigfficients

A. Men B. Women
Elasticity B

Estimate No Sw US Estimate No Sw US
Fi 0.213 > <q @< Fi 0.099 <ol < <

[0.1720253 (0.4) (17) (0.0) [0.0610.137 (168) (0.0) (0.0)
No 0.150 < < No 0121 < <

[0.1320.168 (0.0) (0.0) [0.0990.143 (0.0) (0.1)
Sw 0267 < Sw 0204 . <ol

[0.241,0.293 (0.0) [0.1790.229 (4.0)
us 0531 . us 0307 .

[0.456,0.606 [0.2000.415

Correlation Bop/0o

Estimate No Sw US Estimate No Sw US
F| 0179 >0l >ol < F| 0087 <0| <o| <0|

[0.1500.208  (15) (1.0) (0.0) [0.0590.114  (347) (113) (17)
No 0.142 >ol < No 0.093 <ol <ol

[0.127,0.157) (451) (0.0) [0.079,0.107) (9.9 (19
Sw 0.140 < Sw 0105 <ol

[0.1280.153 (0.0) [0.0940.11§ (4.5)
us 0347 us 0153

[0.3020.391] [0.101,0.205

Note: See Table 2 for an explanation of the structure of thieesn

Table 6 Sensivitity analysis using multi-year average of pareimebme: Pairwise compar-
isons for selected parameters — mobility matrix indices

A. Men B. Women
Mobility index: Mt

Estimate No Sw US Estimate No Sw us
Fi 0.926 >ol ol > Fi 0.955 >ol ol ol

(09100941  (200) (180) (0.3 (0.9390.97]  (319) (223) (183)
No 0.918 >ol > No 0.951 >ol >ol

[0.911,0.925 (47.0)  (05) (0.9440.958 (3L0) (231
Sw 0918 > Sw 0949 >ol

[0.9120.924 (0.5) [0.9430.955 (27.1)
us 0872 us 0937

[0.8380.905 [0.9000.973

Mobility index: Mg

Estimate No Sw US Estimate No Sw US

(13291394  (158) (324) (00) (14201489  (27.2) (225) (4.3)
No 1343 <ol > No 1442 >ol ol

[1.3291.357) (161) (0.0) (1.4271.458 (413) (6.0
Sw 1353 . > Sw 1440 >ol

[1.340,1.366 (0.0) [1.427,1.453 (6.7)
us 1201 us 1384

[1.1381.264 [1.3131.455

Note: See Table 2 for an explanation of the structure of theemn

21



Table 7 Sensivitity analysis using multi-year average of pareimebme: Pairwise compar-
isons for selected parameters — conditional probabilitpehg in the extreme diagonal and
antidiagonal cells

A. Men B. Women
Pr(Offspring in lowest quintile group| Father in lowest group)
Estimate No Sw US Estimate No Sw us
[02560.307 (301) (2563) (0.1) (0.2180.268  (486) (50.0) (512
No 0.290 >0 < No 0.242 <o <ol
[0.2790.300 (09) (0.3 [0.231,0.253 (440)  (49.8)
Sw 0272 < Sw 0244 >0l
[0.262,0.281] (0.0) [0.2340.253 (50.8)
us 0379 . us 0243
[0.326,0.431 [0.1910.295
Pr(Offspring in highest quintile group| Father in lowest group)
Estimate No Sw US Estimate No Sw us
F| 0119 >0| >0| >0| F| 0129 <0| <o| >o|
[0.0990.138 (324) (5.6) (132 [0.1070.150  (236) (295) (124)
No 0113 >0l >ol No 0.138 >0l >ol
[0.1050.121 (20) (16.9) (0.1280.147 (37.3) (42
Sw 0102 >0l Sw 0135 >0
[0.094,0.109 (38.3) (0.127,0.144 (5.1)
us 0096 us 0102
[0.0620.129 [0.0640.140
Pr(Offspring in lowest quintile group| Father in highest group)
Estimate No Sw US Estimate No Sw us
Fi 0.145 >0 <ol ol Fi 0.176 >ol >ol <ol
[0.1230.167  (430) (56) (3.0 (01520200  (26.0) (183) (47.9)
NO 0142 < >o| NO 0167 >o| <o|
(0.134,0.15] (0.0) (24 [0.157,0.177 (328) (347)
Sw 0165 > Sw 0164 <ol
[0.157,0.174 (0.2) (0.1560.172 (30.3)
us 0102 us 0178
[0.0650.139 [0.1280.228
Pr(Offspring in highest quintile group| Father in highest group)
Estimate No Sw US Estimate No Sw us
Fi 0.353 <o <o <ol Fi 0.319 >0 <ol <ol
[0.3260.380  (420) (86) (314) [02910.346 (37.3) (263) (338)
No 0.357 <ol <ol No 0.313 <ol <ol
[0.3460.368 (17)  (346) [0.3020.324 (24)  (266)
Sw 0373 >ol Sw 0329 <ol
[0.3630.383 (46.3) (0.3190.339 (44.9)
us 0370 us 0334
[0.3120.427) [0.2730.395

Note: See Table 2 for an explanation of the structure of tiemn

22



€c

Table 8 Sensitivity analysis on using weekly incomes: Pairwise jparisons for selected parameters

Regression and correlation

A. Men B. Women
Elasticity B

Estimate US Estimate US
UK 0.306 < UK 0.331 >ol

(02420370 (0.1) [0.2230.440  (9.2)
us 0462 . us 0237

[0.3940.529 [0.1540.319

Correlation Bop/00

Estimate US Estimate us
UK 0.198 < UK 0.141 <ol

[0.1560.240  (0.0) (0.0990.183  (27.2)
us 0354 . us 0163

[0.300,0.409 [0.1080.217)

Mobility indices

Regression and correlation
Mobility index: Mt

The conditional corner probabilities

Estimate US Estimate us
UK 0.938 >ol UK 0.940 <ol

[0.9130.967  (36) [0.9160.963  (16.6)
us 0.898 . us 0961

[0.8630.932 [0.926,0.996

Mobility index: Mg

Estimate  US Estimate US
UK 1.372 > UK 1.451 >ol

[1.3231.421]  (0.0) (14041499 (4.7
us 1213 . us 1375

[1.1461.281] [1.3021.447

A. Men B. Women
Pr(Offspring in lowest quintile group| Father in lowest group)
Estimate US Estimate  US
UK 0.303 <ol UK 0.232 >ol
(02640342  (48) [0.1960.268  (44.8)
us 0362 . us 0227
[0.3060.418 [0.177,0.277
Pr(Offspring in highest quintile group| Father in lowest group)
Estimate US Estimate  US
UK 0.122 >0l UK 0.162 >
(0.0930.157  (6.4) [0.1300.194  (0.3)
us 0085 . us 0094
[0.050,0.120) [0.0620.12§
Pr(Offspring in lowest quintile group| Father in highest group)
Estimate US Estimate  US
UK 0.107 >ol UK 0.134 <ol
00790134  (4.9) (01030166  (488)
us 0067 . us 0137
[0.0310.103 [0.0880.186
Pr(Offspring in highest quintile group| Father in highest group)
Estimate  US Estimate  US
UK 0.297 <ol UK 0.303 <ol
[0.2590.335  (287) [0.2650.341  (452)
us 0318 . us 0309
[0.260,0.377 [0.2400.379

Note: See Table 2 for an explanation of the structure of theemn




impact from family background on weeks of paid work during tlear. When, for the U.S.,
we divide annual earnings by the reported number of weekkadaturing the last year, we do
find lower estimates of intergenerational earnings pensc#, in Table 8. (Note that reliable
register information on hours worked per year among adutt mehe 1970s is not available
in the Nordic countries.) For example, the elasticity fornagops from 0.517 to 0.466, but
the earnings persistence remains significantly higherarllls. than in the U.K..

Turning to the mobility measures, the two indices confirmrégult of higher mobility in
the U.K., although with g-value of 3.6 percent for the trace indéWy. For the corners of
the mobility matrix we find that persistence is lower and nigbis higher in the U.S. when
we use of weekly earnings for sons. This suggests that gyamerational disadvantage in the
U.S. may show up in working time and in unemployment. Thishier implies that our base
case tends to exaggerate the difference in mobility betvleerJ.K. and the U.S.. On the
other hand, this also suggests that the differences betthiedd.K. and the Nordic countries
are larger, since the use of weekly earnings tends to giverlpersistence and more mobility
than measures based on annual outcomes. For women, theyecisan U.K.-U.S. pattern
when we use weekly earnings as different measures give @pesults.

Table 9 Sensitivity analysis on using family income: Pairwise camgons for selected pa-
rameters — regression and correlation coefficients

A. Men B. Women
Elasticity 3

Estimate No Sw UK US Estimate No Sw UK US
Fi 0.220 > > < < Fi 0.112 <o <o < <

[0.1810.260  (0.0) (25_01|) (183 (0.0) [0.0740.150 (44.04) (2.3) (0.0 (0.1)
No 0133 . < < < No 0116 . <o < <

[0.117,0.148 (00)  (0.0) (0.0 (0.096,0.136 (03 (00) (01
Sw 0204 . . < < Sw 0159 . . < <ol

[0.1790.229 (02) (0.0) [0.1360.183 02 (10)
UK 0.306 . . . < UK 0.331 ) . . >ol

[0.2420.370 (0.0) [0.2230.440 (27.1)
us 0517 . . . . us 0283

[0.4440.590 [0.1810.385

Correlation Bop/00o

Estimate No Sw UK US Estimate No Sw UK US
Fi 0.190 > > <o < Fi 0100 ~ >  >o <o <ol

[0.1600.219 (0.0) (0.0) (37.8) (0.0) [0.0720.128  (328) (316) (62) (3.2
No 0126 . >0 < < No 0093 . > <o <ol

[0.1130.140 (320) (01)  (0.0) [0.0790.10§ (490) (20) (1.0
Sw 0122 . . < < Sw 0092 . . <o <

[0.1090.135 (00)  (0.0) (0.080,0.104 (18) (10
UK 0.198 . . . < UK 0.141 . . . <ol

[0.156,0.240 (0.0) [0.0990.183 (30.3)
us 0357 . . . . us 0160

[0.306,0.409 [0.1050.215

Note: See Table 2 for an explanation of the structure of ttieesn

The third check is related to the unit for which earnings aesmsured in the parents’
generation. In the Nordic countries economic resourcesguhildhood and adolescence is
measured by the father’s labour earnings while family inedrom all sources are available
for the U.S. and U.K.. Income information on 'other sourcag® not available in Nordic
registers of the 1970s, but we have replaced father's eggmiith the sum of both parents for
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Table 10 Sensitivity analysis on using family income: Pairwise camgons for selected pa-
rameters — mobility matrix indices

A. Men B. Women
Mobility index: Mt
Estimate No Sw UK US Estimate No Sw UK US

Fi 0.913 <o < <ol > Fi 0.954 >0l <ol ol ol

[0.8970.929 (60) (0.0) (53) (0.3) [0.937.097Y (37.2) (464) (168) (15.1)
No 0.927 < <ol > No 0951 <ol >ol >ol

[0.9200.934 (0.0) (210) (0.0 (0.9440.95§ (180) (191) (17.6)
Sw 0943 >ol > Sw 0955 >ol >0l

[0.937,0.949 (333) (0.0 [0.9490.961] (105) (124
UK 0.938 . > UK 0.940 >ol

[0.9130.962 (0.0) [0.916,0.963 (36.5)
us 0857 . us 0932

[0.822,0.892 [0.894,0.969

Mobility index: Mg
Estimate No Sw UK US Estimate No Sw UK US

Fi 1.325 < < <ol > Fi 1.446 >ol <ol <ol >l

[1.2941.35§ (03) (0.0) (58  (0.1) (1412148Y (27.3) (199) (441) (7.2
No 1372 < <ol > No 1434 < <ol >0l

[1.3581.386§ (0.0) (522) (0.0 (1.4191.449 (0.3) (255)  (103)
Sw 1414 >ol > Sw 1463 >ol ol

[1.4021.427 (5.4)  (0.0) [1.4501.476 (335)  (2.2)
UK 1.372 > UK 1.451 >ol

[1.3231.421] (0.0) [1.4041.499 (7.2)
us 1198 . us 1383

[1.1331.264 [1.3081.459

Note: See Table 2 for an explanation of the structure of tiemn

Finland, Norway and Sweden and make new comparisons withetbe case estimates for the
U.K and U.S, in Tables 9 — 11. For men, the elasticities as agltorrelations are lowered
for Norway and Sweden. In Finland, however, persistenceres more similar to what we
find in the U.K. and is significantly lower than in the U.S. anlfurning again to mobility
measures for men, the indices still show that mobility inNtoedic countries is higher than in
the U.S., but not significantly different from the U.K. Theotaers” of the mobility matrix for
males suggests the same ordering of countries as in our assefor women, the results are
unchanged if we use the sum of parents’ earnings rather #therfs earnings.

We have conducted a further sensitivity check (numbers eydrted here), namely that
of excluding from the U.S. data those father-offspring paho belong to minority groups,
i.e., blacks and hispanics. The probability that the whita-hispanic son of a lowest quintile
group father remains poor is only marginally lower than foe full sample (.381 compared
to base case .422) and still substantially higher than ferUtK. or the Nordic countries.
The regression elasticity is a little higher. We concludat this not the inclusion of racial
minorities in the U.S. data that accounts for its greatergenerational income persistence.

In all cross-country studies based on the construction tbmal evidence from differ-
ent data-generating processes, comparability is crudiake sensitivity analyses show that
our central conclusions hold and are not sensitive to thecpéar data differences we have
identified.
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Table 11 Sensitivity analysis on using family income: Pairwise camgons for selected pa-
rameters — conditional probability of being in the extrermrsgdnal and antidiagonal cells

A. Men B. Women
Pr(Offspring in lowest quintile group| Father in lowest group)
Estimate No Sw UK US Estimate No Sw UK US
Fi 0281 <o >o <o @< Fi 0224 <o <o <o <o
[0.2550.306 (500) (22) (180) (0.0) [0.2000.249 (255) (207) (374) (16.1)
No 0281 . > <q < No 0234 . <ol o <ol
[0.2700.292 (0.0) (150) (0.0) [0.2230.245 (412) (475 (239)
Sw 0253 . . < < Sw 0236 . : >o <ol
[0.2430.262 (0.7)  (0.0) [0.227,0.246 (434) (26.0)
UK 0.303 < UK 0.232 . . . <ol
[0.264,0.342 (0.0) [0.1960.268 (24.7)
us 0422 . . . ) us 0256
[0.3620.481 [0.201,0.310
Pr(Offspring in highest quintile group| Father in lowest group)
Estimate No Sw UK US Estimate No Sw UK US
F| 0105 <0| <0| <o| >o| F| 0140 >0| <0| <o| >0|
[0.0860.124  (38) (146) (17.7) (102) (01180167 (360) (463) (141) (31)
No 0.124 . >ol >ol > No 0.135 . <ol <ol >ol
(0.1150.133 (89) (4700 (09 [0.1250.145 (176) (58 (35
Sw 0116 . . <ol  >ol Sw 0141 . . <ol >
(0.1090.123 (359) (2.2) [0.1330.149 (111 (19
UK 0.122 . . . >0 UK 0.162 . . . >0l
[0.0930.152) (3.5) (0.1300.194 (0.8)
us 0079 . . . . us 0097
[0.0440.113 [0.0620.132
Pr(Offspring in lowest quintile group| Father in highest group)
Estimate No Sw UK US Estimate No Sw UK US
Fi 0.138 <ol < >0l >ol Fi 0.159 <ol <ol >ol <ol
[0.1170.158 (223) (05) (41) (35) [0.1350.182  (462) (334) (118) (254)
No 0147 . < > > No 0160 . <o  >o <ol
[0.1380.156 (01) (0.4) (08) [0.152,0.17 (280) (85  (257)
Sw 0169 . . > > Sw 0164 . . >ol <ol
[0.1600.177 (0.0) (0.0 [0.1560.173 (3.8) (30.2)
UK 0.107 . . . >0l UK 0.134 . . . <ol
[0.0790.134 (322) [0.1030.166 (8.8)
us 0095 . . . . us 0180
[0.0550.135 [0.1230.237
Pr(Offspring in highest quintile group| Father in highest group)
Estimate No Sw UK US Estimate No Sw UK US
Fi 0.362 >0l >of > >0 Fi 0.328 >0 ol ol <ol
(03360388 (57) (35  (0.4) (498) [0.3020.355  (369) (7.9) (148) (421)
No 0.338 . >ol >ol <ol No 0.323 . >ol >ol <ol
[0.327,0.349 (369) (23) (257) (0.3110.335 (25) (167) (36.0)
[0.3260.345 (30) (230 [0.2980.317) (430) (201)
UK 0.297 . . . <ol UK 0.303 . . . <ol
[0.2590.335 (5.1) (0.2650.341 (198)
us 0360 . . . . us 0338
[0.297,0.422 [0.270,0.407

Note: See Table 2 for an explanation of the structure of thieesn
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5 Concluding comments

There is a substantial recent literature on the extent efgenerational earnings mobility for
different countries. We identify two significant shortcoxgs with much of this literature,
however. First, for the most part this literature examirtes éxtent of earnings persistence
across generations by the estimation of simple parent-ehésticities and correlations. We
know far less about the detailed nature of mobility and géesice at different points of the
bivariate distributions. Second, and perhaps more imptiytavery few studies are explic-
itly comparative in construction, relying instead on a camgon of estimates drawn from
independent country-specific studies. The current papeatiampted to extend the existing
literature by addressing both of these issues. Analysirilg tvaditional elasticities and the
rather more general mobility patterns that are possibleguiatile group mobility matrix, we
examine how mobility patterns vary across countries whemvp@se on the data and analysis
as much similarity across countries as possible.

Our results suggest that all countries exhibit substaesiahings persistence across gener-
ations, but with statistically significant differences@&s countries among men, not women.
Mobility among men is lower in the U.S. than in the U.K., whéris lower again compared
to the Nordic countries. Surprisingly, we find that most @ tnoss-country difference in in-
come correlations and elasticities is confined to ratheitéidnparts of the bivariate earnings
distribution: persistence is most pronounced in the tdith@® distributions. For example, the
difference between the U.K. and the Nordic countries is targd extent associated with the
lower downwards male mobility from the very top to the bottend of the earnings distribu-
tion in the U.K.. An even lower long-distance mobility frommettop is found for the United
States.

The main driver of the difference in the pattern of male igésrerational mobility in the
U.S. from that of each of the other countries in our study ésltiv mobility out of the lowest
quintile group in the United States. Indeed, it is very nedicle that while for all of the other
countries persistence is particularly high in the uppds @i the distribution, in the U.S. this
is reversed - with a particularly high likelihood that soffishee poorest fathers in the U.S. will
remain in the lowest earnings quintile. We view this as alehgk to the popular notion of an
“American exceptionalism” in economic mobility. Indeetietcombination of a high proba-
bility of American sons of the poorest fifth of fathers remagin the lowest quintile group,
the lower probability of “rags-to-riches” (poorest to regt) and slightly lower probability of
“riches-to-rags” (richest to poorest), places the notibAmerican exceptionalism in a new
light. The U.S., or at least the population of young U.S. nseems to be distinguished from
other countries by having greater low-income persisteratber than less, having fewer very
large positional changes across generations, rather tload, iand possibly having a greater
persistence of high income, rather than less.

While we are driven to make some non-ideal choices for our sampsing a single-year
average of parental income, weekly income and family inconpdace of father’s income —
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our sensitivity checks suggest that these are not resgerisitour country orderings and that
the main results established in the paper remain intact.

It is intriguing to speculate about why the U.S. public appé¢a believe the U.S. has more,
not less, social and economic mobility than other advan@gmms. One reason that may
account for the widespread belief is that it is the middlssts who primarily hold this belief.
An insightful article on this matter in the Financial Timedeav years ago (Griffith 2001)
suggests that the poor in the U.S. are fully aware of theirdbances of upward mobility but
the middle classes believe social mobility is prevalentt @aia may offer an insight into how
such a belief may be sustained. Namely, the “middle” of oubliy matrix, consisting of
the inner 3x 3 matrix, is remarkably similar across countries, sugggdtiat the U.S. middle
classes are quite as likely to be mobile as those in the U.thedNordic countries. Inthe U.S.,
such middle class moves are associated with fairly subatahianges in real living standards
(i.e., measured in actual dollars earned). We speculat¢htbdact that such changes in living
standards are experienced or witnessed by a substanttbfraf the U.S. population may
account for the widely held belief of substantial mobilifgecause this substantial fraction
of the U.S. population includes the median voter, suchuatis might help explain why there
is not more political pressure for mobility-promoting prdis in the country (cf. Alesina &
Glaeser 2004, ch. 3).

Finally, we note that international comparisons of intekg@ational mobility are often mo-
tivated by the light they may shed on the mechanisms behamdtnission of socio-economic
outcomes across generations. Such knowledge would innéwm public policy interven-
tions designed to decrease intergenerational inequifles understanding of the mechanisms
behind mobility should also be informed abautere in the distribution we have great per-
sistence. Our results suggest that increases in overallitpotould most likely occur from
interventions designed to increase the mobility of the yEgrest.

A Country data descriptions

Denmark The Danish data emanate from a longitudinal database, IDAghwcontains de-
tailed register information about individuals’ labour rketr status and earnings for each year
during the period 1980-2000 for all people resident in Demnrathose years, and which has
been merged with the so called fertility database which iges/detailed demographic infor-
mation about the individuals, their biological parents ardings. The sons and daughters
are born in 1958-60, and their earnings are measured in 1892@00. The fathers of the
offspring are 35-64 years of age when their earnings areune@a# 1980. The earnings mea-
sure includes wages, salaries and self-employment incochéh@a source of this information
is tax registers.

Finland The present Finnish data available come from the quinqaénansus panel cov-
ering the period 1970 to 2000. Attached to this data set,bsrlanarket statistics from the
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years 1987-2001. Information from registers have been udwmhever possible, and com-
pletely since 1990. The data set covers a representativelsaiFinnish residents in 1970,
and follows them and their household members over the yalvays gathering new house-
hold members who either move in with or are born to originalgdanembers (see Eriksson
& Jantti 1997).

We use the Census definition of a family in 1975 to define thesfatiffspring relation. We
choose those father-offspring pairs where the childrerewsern between 1958 and 1960 and
where the father was between 36 and 64 years old. The meari tigefathers in 1975 is 47.
The earnings measure equals wages and salaries plus gatiyenent income and stem from
tax records. The earnings of the father are measured in ¥8%5) the children were between
15 and 17 years old. The earnings of the offspring are medsurE93 and in 2000. In the
first wave, the offspring are 33-35 years old and in the seegmat, they are 40-42 years old
(see (see Statistics Finland 2001).

Norway The Norwegian sample consists of the complete 1958 birtlortpbxcluding for-
eign born later residents, offspring of immigrants and éhatio died before year 2000. Fa-
therhood is biological and given by the official birth regist A small proportion of cohort
members with a father without recorded earnings in any oyé#aes 1967-2001 or educational
attainment in the official education register, are alsowketl. Finally, the sample is restricted
to cohort members with a father aged 35-64 when fathersregsmé measured in 1974. Earn-
ings are from administrative records collected from taumes and other government agencies.
Earnings are annual, before tax/deductions and includesyaglf-employment income, un-
employment benefits and sick-leave payments. Capital inceomal assistance, pensions
and other transfers are not included. Fathers earnings easured at age 16, i.e. annual
earnings in 1974, while earnings of the cohort members assured in 1992 and 1999. The
same data sources have been used previously in studiesibéflny Bjorklund et al. (2002),
Bratberg et al. (2005), Raaum et al. (2003) and Raaum et al. Y2005

Sweden The Swedish data stem from Statistics Sweden’s adminiareggisters. We use
a 20 percent random sample of the cohort born in 1962. Thelsasprawn from those

born in Sweden and those who were born abroad but moved toeBwisefore the age of
17 years. The parent-offspring relationship is that defimg®tatistics Sweden in the 1975
Census household. Thus, we use a social definition of fatbdrhé/e measure this father’s
earnings in 1970, 1975 and 1980 and offspring’s earning9e®kand 1999. We include only
a single cohort of children, those born in 1962. They weretliBetime we measure their
father’'s earnings and 34 and 37 years old in 1996 and 200Gist&tsa Sweden’s earnings
originally stem from tax assessment report by individuald tom employers’ compulsory
reports to tax authorities. Note though that earnings oielself-employment income as well
as short-term sickness benefits.
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United Kingdom The National Child Development Survey (NCDS) began as a swivaly
children born in the U.K. in a particular week - March 3rd torgla9th - in 1958. Subsequent
follow-up surveys have been conducted in 1965, 1969, 199811,11991 and 1999/2000. The
NCDS is recognised as a very rich data set that forms the basmsuch of the leading work
on the empirical analysis of intergenerational mobilitghie U.K. (see, for example, Dearden
et al. (1997), Gregg & Machin (1999), Gregg & Machin (20004 &landen et al. (2004).

The third sweep of the NCDS, NCDS3 in 1974, provides infornmatio weekly net pay
of each parent and on all other sources of weekly net inconemwie child (that is, the cohort
member) was aged 16 years. This forms the basis of our meakpexental earnings. We
note that the underlying earnings variables are groupedliitearnings bands. The value
implemented is slightly off the interval midpoint, basedamtual distributions from the GHS
(General Household Survey). The earnings of offspring ase on information on current
gross weekly earnings both from NCDS5 in 1991, when offspwege aged 33 years, and
from NCDS6 in 1999/2000, when offspring were aged 41 yearardsn et al. (1997) have
compared the data on parental earnings in NCDS3 with data tfinenframily Expenditure
Survey of 1974. They find the estimated age-earnings pradilbs very similar and conclude
that the NCDS3 data on parental earnings are reliable. Wetlnattéhe average age of fathers
in 1974 was 46. Thus, although information on father’s inedmobtained when they are a
little older than offspring at the last date for which we havermation on offspring earnings,
the difference in age is not great. In our empirical analyssinclude controls for father’s
age. Information on father’'s age comes from the originalgl9&rvey and so we restrict the
analysis to natural fathers in 1974.

United States (NLSY) The National Longitudinal Survey of Youth is a nationallpresen-
tative sample of 12,686 young men and women who were 14-2(3 y#d when they were
first surveyed in 1979. These individuals are now in theilyefarties, and have been inter-
viewed annually through 1994 and biennially since 1996c&their first interview, many of
the respondents have made transitions from school to wotkfram their parents’ homes to
being parents and homeowners. These data form the basisitonier of influential studies
of the labour market outcomes of American men and women bothd 1950s and 1960s.
For youths living at home with their father at the time of th&ial survey, we use information
about family income as our measure of parental earningsfarhidy income variable pertains
to income earned during 1978, and includes any income froomaber of potential sources
such as wages, self-employment earnings, disability bsnafid social security. The sample
is restricted to those born in the United States and whoserfatas aged 35 to 64 in 1978.
Taking advantage of the sibling structure of the data, weahte to increase the sample size
by observing parental income of younger siblings stilldiyiwith their parents in 1979. In
sensitivity analysis, we also use family income in 1979. sTihformation is collected from
youths living with their father in 1980, and the sample iseexted, whenever possible, to in-
clude older siblings who have moved away from the family hoMé& base the analysis of
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offspring’s labour market status on data collected in 1996 2002. Earnings are measured
as the respondent’s total wage and salary income duringglleedar year prior to the survey,
that is, earnings are from 1995 and 2001. Included in the Eaarp only those with a valid
earnings record for at least one of those years.
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Table 12Intergenerational mobility tables — earnings quintileugrdransition matrices corrected for age for fathers and.sBrcluding zeros

Denmark (n = 59213)

Finland (n = 5458)

Son Son
Father oql 0qg2 oqg3 og4 0g5 Father oql 0g2 0oqg3 og4 0qg5
fql 0.247 0.226 0.194 0.189 0.144 fql 0.278 0.234 0.203 0.172 0.113
[0.2400.255 [0.2190.233 [0.1860.201] [0.1830.196  [0.1380.150 [0.2520.302 [0.2090.259  [0.1800.226  [0.1500.194  [0.0940.134
fg2 0.208 0.249 0.220 0.188 0.135 fg2 0.192 0.216 0.249 0.191 0.153
(02000215 [0.2420.256 [0.2130.227] [0.1810.194 [0.1290.141 [0.1660.216 [0.1940.240 [0.2250.273 [0.1680.214  [0.1330.173
fq3 0.188 0.211 0.224 0.207 0.171 fq3 0.177 0.198 0.219 0.216 0.189
[0.1810.194 [0.2040.21§ [0.2160.230 [0.2010.214  [0.1640.177 [0.1550.20] [0.1740.224 [0.1960.243 [0.1940.240  [0.1650.213
fq4 0.165 0.178 0.204 0.223 0.230 fg4 0.164 0.195 0.195 0.229 0.218
[01580.17] [0.1710.18§ [0.1970210 [0.2170231 [0.2230.237 [0.1410.18 [0.1690.22 [0.1710219 [0.2040.255  [0.1940.243
fg5 0.153 0.118 0.156 0.209 0.363 fg5 0.151 0.156 0.140 0.206 0.347
[0.1470.160 [0.1120.124 [0.1500.163 [0.2020.216§  [0.3550.371 [0.1290.173  [0.1370.179 [0.1170.162 [0.1810.229  [0.3210.375
Norway (n = 26656) Sweden(n = 31996)
Son Son
Father oql 0qg2 oqg3 og4 0g5 Father oql 0g2 0oqg3 og4 0g5
fgl 0.282 0.234 0.205 0.159 0.119 fql 0.258 0.243 0.215 0.176 0.109
(02720292 [0.2240.244 [0.195021F [0.1510.169 [0.1110.127 [0.2480.267 [0.2330.253  [0.2050.224  [0.167,0.184  [0.1020.11§
fg2 0.202 0.238 0.223 0.200 0.137 fg2 0.209 0.225 0.237 0.195 0.133
(01910212 [0.2280.248 [0.2120.233 [0.1900.209  [0.1290.147 [0.201,0.21§  [0.2160.235  [0.2280.246  [0.1850.204  [0.1250.141
fg3 0.188 0.209 0.215 0.210 0.177 fg3 0.183 0.211 0.219 0.223 0.164
[01780.198 [0.1990.219 [0.2040.22 [0.2000.220  [0.1680.187 [0.1740.192 [0.2010.220 [0.2100.229 [0.2140.237 [0.1550.173
fqd 0.173 0.183 0.204 0.221 0.218 fq4 0.175 0.177 0.196 0.218 0.234
[01630.183 [0.1730.193 [0.1940.214 [0.2110231 [0.2090.229 [0.1660.184 [0.1680.18 [0.187,0.205 [0.2080.227]  [0.2240.244
fg5 0.146 0.135 0.155 0.209 0.354 fg5 0.163 0.140 0.134 0.193 0.371
[0.1370.155 [0.1260.144 [0.1450.164 [0.2000.219 [0.3430.366 [0.1550.171] [0.1310.148 [0.1260.142 [0.1840.202 [0.3610.38]
UK (n =2205) USNLSY (n =1798)
Son Son
Father oql 0Qg2 0qg3 0g4 0qg5 Father oql 0g2 0oqg3 0g4 0qg5
fgl 0.303 0.235 0.165 0.174 0.122 fql 0.422 0.245 0.153 0.102 0.079
(02640342 [0.1990272 [0.1330.199 [0.1390.217 [0.0930.151 [0.3630.482 [0.1890.302 [0.1070.202 [0.0650.142  [0.047,0.11§
fq2 0.241 0.227 0.182 0.193 0.157 fg2 0.194 0.283 0.208 0.174 0.140
[02050.277  [0.1880.266  [0.1450.21§  [0.1590.228  [0.1240.191 [0.1420.250  [0.2300.341]  [0.1590.260  [0.1280.221  [0.097,0.185
fg3 0.188 0.195 0.227 0.206 0.184 fg3 0.194 0.186 0.256 0.202 0.162
(01550224 [0.1560.235 [0.1880.263 [0.1700.244  [0.147,0.221 [0.1450.247  [0.1310.241] [0.1980.31§ [0.1480.259 [0.1110.21§
fqd 0.161 0.175 0.229 0.195 0.240 fq4 0.125 0.182 0.198 0.252 0.243
[0.1280.19¢ [0.1390.209 [0.1940.264 [0.1550.233  [0.2030.27§ [0.0820.176 [0.1290.247 [0.1330.263  [0.1980.311]  [0.187,0.300
fg5 0.107 0.168 0.197 0.231 0.297 fg5 0.095 0.122 0.189 0.234 0.360
(00810133 [0.1350.199 [0.1620.237 [0.1950.271 [0.2580.335 [0.0570.137 [0.0760.170 [0.1350.243 [0.1760.294 [0.2960.42]]

Note: These results include only those father-offsprinigspiat have non-zero earnings. The numbers in bracketsviible point estimates show the bias corrected 95 percent

bootstrap confidence interval.




Table 13Intergenerational mobility tables — earnings quintileugrdransition matrices corrected for age for fathers andjktaus. Excluding zeros
Denmark (n =55178) Finland (n = 5144)

14

Daughter Daughter
Father oql 092 0g3 0g4 095 Father oql 0Q2 0g3 og4 0g5
fgl 0.235 0.213 0.206 0.185 0.160 fql 0.238 0.201 0.230 0.195 0.136
[02280.243  [0.2060.220  [0.1990.213 [0.1790.1927 [0.1530.166 [02130.263 [0.1750.226 [0.2050.256  [0.1710.221]  [0.1140.157)
fg2 0.215 0.232 0.225 0.189 0.139 fg2 0.222 0.225 0.202 0.191 0.159
[0.2080.223  [0.2240.239 [0.2170.233 [0.1820.197  [0.1320.145 [0.1970.249 [0.2010.254 [0.1780.229 [0.1660.216  [0.1380.184
fg3 0.188 0.204 0.216 0.208 0.184 fq3 0.187 0.190 0.203 0.225 0.195
[0.1800.195 [0.1970212 [0.2090.224 [0.2010.21§ [0.177,0.190 [0.1640.210 [0.1640.21§ [0.1780.229 [0.2000.251]  [0.1700.22
fq4 0.178 0.184 0.196 0.216 0.227 fg4 0.181 0.206 0.196 0.206 0.210
[0.1720.185 [0.1760.190 [0.1880.203  [0.2080.223  [0.2200.234 [0.157,0.204  [0.1820.237  [0.1700.224  [0.1790.23]  [0.1850.236
fg5 0172 0.148 0.150 0.211 0.320 fg5 0.172 0.166 0.160 0.188 0.313
[0.1650.179 [0.1410.154 [0.1440.157 [0.2030.217] [0.3120.327 [0.1480.196  [0.1420.190  [0.137,0.184 [0.1640.213  [0.2860.339
Norway (n = 25046) Sweden(n = 30410)
Daughter Daughter
Father oql 0Qg2 0Qg3 0g4 0qg5 Father oql 0q2 0oqg3 0g4 0qg5
fgl 0.235 0.214 0.209 0.199 0.143 fql 0.239 0.214 0.215 0.187 0.145
[0.2240.246 [0.2030.225  [0.1980.220  [0.1890.209  [0.1340.153 [0.2290.248 [0.2050.224  [0.2050.224  [0.1780.196  [0.137,0.153
fg2 0.212 0.225 0.223 0.196 0.145 fg2 0.208 0.213 0.224 0.209 0.146
[02000.222  [0.2130.237  [0.2110.233  [0.1860.207  [0.1350.155 [0.1990.217  [0.2040.223  [0.2150.233  [0.2000.219  [0.137,0.155
fq3 0.191 0.206 0.211 0.203 0.189 fq3 0.197 0.202 0.212 0.213 0.177
[0.1810.202  [0.1950.21§ [0.2010.223  [0.1910.213  [0.1780.199 [0.1880.207  [0.1920.211  [0.2020.22]  [0.2030.223  [0.167,0.18§
fq4 0.188 0.192 0.199 0.208 0.212 fg4 0.181 0.194 0.200 0.204 0.221
[01780.19§  [0.181,0.202 [0.1890.210  [0.1970219  [0.2020.223 [0.1720.190  [0.1840.203  [0.1900.210  [0.1950.214  [0.2110.23]]
fg5 0171 0.159 0.161 0.195 0.313 fg5 0.165 0.172 0.150 0.190 0.323
[0.1610.18] [0.1490.169 [0.1510.171] [0.1850.20§ [0.3020.324 [0.1560.173 [0.1630.180 [0.1420.15§ [0.1810.199 [0.3130.333
UK (n =2348) USNLSY (n = 1607)
Daughter Daughter
Father oql 0qg2 oq3 og4 095 Father oql 092 0og3 og4 0qg5
fgl 0.232 0.226 0.198 0.183 0.162 fql 0.256 0.232 0.252 0.163 0.097
[0.1930.266  [0.1900.262  [0.1630.235  [0.1490.219  [0.1290.195 [02040.317 [0.1690.29§ [0.1950.313 [0.1140.21§ [0.0660.137)
fg2 0.211 0.249 0.185 0.181 0.174 fg2 0.197 0.241 0.195 0.206 0.161
[0.1790.246  [0.2120.284  [0.1510.220  [0.1500.213  [0.1400.21] [0.1390.267  [0.1820.303  [0.1390.256  [0.1510.26]  [0.1090.214
fq3 0.224 0.164 0.232 0.192 0.188 fq3 0.202 0.257 0.206 0.166 0.169
[0.1900.260 [0.1260.203 [0.1980.265  [0.1560.22§  [0.1540.222 [0.1430.26§ [0.1930.319 [0.1410.273 [0.1060.223  [0.1150.227
fq4 0.200 0.209 0.194 0.226 0.172 fg4 0171 0.178 0.185 0.233 0.233
[0.1700.233  [0.1740.243 [0.1570.227] [0.1930.26]  [0.1390.204 [0.1140.237]  [0.1200.23§ [0.1320.245  [0.1700.296  [0.1720.297
fg5 0.134 0.154 0.190 0.220 0.303 fg5 0.180 0.114 0.143 0.225 0.338
[0.1050.165 [0.1180.190 [0.1560.223 [0.1830.255 [0.2650.341 [0.1230.23§ [0.0710.16§ [0.0810.210 [0.1630.295 [0.2730.413

Note: These results include only those father-offsprinigspiat have non-zero earnings. The numbers in bracketsviible point estimates show the bias corrected 95 percent

bootstrap confidence interval.
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Table 14Intergenerational mobility tables — earnings quintileugrdransition matrices corrected for age for fathers and.simeluding zeros

Denmark (n = 87193)

Finland (n = 6108)

Son Son
Father oql 0qg2 oq3 og4 0g5 Father oql 0g2 0oqg3 og4 0qg5
fgl 0.253 0.205 0.195 0.181 0.167 fql 0.281 0.226 0.210 0.154 0.128
[0.2460.260  [0.1980.212  [0.1880.202  [0.1740.187  [0.1610.173 [0.2550.304 [0.2050.248  [0.187,0233  [0.1330.17§  [0.1110.149
fg2 0.237 0.236 0.196 0.185 0.145 fq2 0.214 0.216 0.233 0.194 0.144
[0.2300.244 [0.2290.243  [0.1890.203  [0.1790.197  [0.1390.15] [0.191,0.237 [0.1940.23§  [0.2090.255  [0.1700.219  [0.124,0.164
fg3 0.179 0.238 0.235 0.203 0.145 fg3 0.184 0.207 0.215 0.224 0.171
[0.1720.186  [0.2320.246  [0.2280.242  [0.1960.210  [0.1380.15] [0.161,0.206  [0.1830.229  [0.1910.241]  [0.1990.249  [0.1480.194
fg4 0.165 0.195 0.217 0.220 0.203 fg4 0.166 0.197 0.193 0.220 0.225
[0.1590.177 [0.1880.201  [0.2110.224  [0.2140.227]  [0.1950.21Q [0.1440.187 [0.1730.221 [0.1680.217]  [0.197,0.245  [0.201,0.249
fg5 0.161 0.133 0.157 0.212 0.337 fg5 0.153 0.154 0.147 0.210 0.336
[0.1540.167  [0.1280.139  [0.1510.163 [0.2050.219  [0.3290.344 [0.1300.175  [0.1340.172  [0.1260.167]  [0.1870.232  [0.3100.362
Norway (n = 28014) Sweden(n = 33959)
Son Son
Father ogl 092 0og3 0g4 095 Father oql 0g2 0g3 0g4 0g5
fgl 0.284 0.234 0.200 0.161 0.119 fql 0.267 0.238 0.210 0.173 0.111
[02750.294  [0.2250.245  [0.1900.210  [0.1520.171  [0.1110.127 [0.2580.276  [0.2290.248  [0.2010.21§  [0.1650.182  [0.1040.119
fg2 0.206 0.240 0.220 0.199 0.135 fg2 0.208 0.230 0.233 0.195 0.134
[0.1960.216 [0.2300.250  [0.2090.230  [0.1900.209  [0.1260.144 [0.1990.21§  [0.2210.240  [0.2230.247  [0.1860.204  [0.1260.147
fg3 0.184 0.210 0.218 0.213 0.174 fq3 0.184 0.209 0.224 0.222 0.162
[0.1740.193  [0.2000.221]  [0.2080.229  [0.2030.223  [0.1650.185 [0.1740.193  [0.2000.21§  [0.2140.233  [0.2130.23]  [0.1540.171
fg4 0.176 0.181 0.203 0.220 0.221 fg4 0.176 0.178 0.198 0.219 0.230
[0.1660.186  [0.1720.190 [0.1920.213  [0.2100.230  [0.2110.23] [0.1670.185  [0.1690.187]  [0.1890.206  [0.2090.22§  [0.2200.239
fg5 0.150 0.134 0.158 0.207 0.350 fg5 0.163 0.142 0.136 0.192 0.367
[0.1410.159 [0.1250.142 [0.1490.16§ [0.1970.217  [0.3390.362 [0.1560.172  [0.1340.150  [0.1280.144  [0.1830.200  [0.357,0.377
UK (n =2205) USNLSY (n =1930)
Son Son
Father oql 0qg2 oqg3 og4 0g5 Father oql 092 0og3 og4 0qg5
fgl 0.303 0.235 0.165 0.174 0.122 fql 0.400 0.254 0.165 0.108 0.074
[02640.342  [0.1990.272 [0.1330.199  [0.1390.212  [0.0930.15] [0.3480.45] [0.2060.307]  [0.1210.209  [0.0740.14§  [0.0420.109
fg2 0.241 0.227 0.182 0.193 0.157 fg2 0.205 0.262 0.208 0.186 0.139
[02050.277  [0.1880.266  [0.1450.21§  [0.1590.228  [0.1240.191 [0.1550.260  [0.2060.320  [0.1560.265  [0.1390.233  [0.0940.183
fg3 0.188 0.195 0.227 0.206 0.184 fq3 0.181 0.204 0.250 0.202 0.162
[0.1550.224 [0.1560.235 [0.1880.263  [0.1700.244  [0.147,0.22] [0.1320.234 [0.1470.262 [0.1920.312 [0.1490.266 [0.1110.214
fq4 0.161 0.175 0.229 0.195 0.240 fg4 0.138 0.164 0.206 0.238 0.255
[0.1280.196  [0.1390.209  [0.1940.264  [0.1550.233  [0.2030.27§ [0.0940.185  [0.1170.217]  [0.1530.264  [0.1840.294  [0.1980.313
fg5 0.107 0.168 0.197 0.231 0.297 fg5 0.098 0.117 0.166 0.259 0.360
[0.081,0.133 [0.1350.199 [0.1620.232  [0.1950.271]  [0.2580.335 [0.0600.141 [0.0740.166 [0.1130.220 [0.1990.31§ [0.2980.421

Note: These results include all father-offspring pairs,, ieven those with zero earnings. The numbers in brack&gs lbee point estimates show the bias corrected 95 percent

bootstrap confidence interval.




Table 15Intergenerational mobility tables — earnings quintileugrdransition matrices corrected for age for fathers andjkt®us. Including zeros
Denmark (n = 80637) Finland (n = 5749)

9€

Daughter Daughter
Father oql 0qg2 oq3 og4 0g5 Father oql 0g2 0oqg3 og4 0qg5
fql 0.213 0.208 0.204 0.192 0.182 fql 0.255 0.186 0.229 0.182 0.148
[02060.22] [0.2010.21f [0.1970.211] [0.1850.199 [0.1760.18§ (02310280 [0.1610.211] [0.2030.253 [0.1600.207  [0.127,0.169
fq2 0.235 0.216 0.206 0.182 0.161 fg2 0.206 0.246 0.192 0.201 0.156
(02280242 [0.2090.224 [0.1990.214 [0.1750.190 [0.1550.167 [0.1830.229 [0.2210.271] [0.1670.21§ [0.1760.22§ [0.1350.179
fq3 0.203 0.223 0.229 0.197 0.148 fq3 0.182 0.205 0.217 0.222 0.174
[01960.210 [0.2160.230 [0.2220.237]  [0.1900.204  [0.1420.155 [0.1590.207  [0.1770.233 [0.1900.241] [0.1970.248  [0.1500.198
fqd 0177 0.195 0.206 0.215 0.207 fq4 0.188 0.190 0.200 0.198 0.223
(01710185 [0.1880.202 [0.1980.213 [0.2080.227  [0.2000.214 [0.1640.213 [0.1650.21F5 [0.1780.223 [0.1740.223  [0.2000.24§
fq5 0177 0.159 0.155 0.211 0.298 fg5 0.167 0.172 0.165 0.195 0.301
[01710.184 [0.1530.165 [0.1480.161] [0.2040.21§ [0.2910.305 [0.1440.191] [0.1510.193 [0.1420.187 [0.1700.21§ [0.2750.32§
Norway (n = 26838) Sweden(n = 32209)
Daughter Daughter
Father oql 0Qg2 0Qg3 0g4 0qg5 Father oql 0Qg2 0oqg3 og4 0g5
fgl 0.243 0.207 0.203 0.200 0.147 fql 0.244 0.214 0.210 0.186 0.145
(02330254 [0.1960.217] [0.1930.214 [0.1900.210  [0.137,0.15§ [02350.254 [0.2060.223  [0.2000.221] [0.1780.196  [0.137,0.153
fq2 0.211 0.231 0.221 0.193 0.143 fg2 0.213 0.214 0.220 0.207 0.146
(02010221 [0.2210.241 [0.2110.231 [0.1830.204 [0.1340.153 (02040223 [0.2050.224 [0.2100.230 [0.1980.21f  [0.137,0.154
fq3 0.196 0.204 0.212 0.201 0.186 fg3 0.195 0.203 0.210 0.216 0.175
(01870206 [0.1930.21§ [0.2020.222 [0.1900.211 [0.1760.19§ [0.1860.205 [0.1940.213 [0.2010219 [0.2060.22§  [0.1660.184
fqd 0.181 0.190 0.202 0.215 0.212 fq4 0.180 0.195 0.203 0.204 0.218
(01710197 [0.1800.200 [0.1910217 [0.2040.22§  [0.2030.222 [0.1700.189 [0.1860.205 [0.1930.213 [0.1950.213  [0.2080.22§
fg5 0.168 0.167 0.162 0.191 0.311 fg5 0.166 0.171 0.154 0.189 0.320
[0.1580.177 [0.1580.177] [0.1520.172 [0.1820.202  [0.2990.322 [0.1570.174 [0.1630.180 [0.1450.162 [0.1810.199 [0.3100.33(
UK (n=2348) USNLSY (n =1834)
Daughter Daughter
Father oql 0qg2 oq3 0g4 0qg5 Father oql 0q2 0oqg3 og4 0qg5
fql 0.232 0.226 0.198 0.183 0.162 fql 0.258 0.213 0.251 0.184 0.094
(01930266 [0.1900.262 [0.1630.235 [0.1490219 [0.1290.195 [02060.313  [0.1590.268 [0.1930.307 [0.1360.235  [0.0640.133
fq2 0.211 0.249 0.185 0.181 0.174 fg2 0.169 0.223 0.228 0.209 0.170
[01790.24¢ [0.2120.284 [0.1510220 [0.1500.213  [0.1400.211 [0.1140.222 [0.1630.283 [0.1710.28§ [0.1570.261] [0.1200.22§
fq3 0.224 0.164 0.232 0.192 0.188 fg3 0.167 0.259 0.233 0.162 0.178
[0.1900.260 [0.1260.203  [0.1980.265  [0.1560.228  [0.1540.222 [0.1160.224 [0.1960.330 [0.1750.299 [0.1060.217]  [0.1260.233
fqd 0.200 0.209 0.194 0.226 0.172 fq4 0.188 0.184 0.170 0.219 0.240
[01700.233 [0.1740.243 [0.1570.227] [0.1930.261]  [0.1390.204 [0.1330.253 [0.1290.243 [0.1110.231] [0.1630.274  [0.1810.30
fg5 0.134 0.154 0.190 0.220 0.303 fg5 0.220 0.122 0.125 0.220 0.313
[0.1050.165 [0.1180.190 [0.1560.223 [0.1830.255 [0.2650.341 [0.1680.274 [0.0780.172 [0.0750.178 [0.1650.277  [0.2500.383

Note: Tese results include all father-offspring pairs,, isven those with zero earnings. The numbers in bracketsvii@le point estimates show the bias corrected 95 percent

bootstrap confidence interval.
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