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1 Introduction

The gig economy is often characterized by flexibility: workers can choose when to work, which

tasks to accept, and how much labor to supply. Yet, the most valuable gig opportunities

may require workers to give up precisely this flexibility. Higher-paying contracts often

demand immediate availability, responsiveness to client needs, work outside standard hours,

or sustained commitment over time. Workers who differ in their capacity to absorb these

scheduling demands can earn systematically different returns from the same gig work.

This tension connects gig work to a long-standing literature on “greedy” work. Goldin (2014)

argues that jobs rewarding continuous availability, on-call responsiveness, and long-hours

commitment pay disproportionately more, and that these premia account for a substantial

share of persistent gender earnings gaps. Workers with greater non-market obligations face

higher costs of supplying these features, and these obligations remain unevenly distributed

by gender. Recent evidence suggests that similar forces operate in gig labor markets: gender

earnings gaps persist even in relatively standardized platform settings such as Uber and

Amazon Mechanical Turk (Cook et al., 2021; Litman et al., 2020). The existing evidence,

however, does not attempt to estimate how much workers value specific dimensions of

scheduling flexibility. It also leaves open whether these demands screen out higher-ability

workers, altering the pool of talent available to firms.

We study these questions in an online experiment with 969 U.S.-based gig workers. Participants

complete a baseline task and then make incentive-compatible choices on follow-up contracts.

These contracts randomly vary along three dimensions: whether workers receive advance

notice of the task date, whether the task must be completed during standard working hours (or

outside them), and whether the contract consists of a one-time task or a repeated engagement.

Because the task itself is held fixed, differences in reservation wages identify the compensation

premium workers require to accept specific scheduling demands. This design allows us to price

two central components of greedy work within the growing gig economy: (i) unpredictability

and (ii) non-standard timing. We test whether flexibility penalties differ by gender and use

measures of household responsibilities, childcare, and baseline schedule flexibility to examine

whether any gap is explained by parental status or the broader domestic workload. We also

measure several dimensions of worker productivity to assess how contractual terms shape the

talent composition of the labor pool available to firms.

The empirical analysis delivers four main results. First, workers place substantial value

on advance notice: contracts that do not specify the task date raise reservation wages

by approximately 13–14 percent relative to otherwise comparable contracts performed
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during standard hours with notice. Outside-hours work, by contrast, imposes little average

penalty when notice is provided, and adding outside-hours scheduling to no-notice work does

not compound the penalty. In this setting, unpredictability is therefore more costly than

non-standard timing itself.

Second, flexibility penalties are systematically larger for women. Women have lower reservation

wages than men for the least demanding contracts but require relatively more compensation

as scheduling conditions become more demanding. The additional female penalty is 5–6

percent for contracts that involve either outside-hours work or no advance notice, and it rises

to 8–9 percent when no-notice work is combined with outside-hours scheduling. This gender

difference is concentrated at low and intermediate wage levels, where demanding scheduling

is most likely to push women below their reservation wages.

Third, the gender gap in flexibility penalties is more consistent with binding constraints than

with stronger intrinsic preferences against demanding schedules. Three types of evidence

support this reading. In post-elicitation surveys, women are no more likely than men to report

disliking demanding schedules. They are more likely than men to cite household responsibilities

as a barrier to outside-hours and no-notice work. The household-responsibilities gap persists

after conditioning on marital and parental status, whereas the raw gender gap in citing

childcare largely disappears. The reservation-wage estimates point the same way: the female

flexibility penalty is largest among workers with high household-chore intensity and less

flexible baseline schedules. Behavioral evidence from the follow-up task corroborates this

pattern. Women assigned to the most demanding contracts are less likely to complete them

(p < 0.10) and, conditional on completion, adjust their routines more often to accommodate

the work (though this estimate is imprecise given the small completion subsample).

Fourth, flexibility penalties have implications beyond worker-side costs. If demanding

contracts disproportionately deter more productive workers, firms face a smaller and less

productive labor pool. We find that they do. Using a pre-specified index combining

standardized test scores, performance on a Raven fluid-reasoning task, and quality ratings of a

baseline writing task, a one-standard-deviation increase in productivity raises the penalty for

no-notice contracts by about 5 percent for within-hours work and 9 percent for outside-hours

work. The gradient is concentrated in writing quality and standardized test performance, and

does not differ significantly by gender. Because women face larger flexibility penalties overall,

however, the female share of workers willing to accept demanding contracts falls relative to

less demanding arrangements, and this shift extends across the productivity distribution.

The paper contributes to four strands of research. First, it builds on work valuing job amenities
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and the costs of demanding work arrangements. In the canonical framework of compensating

differentials, workers trade off wages against non-wage job attributes. Credible estimates of

these tradeoffs require variation in job characteristics that is uncontaminated by worker sorting

or unobserved productivity. Recent research has made substantial progress in estimating the

value of workplace flexibility—including work from home, schedule control, flexible hours, and

employer discretion over scheduling—using field experiments and stated-preference designs.

(Maestas et al., 2023; Wiswall and Zafar, 2018; He et al., 2021). Most closely related to our

setting, Mas and Pallais (2017) estimate that workers forgo roughly 20 percent of wages to

avoid employer-controlled schedules.1 Our contribution is to decompose demanding work

into distinct scheduling attributes and estimate their separate prices within an incentivized

common-task design. We isolate two dimensions central to platform-mediated work but rarely

priced separately: outside-hours timing and advance notice of the task date. Our results

show that predictability and timing impose distinct costs, with implications for platform

designs that reduce scheduling burdens without necessarily eliminating non-standard hours.

A second contribution is to the literature on gender gaps in gig and online labor markets.

Prior work shows that gender earnings gaps persist even in platforms with standardized

tasks and limited formal wage-setting. In ride-hailing, Cook et al. (2021) document that a

gender earnings gap emerges despite gender-neutral pay algorithms, driven by differences in

experience, location choices, and driving speed. In online labor markets, women are often

concentrated in lower-paid project types and underrepresented in higher-paying technical

categories (Litman et al., 2020; Digital Future Society, 2022). We contribute by pricing

a worker-side mechanism that may help explain these gaps: the gender differential in the

compensation workers require to accept demanding schedules, holding the task fixed.

We also speak to research on household constraints, motherhood, and gendered labor supply.

A large literature shows that children and household production shape gender gaps in

labor-market outcomes, including earnings, hours, occupational choice, and the demand

for flexible work (Kleven et al., 2019b,a; Cortés and Pan, 2019). Related work emphasizes

that gender norms and household specialization make women disproportionately responsible

for absorbing non-market demands, even when men and women have similar labor-market

attachment (Bertrand et al., 2015; Bursztyn et al., 2020). We contribute by distinguishing

childcare from the broader domestic workload as sources of schedule constraints. In our

setting, the gender gap in flexibility penalties is not explained by parental status or childcare

1Related work shows that flexibility is often bundled with other job attributes. Felfe (2012) shows that
women adjust working hours and other job amenities around motherhood, explaining part of the motherhood
wage gap. Kesternich and De Schouwer (2025) document that women and parents value flexibility more but
do not necessarily work in more flexible jobs, partly because meaningful work is less flexible.
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intensity, and is largest among workers with high household-chore burdens. Routine domestic

labor, rather than motherhood per se, appears to be the binding constraint that makes

unpredictable work costly.

Finally, the paper contributes to research on worker sorting, job amenities, and the misallocation

of talent. Existing work shows that non-wage job attributes shape sorting across firms,

occupations, and work arrangements, with important implications for gender gaps and

aggregate productivity (Card et al., 2016; Sorkin, 2018; Morchio and Moser, 2026).2 A closely

related literature shows that demanding work arrangements affect selection into high-paying

occupations. Wasserman (2023) finds that capping work hours in medical residency increased

women’s entry into affected specialties. Other evidence shows that the productivity effects of

flexible arrangements depend on selection into the arrangement itself (Bloom et al., 2015), and

recent work links worker preferences over job attributes to objective productivity measures

(Johnston, 2025). We add to this literature by testing whether scheduling demands select

workers along different dimensions of productivity within an otherwise identical task. The

focus shifts from sorting across firms or occupations to whether specific schedule terms alter

the productivity composition of the workers willing to accept a given contract. Firms may

therefore face a tradeoff between operational flexibility and the productivity of their available

labor pool.

Our results point to a concrete design margin for platforms and firms. The largest costs in our

setting arise from unpredictability rather than non-standard timing. This distinction matters

because some forms of demanding work may be difficult to eliminate, while notice periods,

task windows, and deadline structures are often design choices. Greater predictability may

therefore expand the pool of workers willing to accept demanding contracts and reduce the

gendered cost of taking them on.

2 Gig Work and the Cost of Demanding Schedules

The gig economy has grown into a substantial segment of the US labor market. As of

2023, over a third of the US workforce earned some income through gig arrangements, up

from roughly 27 percent in 2016, with freelance workers contributing an estimated $1.27
trillion to the US economy (Upwork, 2023; McKinsey & Company, 2022). This growth has

2Related work shows that other labor-market frictions can also generate gendered misallocation, including
information frictions in hiring, evaluation, and recognition of worker performance (Sarsons et al., 2021; Exley
and Nielsen, 2024; Abel et al., 2020). Our setting focuses on a different margin: whether scheduling demands
themselves change the composition of workers willing to accept a given contract.
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been sustained across economic cycles rather than peaking with pandemic-era disruptions,

reflecting a durable shift in how work is organized.

This sector of the economy spans three broad segments. In-person gigs (such as ride-hailing,

delivery, and manual tasks) are location-bound and governed by algorithmic dispatch: workers

accept or reject individual assignments in real time, with no meaningful advance notice. Online

freelancing platforms facilitate skilled, project-based remote work in software development,

design, writing, and consulting, with longer engagements and contracts negotiated between

worker and client. Microtask platforms occupy a distinct niche, hosting short, discrete tasks

that require human judgment and are completed entirely online, typically within minutes to

an hour.

2.1 Greedy Work in the Gig Economy

A growing body of work documents that occupations rewarding continuous availability, on-call

responsiveness, and long-hour commitments pay disproportionately more than otherwise

similar jobs without these features. Goldin (2014) characterizes such occupations as “greedy”

and argues that the convex returns to availability and commitment account for a substantial

share of persistent gender earnings gaps in traditional labor markets, since women’s greater

non-market obligations make these features more costly to supply. Subsequent work confirms

that the wage premium for demanding schedules is large and that women sort away from it

(Wasserman, 2023).

Many higher-paying gig arrangements reward a similar set of features: availability, responsiveness,

and commitment. The relevant form of “greediness,” however, varies across segments.

In-person dispatch gigs, such as ride-hailing and delivery, reward workers who can accept

assignments at peak times and on short notice; Cook et al. (2021) document that peak-hour

earnings premiums account for a meaningful share of male drivers’ earnings advantage on Uber.

Microtask platforms reward temporal responsiveness without sustained client relationships:

workers must monitor task availability and complete assignments within short windows after

they appear. Online freelancing, by contrast, often requires more sustained commitment.

Higher-return projects may involve repeated client interaction, responsiveness over multiple

days or weeks, binding deadlines, and reputational penalties for non-completion. Consistent

with this distinction, Upwork reports that a large share of freelancer earnings comes from

extended client relationships rather than one-off projects (Upwork, 2023).

Across these segments, compensation is therefore tied not only to skill or task content but
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also to workers’ ability to supply availability and commitment. This raises the question of

who can supply greedy work and at what cost. The same features that command higher

pay impose costs on workers whose non-market obligations limit their capacity to absorb

scheduling demands. If those obligations are distributed unequally, compensation for greedy

work can generate systematic earnings differences even under identical contract terms.

2.2 Gender Differences in the Costs of Demanding Work

Women are underrepresented in many of the higher-paying segments of the online gig economy.

Technical and software-related freelance categories remain male-dominated, while women are

more concentrated in lower-paid categories such as writing, translation, and administrative

support (International Labour Organization, 2021; Digital Future Society, 2022). To the

extent that higher-paying categories require greater availability and commitment, this sorting

may itself contribute to gender earnings gaps.

Gender earnings gaps also appear within relatively standardized gig settings. In ride-hail

work, Cook et al. (2021) show that men earn about 7 percent more than women on Uber

despite common platform rules and no employer wage-setting, with a substantial part of

the gap attributable to when and where drivers choose to work. In online microtask work,

Litman et al. (2020) document a 10.5 percent gender earnings gap on MTurk that persists

after accounting for observable differences in task selection and human capital.3

One channel running through this evidence is that women disproportionately bear household

and care responsibilities, which raises the cost of supplying long hours, employer-controlled

schedules, and continuous availability (Goldin, 2014; Cubas et al., 2023; Berniell et al., 2021).

This evidence points to scheduling as an important margin in gig-work earnings gaps. What

remains unclear is how much compensation workers require for specific scheduling attributes,

and whether women require more.

3Beyond gig settings, Cortés et al. (2023) combine field evidence from MBA students with laboratory
job-choice experiments to document that women accept jobs at lower wages than men and require greater
compensation for jobs offering less workplace flexibility.
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3 Study Design

3.1 Worker Recruitment and Participant Characteristics

To isolate the price of flexibility, we ran an online task-market experiment in which the work

itself was held fixed and only the scheduling terms varied across contracts. Between August

and September 2025, we recruited 1,289 U.S.-based gig workers aged 25 to 42 from Amazon’s

Mechanical Turk (MTurk).4 MTurk suits our design because its workers are experienced

with paid online tasks. To improve data quality, we recruited through CloudResearch, which

screens MTurk participants and reduces the risk of bots and low-quality responses (Hauser

et al., 2023).5 Of the 1,289 recruited workers, 174 (13.5%) failed our attention check, and 145

of the remaining 1,114 declined the follow-up work described below. This leaves an analysis

sample of 969 participants.6

Table 1 reports summary statistics and pairwise gender comparisons. The sample is roughly

gender-balanced, with a mean age of 35 and high educational attainment (89 percent hold

a tertiary degree). Educational attainment and performance on the Raven-fluid reasoning

task are balanced across genders, as are online work experience (13 years on average) and

weekly hours on their internet job (roughly 16). Women are less likely than men to hold

a non-internet job (52% versus 61%, p < 0.01), more likely to be married (49% versus

35%, p < 0.01) and more likely to have children (53% versus 33%, p < 0.01). Domestic

responsibilities differ significantly. Women report 2.7 hours per day on home chores versus

1.9 hours for men, and 2.6 hours per day on other household tasks versus 1.8 (p < 0.01). The

childcare gap is larger still: 4.2 hours per day for women compared to 1.3 for men. Women in

the sample therefore bear a larger share of domestic labor, which may reduce their capacity

to absorb unexpected schedule shocks.

3.2 Experimental Design

The study proceeds in three stages, summarized in Figure 1. First, workers complete a

baseline task that measures performance and indicate whether they are interested in follow-up

4Our initial plan was to have a minimum age of 28. To help reach our target sample size, we lowered it
to 25.

5Recruitment was further restricted to participants with an MTurk approval rate of 97% or more, and at
least 1,000 approved HITs. As specified in our pre-analysis plan, we also excluded participants who expressed
interest in a follow-up contract paying only 0.30 per hour, which we treat as an indicator of inattention.

6Data collection took place across five waves. Summary statistics for each wave are reported in Table A1.
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Table 1: Gender Balance - Demographic and Work

(1) (2) (3) (2)-(3)
Total Male Female Pairwise t-test

Variable Mean/(SE) Mean/(SE) Mean/(SE) Mean difference

Age 35.299 35.146 35.446 -0.301
(0.161) (0.228) (0.229)

White 0.784 0.755 0.812 -0.057**
(0.013) (0.020) (0.018)

Married 0.419 0.348 0.487 -0.139***
(0.016) (0.022) (0.022)

Has Child 0.430 0.331 0.525 -0.194***
(0.016) (0.022) (0.022)

Tertiary Edu 0.893 0.888 0.897 -0.009
(0.010) (0.014) (0.014)

Raven Score 4.655 4.730 4.584 0.146
(0.082) (0.118) (0.114)

Yrs Experience 13.256 13.332 13.183 0.149
(0.206) (0.294) (0.289)

Job Non-Internet 0.562 0.605 0.521 0.084***
(0.016) (0.022) (0.022)

Hours working Internet 15.598 16.039 15.174 0.865
(0.483) (0.695) (0.671)

Regular Hours Intern 0.419 0.437 0.402 0.035
(0.016) (0.023) (0.022)

Home chores (h) 2.319 1.910 2.709 -0.798***
(0.062) (0.069) (0.098)

Childcare (h) 2.781 1.297 4.207 -2.910***
(0.157) (0.117) (0.271)

Other (h) 2.229 1.831 2.613 -0.781***
(0.104) (0.109) (0.174)

F-test of joint significance (F-stat) 16.760***
F-test, number of observations 934

Notes: This table reports the mean, standard error and t-test (difference in the
means across groups) for the overall sample and by gender groups. Column (1)
reports the mean and standard error for the overall sample while Columns (2) and
(3) report the mean and standard error for Males and Females respectively. Column
(4) reports the difference in means between males and females ((2)-(3)). The
table also reports the F-stat for joint significance across all balance variables. The
number of observations used in the F-test is lower than the size of the analytical
sample due to missing values in a some of the variables. ***, **, * mean statistical
significance at 1, 5, 10 percent levels.

work. Second, interested workers make a series of binary choices over contracts varying in

scheduling terms and wages, and then complete a survey covering demographics, attitudes,

domestic responsibilities, and self-reported barriers to accepting demanding contracts. Third,

each worker is randomly assigned one of 56 contracts and invited to complete it only if their

earlier choices revealed a willingness to accept it. An endline survey then measures behavioral
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adjustments, perceived burden, and retention. Each stage is described below.

Figure 1: Experimental Design
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3.2.1 Baseline Task

Participants first complete a baseline task: they watch a short news video clip and write a

4–5 sentence summary highlighting a key message. The task and accompanying survey take

approximately 15 minutes and pay a fixed $3.50, an hourly rate of $14. Written summaries

are rated on a 0–10 scale by a separate sample of evaluators, following the procedure in

Appendix B.2. We also record completion times for the writing component. Participants

then answer two factual questions about the video and indicate whether they are interested

in follow-up work. Those who decline proceed to the remaining survey modules; those who

express interest advance to the contract elicitation, where they make incentivized choices

over follow-up contracts.

3.2.2 Contract Variations

The follow-up contracts vary along three dimensions: scheduling terms, wage, and duration.

Scheduling terms have two components. The first is timing: tasks are completed either during
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standard hours (9am–5pm) or outside them (7pm–midnight). The second is advance notice:

workers either learn the task date three days in advance, or they know only that the task will

arrive sometime within the next week. Cross-randomizing the two components yields four

treatment arms: within hours with advance notice (T1), outside hours with advance notice

(T2), within hours with no advance notice (T3), and outside hours with no advance notice

(T4).

Contracts are offered at seven hourly wage levels, from $4 to $10 in $1 increments.7 Duration

takes one of two forms: a one-off contract with a single 10-minute task, or a five-week contract

with a two-hour weekly commitment. The task itself is identical across durations; the number

of hours, engagement length and total compensation differ.8

3.2.3 Elicitation Procedure

Before making contract decisions, participants are told that one of their choices will be

randomly selected and implemented. This follows the logic of BDM-style elicitation: because

each decision is potentially payoff-relevant, participants have an incentive to evaluate every

contract as if it could determine their follow-up offer. They are further informed that some

contracts are available in larger quantities and are therefore more likely to be selected, that

rejecting one contract does not increase the probability of being offered another, and that

their fixed payment for the current survey does not depend on their contract choices.

During elicitation, participants learn each contract’s timing window, advance-notice condition,

duration, and wage, but not the exact task date or implementation details, which are revealed

only after assignment. The design elicits valuations of scheduling attributes rather than

responses to known calendar conflicts.

Each participant is randomly assigned to either the one-off or five-week duration (see Figure 1)

and completes the main elicitation within it, with the order of treatment arms randomized.

Within each arm, elicitation begins at $7 per hour and adjusts upward after a rejection and

downward after an acceptance, yielding three binary decisions that bracket the switching

point.9 Participants then report their exact reservation wage at the switching point. After

completing all four arms in their assigned duration frame, participants evaluate one contract

7These rates correspond to payments of approximately $0.67, $0.83, $1.00, $1.17, $1.33, $1.50, and $1.67
for a 10-minute task.

8Workers also see a single contract under T1 conditions paying $0.30 per hour, which serves as a consistency
check.

9Compared to a full price list, this adaptive procedure reduces respondent burden and limits mechanical
response patterns while preserving incentive compatibility, as each decision may still be implemented. It
recovers the reservation wage without presenting every wage-treatment combination.
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from each arm at $7 under the alternative duration (Figure 1). These choices provide a

common-wage comparison across durations but do not enter the main reservation-wage

measure.

Following the contract elicitation, participants complete the remaining survey modules,

which collect demographic information, household characteristics, domestic responsibilities,

self-reported barriers to accepting demanding contracts, and attitudes toward gender norms

around flexible work. They also complete Raven Progressive Matrices and a verbal fluency

task, and report standardized test scores.10 These measures enter the productivity index

used in Section 6.

3.2.4 Contract Implementation and Follow-up

Following the elicitation stage, participants are randomly assigned to one of the 56 contracts

defined by the interaction of duration, treatment arm, and wage level, with assignment

stratified by gender and baseline schedule flexibility.11 Participants receive a follow-up offer

only if they accepted their assigned contract during elicitation. Of the 985 participants

assigned a follow-up contract, 628 (63.8 percent) accepted it and were therefore offered

follow-up work (Table A1).12 Baseline covariates are balanced across the four treatment arms

(Appendix Table A2).

Participants offered follow-up work receive two messages before the task. The first confirms the

contract and reveals the implementation details of the assigned scheduling terms. Participants

in the advance-notice arms (T1 and T2) receive the specific date on which the task will be

sent, while those in the no-notice arms (T3 and T4) are told only that it will arrive within

the next few days. The second message launches the task, at which point workers have until

5:00 PM local time in the within-hours arms, or midnight in the outside-hours arms, to

complete it. Appendix Table B1 reports the exact wording. The follow-up task is identical to

the baseline task. After submitting it, participants complete an endline survey measuring

behavioral adjustments, perceived task burden, and interest in future work.

10The verbal fluency task asks participants to produce as many words as possible beginning with the letter
“Q” in thirty seconds, excluding proper nouns and repetitions; the score is the number of valid words. Raven
Progressive Matrices measure fluid reasoning through abstract pattern recognition. Appendix B.2 describes
both tasks.

11A small share of participants (0.6 percent) was assigned to five-week contracts for operational reasons.
12The follow-up pool is slightly larger than the 969-participant analysis sample because some Wave-1

participants were offered a contract despite not meeting inclusion requirements.
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3.3 Empirical Design

3.3.1 Outcomes

We study two families of outcomes: (i) stated preferences elicited during the contract-choice

stage; and (ii) realized behavior among workers who received a follow-up offer.

Our primary stated-preference outcome is the reservation wage, which is the point at which

a worker’s decision switches from rejection to acceptance (or vice versa), elicited once per

treatment arm. Wages are measured in dollars per hour, and all main specifications use a log

transformation. For robustness, we replace the elicited reservation wage with the midpoint

between the two wage levels bracketing the switch, and alternatively use that interval as the

outcome in an interval regression.

Our second stated-preference outcome is a binary indicator for contract acceptance at each

wage level. The adaptive procedure yields accept/reject decisions at three wage levels per

arm; we recover the remaining levels by imposing monotonicity, so that a worker who accepts

at wage w is assumed to accept the same contract at any w′ > w, and a worker who rejects

at w is assumed to reject at any w′ < w.

Among workers who received a follow-up offer, we observe two outcomes. The first is a binary

indicator for task submission, which measures whether workers follow through on contracts

they indicated a willingness to accept. The second, defined only for submitters, is whether

the worker adjusted their usual routine to complete the task, capturing the realized logistical

cost of accommodating scheduling demands.13

3.3.2 Empirical Strategy

All primary specifications follow the pre-analysis plan.14 We first estimate the flexibility

penalty associated with demanding contracts:

yic = α + β1Femalei + β2T2ic + β3T3ic + β4T4ic + δXi + ri + εic, (1)

where yic is the log reservation wage of worker i for contract c. The omitted category is T1

(within-hours work with advance notice). The coefficients β2, β3, and β4 estimate the penalties

for outside-hours work with notice, within-hours work without notice, and outside-hours work

13Elicited via a single Yes/No item in the endline survey: “To accomplish this task did you need to make
any changes to your usual daily routine?”

14See urlhttps://www.socialscienceregistry.org/trials/16581.
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without notice, respectively. The vector Xi controls for age, household income, and indicators

for being white and unmarried. ri denotes fixed effects for the order in which treatment arms

were presented (e.g., “T1–T2–T3–T4” or “T2–T3–T1–T4”), absorbing any systematic effects

of the elicitation sequence. Standard errors are clustered at the participant level. The main

specification pools one-off and five-week contracts; we also report estimates separately by

duration.

To test whether penalties differ by gender, we add interactions between the treatment

indicators and a female indicator:

yic = α + β1Femalei + β2T2ic + β3T3ic + β4T4ic

+ γ1(T2ic × Femalei) + γ2(T3ic × Femalei) + γ3(T4ic × Femalei)

+ δXi + ri + εic.

(2)

The coefficients γ1, γ2, and γ3 capture the additional compensation women require relative to

men for each contract type.

We also examine whether these gender differences vary across the wage distribution. Because

reservation wages are observed only at the switching point, this analysis uses the binary

contract-acceptance outcome described above. We group the seven hourly wage levels into

three tiers: low ($4–$5), mid ($6–$7), and high ($8–$10). We estimate equation (2) separately

for each tier and test whether the treatment and treatment-by-female coefficients differ across

them.

3.3.3 Heterogeneity, Mechanisms, and Selection

We use the same interaction framework (equation 2) to examine mechanisms and selection.

First, we ask whether the gender differential in flexibility penalties is concentrated among

workers for whom scheduling constraints are more likely to bind. We focus on four pre-specified

moderators: baseline schedule flexibility, parental status, childcare intensity, and household-chore

intensity. For each moderator, we estimate two sets of models. The first estimates the

gender-interaction specification separately within moderator-defined subgroups. The second

interacts treatment indicators with the moderator, separately by gender. Together, these

distinguish whether a constraint predicts larger flexibility penalties within gender from

whether the gender gap itself is larger among workers facing the constraint.

Second, we examine whether scheduling demands affect the productivity composition of the

willing labor pool, estimating analogous models in which the moderator is baseline productivity.
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Our primary measure is a pre-specified index combining standardized test scores, Raven

matrices, and baseline writing quality. We also report estimates for each component separately

and for secondary measures of verbal fluency, comprehension, and baseline task time. Positive

treatment-by-productivity interactions indicate that higher-productivity workers require

larger compensation premia, so that demanding contracts draw a less productive pool at a

given wage. Negative interactions indicate the opposite.

4 Results

4.1 Pooled Results

We begin with a pooled analysis of 3,864 contract decisions across treatment arms. In the

control condition (T1: within-hours with advance notice), the mean reservation wage is $8.27
per hour (1.94 in logs, Table 2)), and the overall acceptance rate across wage levels is 53%.

These serve as benchmarks for assessing the flexibility penalties reported below.

Contracts requiring outside-hours work but providing advance notice (T2) do not significantly

raise reservation wages relative to T1, in the pooled sample or separately for one-off and

five-week contracts (Table 2, columns 1-4). Confidence intervals are tight enough to rule

out economically meaningful effects. The absence of a timing penalty is notable given how

central non-standard hours are to existing accounts of scheduling barriers, and may reflect a

distinctive feature of the gig-economy workforce.

By contrast, the absence of advance notice generates a large and precisely estimated flexibility

penalty. Relative to T1, contracts requiring within-hours work with no advance notice (T3)

raise reservation wages by approximately 14 percent, or around $1.30 per hour (Table 2,

Col. 1-2, p < 0.01). Contracts combining no advance notice with outside-hours scheduling

(T4) have a nearly identical effect of 13 percent, and we cannot reject equality of the two

coefficients (p = 0.75). With the near-zero coefficient on T2, these estimates indicate that

the two dimensions are not additive: outside-hours scheduling imposes no additional cost

once advance notice has been removed.

Splitting the sample by contract duration reverses the relative magnitude of the two no-notice

penalties (Col. 3-4). For one-off contracts, the T4 penalty slightly exceeds the T3 penalty (16

versus 13 log points); for five-week contracts, the ordering reverses (10 versus 14 log points,

p = 0.02). One interpretation is that outside-hours work involves fixed adjustment costs that
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Table 2: Flexibility Penalty

Log(Reported Reservation Wage) (USD/hr)
Pooled Pooled Short Term Long Term

Notice / Outside (T2) -0.00 -0.00 0.00 -0.01
(0.02) (0.01) (0.02) (0.02)

No Notice / Within (T3) 0.14*** 0.14*** 0.13*** 0.14***
(0.01) (0.01) (0.02) (0.01)

No Notice / Outside (T4) 0.13*** 0.13*** 0.16*** 0.10***
(0.02) (0.02) (0.02) (0.02)

Female (=1) -0.11*** -0.08 -0.13***
(0.04) (0.05) (0.05)

Participant F.E Yes No No No
Participant Controls No Yes Yes Yes
Control Mean 1.94 1.94 1.76 2.13
Observations 3864 3864 1952 1912
R2 0.82 0.05 0.04 0.09
P-val: T2 = T3 0.00 0.00 0.00 0.00
P-val: T2 = T4 0.00 0.00 0.00 0.00
P-val: T3 = T4 0.75 0.73 0.17 0.02

Notes: The outcome variable is the log of reported reservation wage ($/hr)
elicited at contract switch points. Columns (1) and (2) show pooled
regressions, while columns (3) and (4) present results for one-off and five-week
job sub-samples respectively. Standard errors are clustered at the participant
level and reported in parentheses. The regressions control for contract order
effects. Participant controls include age, income, race, and marital status.
The bottom three rows report p-values from pairwise tests of equal coefficients
within each regression. ***, **, * indicate statistical significance at 1, 5, 10
percent levels.
Source: Waves 1 - 5.

pay off only over a longer engagement, dampening the T4 penalty when the commitment is

sustained.

4.2 Treatment Effects by Gender

We next examine heterogeneity by gender. Women’s reservation wages for T1 contracts are

approximately 16 percent lower than men’s in the pooled sample (Table 3, Col. 2), consistent

with established evidence of lower reservation wages among women in the United States

(Cortés et al., 2023), France (Le Barbanchon et al., 2021), and Germany (Caliendo et al.,
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2017).15

Interacting the treatment indicators with a female dummy shows that women’s reservation

wages are not only lower on average but also more sensitive to scheduling demands. All

interaction terms are positive and significant in the pooled sample (Table 3). This matters

most for T2: outside-hours work with advance notice generates no significant penalty on

average, but the positive T2 × Female interaction shows the average masks a gender difference,

with the penalty about 6 percent larger for women (column 2, p < 0.05). The no-notice

penalties are also larger for women: 5 percent for T3 and 8 to 9 percent for T4 (columns

1–2). These gender-interaction patterns are robust to alternative outcome specifications:

replacing the elicited reservation wage with the midpoint of the switching bracket, estimating

an interval regression on that bracket (Table A3), and using a binary acceptance indicator at

each wage level (Table A4) yield qualitatively similar gender differences.

The gender interactions are larger and statistically significant for five-week contracts (column

4), while the corresponding coefficients for one-off contracts are smaller and insignificant

(column 3). The difference between them is not itself significant, so we treat the contrast as

suggestive rather than conclusive. One reading is that the cumulative costs of demanding

schedules weigh more heavily on women over repeated engagements.

15A similar gap appears in online gig markets: women’s earnings on Mechanical Turk are around 10
percent lower than men’s, even absent overt discrimination or labor market segregation (Litman et al., 2020).
McGee and McGee (2023) find a gender gap in reservation wages of 14 to 18 percent (in the same range as
our estimate) in a laboratory search experiment with North American participants.
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Table 3: Flexibility Penalty by Gender

Log(Reported Reservation Wage) (USD/hr)
Pooled Pooled Short Term Long Term

Notice / Outside (T2) -0.03 -0.03 -0.01 -0.05*
(0.02) (0.02) (0.03) (0.03)

No Notice / Within (T3) 0.11*** 0.11*** 0.11*** 0.11***
(0.02) (0.01) (0.02) (0.02)

No Notice / Outside (T4) 0.09*** 0.09*** 0.12*** 0.05**
(0.02) (0.02) (0.03) (0.03)

Female (=1) -0.16*** -0.12** -0.19***
(0.04) (0.05) (0.05)

T2 × Female 0.05* 0.06** 0.03 0.08**
(0.03) (0.03) (0.04) (0.04)

T3 × Female 0.05** 0.05** 0.04 0.06**
(0.03) (0.02) (0.04) (0.03)

T4 × Female 0.09** 0.08*** 0.07 0.10**
(0.04) (0.03) (0.05) (0.04)

Participant F.E Yes No No No
Participant Controls No Yes Yes Yes
Control Mean 1.94 1.94 1.76 2.13
Observations 3864 3864 1952 1912
R-squared 0.82 0.05 0.04 0.09
P-val: T2 = T3 0.00 0.00 0.00 0.00
P-val: T2 = T4 0.00 0.00 0.00 0.00
P-val: T3 = T4 0.31 0.26 0.61 0.01
P-val: T2×Fem = T3×Fem 0.94 0.85 0.91 0.65
P-val: T2×Fem = T4×Fem 0.23 0.23 0.34 0.47
P-val: T3×Fem = T4×Fem 0.30 0.25 0.53 0.29

Notes : The outcome variable is the log of reported reservation wage ($/hr) elicited
at contract switch points. This specification includes interaction terms between
treatment indicators and female dummy to test for heterogeneous treatment effects
by gender. Columns (1) and (2) show pooled regressions, while columns (3) and
(4) present results for one-off and five-week contract sub-samples respectively.
Standard errors are clustered at the participant level and reported in parentheses.
The regressions control for contract order effects. Participant controls include age,
income, race, and marital status. The table also reports p-values from pairwise
tests of equal coefficients within each regression.
***, **, * indicate statistical significance at 1, 5, 10 percent levels.
Source: Waves 1 - 5.
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4.3 Heterogeneity by Wage Level

Because reservation wages are observed only at the switching point, the analysis of gender

interactions across the wage distribution uses the binary acceptance outcome, where negative

coefficients indicate that women are less likely than men to accept. Table 4 shows that at

high wages the coefficients are small and insignificant across all contract types: men and

women respond similarly to demanding contracts when compensation is sufficiently high. At

low and mid wages, however, the interactions are negative and significant, particularly for T3

and T4: the gender gap in contract acceptance widens as compensation falls. These patterns

hold across one-off and five-week contracts (Table B2). The gender gap in flexibility penalties

is therefore concentrated at lower wages, where demanding contracts more often push women

below their reservation wages.

4.4 Follow-through on Accepted Contracts

The reservation-wage estimates measure ex ante willingness to accept. We next ask whether

these elicited penalties predict follow-through. Because workers receive an offer only for a

contract they accepted during elicitation, any shortfall in completion arises among workers

who had already agreed to the terms. We define completion as a binary indicator for the

submission of the follow-up task (non-submission coded as zero) and estimate treatment

effects with and without interactions between treatment and gender.

Table 5 reports the coefficient estimates on task completion. Completion is lower in

outside-hours contracts: T2 reduces completion by 16 percentage points and T4 by 20,

while the within-hours no-notice arm (T3) shows no significant effect. The T2 estimate

runs against the reservation-wage results, where outside-hours work with notice carries no

measurable penalty. Workers thus appear to price unpredictability more accurately than the

cost of non-standard timing.

The clearest gender pattern appears in the most demanding contract. The T4 × Female

interaction of 0.19 (p < 0.10) implies that the gender gap in completion for T4 exceeds

the gap for T1 by roughly 19 percentage points. The estimate is large but only marginally

significant. While suggestive, it aligns with the reservation-wage estimates, where T4 also

generates the largest gender gap in flexibility penalties. Columns 3–4 report treatment effects

on whether workers reported adjusting their usual routines to complete the task, which we

discuss in Section 5.2.
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Table 4: Analysis by Wage Level

Contract Acceptance (0/1)
Individual FE Controls

Low Mid High Low Mid High
Notice / Outside (T2) 0.03** 0.03 0.02 0.03** 0.03* 0.02

(0.02) (0.02) (0.02) (0.01) (0.02) (0.02)

No Notice / Within (T3) -0.04*** -0.06*** -0.09*** -0.04*** -0.06*** -0.09***
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

No Notice / Outside (T4) -0.02 -0.04** -0.07*** -0.03* -0.04** -0.08***
(0.01) (0.02) (0.02) (0.01) (0.02) (0.02)

Female (=1) 0.12*** 0.12*** 0.10***
(0.03) (0.03) (0.03)

T2 X Female -0.06*** -0.02 -0.02 -0.06*** -0.02 -0.02
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02)

T3 X Female -0.06*** -0.05** -0.02 -0.05*** -0.04** -0.02
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02)

T4 X Female -0.07*** -0.06** -0.02 -0.07*** -0.06** -0.02
(0.02) (0.03) (0.03) (0.02) (0.02) (0.02)

Participant F.E Yes Yes Yes No No No
Participant Control No No No Yes Yes Yes
Control Mean 0.282 0.525 0.702 0.282 0.525 0.702
Observations 7736 7737 11607 7736 7737 11607
R2 0.63 0.72 0.66 0.03 0.03 0.04

Notes: The outcome variable is a binary variable indicating the Y/N preference for the contract.
Columns (1), (2) and (3) show regressions of low, mid and high wage groups while including
participant fixed effects. Columns (4), (5) and (6) show regressions of low, mid and high wage
groups while controlling for age, income, race, marital status, and contract order effects. Standard
errors are clustered at the participant level and reported in parentheses.
***, **, * indicate statistical significance at 1, 5, 10 percent levels.
Source: Waves 1 - 5.

5 Mechanisms

5.1 Heterogeneity by Baseline Flexibility

We begin by testing whether the gender differential in flexibility penalties varies with workers’

baseline scheduling autonomy. The distinction matters in gig and online labor markets,

where setting one’s own hours is a primary draw and the workforce may therefore differ
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Table 5: Work Completion, and Routine Changes

Followup Task Changes in
Completion (0/1) Routine (0/1)

Notice / Outside (T2) -0.16*** -0.13* 0.03 -0.02
(0.05) (0.08) (0.07) (0.10)

No Notice / Within (T3) 0.03 0.07 0.03 -0.02
(0.05) (0.08) (0.06) (0.09)

No Notice / Outside (T4) -0.20*** -0.09 0.11 0.02
(0.05) (0.08) (0.07) (0.10)

Female (=1) -0.11*** -0.03 0.06 -0.02
(0.04) (0.08) (0.05) (0.09)

T2 × Female -0.04 0.08
(0.10) (0.14)

T3 × Female -0.07 0.10
(0.11) (0.13)

T4 × Female -0.19* 0.22
(0.11) (0.16)

Observations 626 626 222 222
R-squared 0.05 0.06 0.04 0.05
Control Mean 0.44 0.44 0.12 0.12
P-val: T2 = T3 0.00 0.01 0.91 0.97
P-val: T2 = T4 0.47 0.61 0.27 0.68
P-val: T3 = T4 0.00 0.04 0.29 0.63
P-val: T2×Fem = T3×Fem 0.80 0.85
P-val: T2×Fem = T4×Fem 0.16 0.38
P-val: T3×Fem = T4×Fem 0.28 0.45

Notes: Columns (2) and (4) include interaction terms between
treatment indicators and a female dummy to test for heterogeneous
treatment effects by gender. The outcome variable is a binary
indicator for completion of the followup task in columns (1)-(2),
and a binary indicator for the participant having to change their
routine in order to accommodate the followup task in columns
(3)-(4). Standard errors are clustered at the participant level and
reported in parentheses. The regressions control for the contract’s
wage level. The table also reports p-values from pairwise tests of
equal coefficients within each regression.
***, **, * indicate statistical significance at 1, 5, 10 percent levels.
Source: Waves 1-5.

systematically from traditional labor markets in its scheduling flexibility. Following the

pre-analysis plan, we split the sample by a binary indicator for whether the participant has

no regular working hours in their current internet job, yielding 2,244 observations in the

flexible group and 1,620 in the non-flexible group. Table 6 reports estimates of equation (4)

separately for the two groups.
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Table 6: Effects by Baseline Work Flexibility

Log(Reported Reservation Wage) (USD/hr)
Flexible Schedule Not Flexible Schedule

Pooled Short Term Long Term Pooled Short Term Long Term
Notice / Outside (T2) -0.04 -0.02 -0.06 -0.02 -0.00 -0.04

(0.03) (0.04) (0.04) (0.03) (0.05) (0.04)

No Notice / Within (T3) 0.15*** 0.18*** 0.13*** 0.05** 0.02 0.09***
(0.02) (0.03) (0.03) (0.02) (0.04) (0.03)

No Notice / Outside (T4) 0.11*** 0.15*** 0.07** 0.06* 0.09* 0.02
(0.03) (0.04) (0.03) (0.03) (0.05) (0.04)

Female -0.18*** -0.15** -0.17** -0.14** -0.05 -0.24***
(0.05) (0.07) (0.07) (0.06) (0.08) (0.07)

T2 × Female 0.04 0.02 0.06 0.08** 0.07 0.10*
(0.04) (0.06) (0.05) (0.04) (0.07) (0.05)

T3 × Female 0.01 -0.00 0.02 0.10*** 0.09 0.12***
(0.03) (0.04) (0.03) (0.04) (0.06) (0.04)

T4 × Female 0.06 0.07 0.04 0.12** 0.06 0.18***
(0.04) (0.06) (0.05) (0.05) (0.08) (0.06)

Participant Controls Yes Yes Yes Yes Yes Yes
Control Mean 1.96 1.78 2.14 1.92 1.72 2.12
Observations 2244 1143 1101 1620 809 811
R-squared 0.07 0.06 0.13 0.04 0.06 0.11
p-val: T2 = T3 0.00 0.00 0.00 0.02 0.63 0.00
p-val: T2 = T4 0.00 0.00 0.00 0.00 0.00 0.02
p-val: T3 = T4 0.09 0.50 0.06 0.90 0.15 0.06
p-val: T2×Fem = T3×Fem 0.45 0.72 0.42 0.68 0.77 0.80
p-val: T2×Fem = T4×Fem 0.61 0.35 0.59 0.23 0.93 0.06
p-val: T3×Fem = T4×Fem 0.21 0.20 0.69 0.71 0.73 0.21

Notes: The outcome variable is the log of reported reservation wage ($/hr) elicited at contract switch
points. The sample is split by current work schedule flexibility, where flexible schedule is measured as
a binary indicator for participants who do not have regular working hours in their current internet job.
This specification includes interaction terms between treatment indicators and a female dummy to test for
heterogeneous treatment effects by gender within each flexibility group. Columns (1)-(3) show results for
participants with flexible schedules (pooled, one-off job, five-week job) and columns (4)-(6) show results for
participants without flexible schedules. Standard errors are clustered at the participant level and reported in
parentheses. The regressions control for contract order effects. Participant controls age, income, race, and
marital status. The table also reports p-values from pairwise tests of equal coefficients within each regression.
***, **, * indicate statistical significance at 1, 5, 10 percent levels.
Source: Waves 1-5

Among male workers with flexible baseline schedules, the no-notice penalty is large and

precisely estimated for both one-off and five-week contracts, replicating the pooled results.
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T3 contracts (within hours, no notice) raise reservation wages by approximately 15 percent,

and T4 contracts (outside hours, no notice) by around 11 percent (Table 6, col. 1). The T2

null also holds in this group. The gender interactions, however, are small and insignificant

across all contract types, indicating that men and women with flexible schedules respond

similarly to demanding terms.

The pattern differs among workers without flexible baseline schedules. In the pooled sample,

the gender interactions are positive and significant across all contract types—8 log points for

T2, 10 for T3, and 12 for T4 (column 4). The T2 interaction is itself significant: outside-hours

work with advance notice carries a larger penalty for women than men in this group. Splitting

by contract duration reveals an asymmetry. The interactions are small and insignificant for

one-off contracts (column 5) but grow for five-week contracts, where the T2, T3, and T4

reach 10, 12, and 18 log points (columns 6). Differences across durations are not always

significant, so we treat the contrast as suggestive rather than conclusive.

These results locate the pooled gender differential documented in Section 4.2 within a

specific group. Among workers with flexible baseline schedules, men and women respond

similarly to demanding contracts. Among those with fixed schedules, however, the gender

differential is substantial and the estimates are largest for five-week contracts. The pattern

points to constraints on women with fixed schedules that do not bind equally on men in

the same position. The next section asks whether household responsibilities and childcare

obligations account for this pattern, and examines attitudinal evidence on gender differences

in preferences.

5.2 Household Work, Constraints and Preferences

Section 3.1 documents large baseline gender differences in domestic labor. Women in our

sample spend more time than men on both childcare and household chores (Table 1). These

differences are not fully explained by marital or parental status (controlling for both narrows

the chore gap, but women still report more time on domestic tasks, Appendix Table B4).

The gender gap in flexibility penalties may reflect this asymmetry: when a no-notice or

outside-hours assignment arrives, men and women do not have the same slack to absorb it.

Self-reported reasons, collected after contract decisions were finalized, point to household

chores rather than childcare. Across the full sample, household responsibilities are cited

nearly twice as often as childcare as a reason for declining work outside regular hours or

without advance notice (Table 9, Panel A and B). Women are 6.3 percentage points more
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likely than men to cite household responsibilities as a barrier to outside-hours work and

7.5 p.p. more likely for no-notice work (roughly 10 and 14 percent). The gap persists after

conditioning on marital and parental status.

Reservation-wage estimates by subgroup sharpen this distinction. In the female-only sample,

the no-notice penalty is not significantly larger for mothers than for non-mothers, and results

for men show no parental gradient either (Table A5, Column 1).16 Across genders, the female

interaction is similar and statistically indistinguishable across childcare-intensity subgroups

(Table 7). Household chores show a different pattern. Among women, heavier burdens are

again not significantly associated with larger penalties, but in the pooled sample the female

interaction is concentrated in the top tercile of chore intensity for both no-notice arms, most

so for T4 (Table 8). Combined with the self-reported barriers, this points to general household

burdens rather than childcare as a more likely source of the gender gap in the flexibility

penalties.

One interpretation is that reported childcare hours capture direct, schedulable care time,

whereas broader household work involves a more diffuse (and less predictable) set of

responsibilities. Daminger (2019) argues that household labor has a cognitive dimension

distinct from its physical tasks: anticipating needs, identifying options, making decisions, and

monitoring whether things get done. Two features of cognitive labor bear on the capacity

to absorb schedule shocks. It is ongoing and open-ended rather than confined to discrete

blocks, so it competes with work demands even when reported hours are similar. It is also

harder to hand off on short notice. A partner can take over a specific task, but transferring

responsibility for tracking and coordinating the household requires context that does not

transfer easily. Conditional on reported hours, women who carry this load have less slack

to absorb an unpredictable assignment.17 Gendered expectations may also be reinforced by

external institutions. Buzard et al. (2025) find that in a large-scale field experiment with U.S.

schools, mothers are more likely than fathers to be contacted about child-related matters

even when both parents are presented as available.

Two pieces of behavioral evidence are consistent with this interpretation. First, as discussed

16Although not pre-specified, we also test whether the age of the child matters. Table B3 shows that
among mothers, the flexibility penalty is largely indistinguishable for children above and below age six, with
the exception of a significant negative T3 × Young Child coefficient in the five-week subsample, pointing, if
anything, in the opposite direction from a childcare-constraint mechanism.

17This matters for how our measures should be interpreted. When respondents are asked about hours
spent on childcare, they plausibly report direct care time (supervising, feeding, transporting) rather than the
anticipation and coordination around it. Much of the cognitive load of running a household with children
falls outside the childcare category and likely shows up in the broader household-work measure instead. Read
this way, the contrast is not between parenting and chores, but between care time that can be scheduled and
household responsibility that cannot.
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in section 4.4, women are less likely to complete the most demanding contracts, consistent

with binding constraints and a lack of temporal buffer. Second, among workers who complete

the task, the gender interaction in reported routine adjustment rises from near zero in T2

to about 22 percentage points in T4 (p = 0.162; Table 5, column 4), though the estimate is

imprecise.18

An alternative to the constraint interpretation is that women require higher compensation

because they have stronger preferences against outside-hours or no-notice work. Table 9

does not support this. If anything, women are less likely than men to report disliking

outside-hours work (30.3 versus 39.4 percent), and the same holds for no-notice work (46.0

versus 53.9 percent). Nor does a broader preference-based account find support: when asked

to choose between an additional hour of market work and an additional hour of household

work, gender differences are small and shrink further once marital and parental status are

held fixed. Women therefore report no greater distaste for demanding schedules yet require

more compensation to accept them, which points to constraints rather than preferences.

The post-elicitation survey offers descriptive support for the role of gendered expectations.

Asked which gender is more likely to accept jobs requiring outside-hours work or no advance

notice, respondents disproportionately name men (Panel D, Table 9). Asked why women in

the United States spend more time on unpaid domestic work, the most common response is

that women are socially expected to perform these tasks—cited by 84.9 percent of women and

68.9 percent of men (Panel G). These expectations plausibly leave women with less slack when

an unpredictable assignment arrives, consistent with broader evidence that perceived gender

norms shape labor-market behavior in ways that need not reflect underlying preferences

(Bursztyn et al., 2020).

In sum, what separates men and women in this setting is not how they feel about unpredictable

work but how much slack they have to absorb it. The gender gap in flexibility penalties

is concentrated among workers with the heaviest domestic burdens, where the demands of

unpredictable work may bind most tightly. Women are more likely to report that household

responsibilities are the reason they turn down demanding work offers and they are less likely

to actually complete the most demanding contracts. At the same time, women report no

stronger distaste for outside-hours or no-notice conditions than men. The pattern aligns with

18Because the sample is conditional on completion, the result reflects intensive-margin behavior, and we
cannot rule out that workers with the largest adjustment costs declined the contract entirely. We therefore
read the routine-change results as supportive evidence of realized schedule disruption.
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Table 7: Effects by Childcare Levels

Log(Reported Reservation Wage) (USD/hr)
Low Childcare High Childcare

Pooled Short Term Long Term Pooled Short Term Long Term
Notice / Outside (T2) -0.02 -0.01 -0.03 -0.05 -0.02 -0.08

(0.02) (0.03) (0.03) (0.04) (0.07) (0.05)

No Notice / Within (T3) 0.14*** 0.14*** 0.14*** 0.05* 0.04 0.06*
(0.02) (0.03) (0.02) (0.03) (0.05) (0.04)

No Notice / Outside (T4) 0.09*** 0.12*** 0.06* 0.08* 0.12* 0.04
(0.02) (0.04) (0.03) (0.04) (0.07) (0.05)

Female (=1) -0.18*** -0.10 -0.24*** -0.13** -0.15* -0.15**
(0.05) (0.07) (0.07) (0.06) (0.08) (0.07)

T2 × Female 0.02 0.01 0.04 0.10* 0.08 0.12**
(0.04) (0.05) (0.04) (0.05) (0.08) (0.06)

T3 × Female 0.05 0.03 0.08** 0.09** 0.09* 0.07*
(0.03) (0.06) (0.03) (0.04) (0.06) (0.04)

T4 × Female 0.11*** 0.10 0.12** 0.07 0.06 0.08
(0.04) (0.06) (0.05) (0.05) (0.09) (0.07)

Participant Controls Yes Yes Yes Yes Yes Yes
Observations 2143 1063 1080 1625 825 800
R-squared 0.05 0.05 0.13 0.07 0.06 0.11
Control Mean 1.96 1.78 2.14 1.91 1.73 2.11
p-val: T2 = T3 0.00 0.00 0.00 0.02 0.40 0.00
p-val: T2 = T4 0.00 0.00 0.00 0.00 0.01 0.00
p-val: T3 = T4 0.03 0.47 0.01 0.36 0.15 0.54
p-val: T2×Fem = T3×Fem 0.54 0.83 0.43 0.80 0.82 0.43
p-val: T2×Fem = T4×Fem 0.00 0.07 0.02 0.50 0.77 0.41
p-val: T3×Fem = T4×Fem 0.14 0.26 0.36 0.76 0.62 0.87

Notes: The outcome variable is the log of reported reservation wage ($/hr) elicited at contract switch points. This specification
includes interaction terms between treatment indicators and female dummy to test for heterogeneous treatment effects by gender.
The sample is split by childcare intensity, where childcare intensity is measures as an indicator for above-median hours spent
on childcare. Columns (1)-(3) show results for individuals with low childcare responsibility (pooled, short term job, long term
job) and columns (4)-(6) show results for individuals with high childcare responsibility. Standard errors are clustered at the
participant level and reported in parentheses. The regressions control for contract order effects. Participant controls include
controls for age, income, race, and marital status. The table also reports p-values from pairwise tests of equal coefficients within
each regression. ***, **, * mean statistical significance at 1, 5, 10 percent levels. Source: Waves 1-5

gendered expectations about who absorbs domestic shocks and who can take advantage of

more demanding work opportunities.

25



Table 8: Effects by Household Work Levels

Log(Reported Reservation Wage) (USD/hr)
Low HH Work Mid HH Work High HH Work

Pooled Short Long Pooled Short Long Pooled Short Long
Notice / Outside (T2) -0.06* -0.03 -0.08** -0.01 0.01 -0.03 -0.01 -0.01 -0.00

(0.03) (0.04) (0.04) (0.04) (0.05) (0.05) (0.04) (0.07) (0.04)

No Notice / Within (T3) 0.12*** 0.13*** 0.10*** 0.11*** 0.12*** 0.11*** 0.08*** 0.01 0.14***
(0.02) (0.03) (0.03) (0.03) (0.05) (0.03) (0.02) (0.03) (0.03)

No Notice / Outside (T4) 0.11*** 0.18*** 0.04 0.09** 0.10* 0.07 0.03 0.01 0.04
(0.03) (0.05) (0.03) (0.04) (0.06) (0.05) (0.05) (0.07) (0.06)

Female (=1) -0.13** -0.08 -0.18** -0.14** -0.06 -0.22** -0.16* -0.16 -0.18*
(0.06) (0.09) (0.08) (0.07) (0.09) (0.09) (0.08) (0.12) (0.10)

T2 × Female 0.02 -0.02 0.07 0.04 0.01 0.08 0.06 0.08 0.04
(0.05) (0.07) (0.06) (0.05) (0.08) (0.07) (0.05) (0.09) (0.06)

T3 × Female 0.05 0.03 0.08* 0.04 0.00 0.08 0.08** 0.15*** 0.02
(0.04) (0.06) (0.04) (0.04) (0.07) (0.05) (0.04) (0.05) (0.05)

T4 × Female 0.03 -0.02 0.08 0.11** 0.10 0.12* 0.15** 0.19** 0.10
(0.05) (0.08) (0.06) (0.05) (0.08) (0.07) (0.06) (0.09) (0.08)

Participant Controls Yes Yes Yes Yes Yes Yes Yes Yes Yes
Control Mean 2.03 1.86 2.18 1.91 1.73 2.12 1.88 1.68 2.08
Observations 1382 659 723 1346 727 619 1132 562 570
R-squared 0.05 0.05 0.13 0.06 0.06 0.11 0.07 0.08 0.13
p-val: T2 = T3 0.00 0.00 0.00 0.00 0.04 0.00 0.04 0.72 0.00
p-val: T2 = T4 0.00 0.00 0.00 0.00 0.00 0.00 0.50 0.76 0.45
p-val: T3 = T4 0.79 0.34 0.08 0.38 0.69 0.32 0.16 0.99 0.06
p-val: T2×Fem = T3×Fem 0.60 0.56 0.90 0.95 0.92 0.98 0.71 0.45 0.74
p-val: T2×Fem = T4×Fem 0.92 0.97 0.89 0.04 0.08 0.36 0.14 0.25 0.41
p-val: T3×Fem = T4×Fem 0.61 0.51 0.98 0.17 0.24 0.48 0.19 0.57 0.26

Notes: The outcome variable is the log of reported reservation wage ($/hr) elicited at contract switch points. This specification
includes interaction terms between treatment indicators and female dummy to test for heterogeneous treatment effects by gender.
The sample is split by household work intensity, where household work intensity is measured as terciles of hours spent on home
chores. Columns (1)-(3) show results for individuals with low household work responsibility (pooled, short term job, long term
job) and columns (4)-(6) show results for individuals with high household work responsibility. Standard errors are clustered at
the participant level and reported in parentheses. The regressions control for contract order effects. Participant controls include
controls for age, income, race, and marital status. The table also reports p-values from pairwise tests of equal coefficients within
each regression. ***, **, * mean statistical significance at 1, 5, 10 percent levels. Source: Waves 1-5

6 Selection Effects of Demanding Work

We turn now to whether the worker-side constraints documented so far have consequences

for the productivity composition of the labor pool available to firms. Demanding contracts

can affect not only the size of the applicant pool but also its composition, and the direction

depends on how worker productivity correlates with the cost of accommodating demanding

schedules. If higher-productivity workers have better outside options or face higher marginal

costs, they will raise their reservation wages more sharply, and demanding contracts will
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Table 9: Barriers, Preferences, and Gender-Norm Attitudes toward Demanding Work

Women Men Difference Adjusted
Difference

(1) (2) (3) (4)
Panel A: Barriers to outside hours
Household Responsibilities 67.2 60.9 6.3** 6.4**
Childcare Responsibilities 36.9 21.6 15.3 2.9
Dislike Outside Hours Jobs 30.3 39.5 -9.2 -4.7
Observations 488 458 946 946
Panel B: Barriers to no advance notice
Household Responsibilities 62.9 55.4 7.5** 6.8**
Childcare Responsibilities 37.5 22.1 15.4 2.9
Dislike no Advance Notice Jobs 45.8 54.1 -8.3** -3.5
Observations 491 462 953 953
Panel C: Choice b/w Work and HH Responsibilities
HH Responsiblities 34.5 28.1 6.5** 4.3
Job Task 32.9 39.2 -6.3** -4.6
Indifferent 32.5 32.7 -0.2 0.3
Observations 495 474 969 969
Panel D: More likely to accept demanding contracts
Men (Outside Hours) 27.3 42.2 -14.9 -16.7***
Men (Advance Notice) 34.6 40.9 -6.3** -7.7**
Observations (Outside Hours) 495 474 969 969
Observations (Advance Notice) 491 474 965 965
Panel E: Reasons for disparity in domestic work
Women are exptected to 85.5 69.6 15.8 16.9***
Women are better 19.2 23.8 -4.6* -6.4**
Women care more 43.6 42.8 0.8 -1.0
Observations 495 474 969 969

Notes: Column (1) reports the share of women selecting the corresponding response,
Column (2) reports the share of men selecting the corresponding response, Column
(3) reports the difference in shares (Women - Men) derived as the coefficient on an
indicator variable for female from regressing the responses on the indicator variable, and
Column (4) reports the coefficient on the indicator variable for female while controlling
for marital status and parental status. Standard errors are clustered at the participant
level. ***, **, * mean statistical significance at 1, 5, 10 percent levels.

deter the most productive talent. If, by contrast, lower-productivity workers are more readily

deterred, these same contracts select positively on productivity. We test these possibilities by

examining whether the flexibility penalty varies with our measures of worker productivity.

The task-based literature in labor economics emphasizes that jobs reward different bundles

of skills — cognitive, task-specific, communication, and effort-related — rather than a single
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measure of productivity (Autor, 2013; Deming, 2017). We therefore measure three dimensions:

(i) standardized test scores (SAT/ACT), capturing prior academic skills; (ii) Raven Progressive

Matrices, capturing fluid reasoning and abstract problem-solving; and (iii) quality ratings

of the baseline writing task, capturing written communication and information synthesis.

Our pre-specified primary measure is an index of the three, constructed following Kling et al.

(2007).19 We also report selection effects for each component separately, and for three (related

but distinct) secondary measures of worker performance: verbal fluency, performance on

simple factual-question scores (designed to capture attention to the video), and time spent

completing the baseline summary (as a coarse proxy for effort).

6.1 Selection on Productivity

We first estimate whether flexibility penalties vary with baseline productivity, interacting

each treatment indicator with the productivity measures (Table 10). We find evidence of

negative selection on productivity in contracts without advance notice. A one-unit increase

in the productivity index – equivalent to a one-standard-deviation improvement in each of its

three standardized components – raises the flexibility penalty by approximately 5 percent

for T3 (within hours, no notice) and 9 percent for T4 (outside hours, no notice), or 36 and

69 percent relative to the underlying T3 and T4 penalties. These effects are statistically

significant and large in magnitude.20 The corresponding interaction for T2 (outside hours

with notice) is small and insignificant, indicating that non-standard timing alone does not

deter higher-productivity workers when notice is provided.

Columns 3–8 of Table 10, show which dimensions of productivity drive the composite result.

The gradient is concentrated in task quality and SAT/ACT scores, while the Raven interactions

are close to zero and statistically insignificant. Appendix Table A7 extends the analysis to

the secondary measures of worker productivity and engagement. Verbal fluency shows the

same negative-selection pattern, particularly for T3. On the other hand, the interactions for

factual-question scores and baseline task time – proxies for attention and effort rather than

productivity – are small, and where significant they are negative.

19Writing ratings, SAT/ACT scores, and Raven scores are winsorized at the 99th percentile before
standardization to mean zero and unit variance within the sample. Following Kling et al. (2007), the
productivity index is the equally-weighted average of the three standardized components; for participants
missing one component, the index is the average of the two non-missing components.

20Results are robust to alternative treatments of missing values in SAT/ACT scores and writing ratings.
Coefficients on the productivity-index interactions are very similar when we impute missing standardized
values as zero and interact treatment indicators with a missing-value indicator, allowing treatment effects to
differ for participants with imputed values (Online Appendix Table B5).
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Table 10: Selection: Flexibility Penalty by Productivity

Log(Reported Reservation Wage) (USD/hr)
Productivity Index Rating Raven SAT/ACT

Notice / Outside (T2) -0.00 -0.00 -0.00 -0.00 -0.00 -0.00 -0.01 -0.02
(0.02) (0.01) (0.02) (0.01) (0.02) (0.01) (0.02) (0.02)

No Notice / Within (T3) 0.14*** 0.14*** 0.14*** 0.14*** 0.14*** 0.14*** 0.14*** 0.14***
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.02) (0.01)

No Notice / Outside (T4) 0.13*** 0.13*** 0.13*** 0.13*** 0.13*** 0.13*** 0.13*** 0.13***
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)

Ability 0.03 -0.01 0.05** 0.00
(0.03) (0.02) (0.02) (0.03)

T2 × Ability 0.00 0.01 0.00 0.00 0.00 0.01 -0.00 0.00
(0.03) (0.02) (0.02) (0.01) (0.02) (0.01) (0.03) (0.03)

T3 × Ability 0.05** 0.05*** 0.03*** 0.03*** 0.00 0.00 0.03* 0.03**
(0.02) (0.02) (0.01) (0.01) (0.01) (0.01) (0.02) (0.01)

T4 × Ability 0.07** 0.07*** 0.04** 0.04*** 0.01 0.01 0.05* 0.06**
(0.03) (0.03) (0.02) (0.01) (0.02) (0.02) (0.03) (0.03)

Participant F.E Yes No Yes No Yes No Yes No
Participant Controls No Yes No Yes No Yes No Yes
Control Mean 1.94 1.94 1.94 1.94 1.94 1.94 1.96 1.96
Observations 3864 3864 3848 3848 3864 3864 2675 2675
R-squared 0.82 0.04 0.82 0.04 0.82 0.05 0.82 0.05
p-val: T2 = T3 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
p-val: T2 = T4 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
p-val: T3 = T4 0.78 0.76 0.78 0.75 0.76 0.73 0.71 0.66
p-val: T2×Ability = T3×Ability 0.13 0.09 0.06 0.04 0.94 0.88 0.38 0.29
p-val: T2×Ability = T4×Ability 0.00 0.00 0.00 0.00 0.53 0.62 0.00 0.00
p-val: T3×Ability = T4×Ability 0.31 0.30 0.55 0.56 0.55 0.56 0.38 0.31

Notes: The outcome variable is the log of reported reservation wage ($/hr) elicited at contract switch points.
This specification includes interaction terms between treatment indicators and worker productivity measures
to test for heterogeneous treatment effects by productivity level. ’Productivity Index’ is measured using a
standardized index combining three baseline measures: (1) test scores (SAT/ACT), (2) fluid intelligence
scores from Raven matrices performance, and (3) task quality ratings of baseline writing performance on a
0-10 scale. Each component is standardized to have mean zero and unit variance within the baseline sample
before taking an average to arrive at the productivity index. Columns (1)-(2) show regressions wherein
’Ability’ refers to the productivity index. Columns (3)-(4), (5)-(6), and (7)-(8) show regressions wherein
’Ability’ refers to the task quality ratings, the raven scores, and the test scores respectively. Standard errors
are clustered at the participant level and reported in parentheses. The regressions control for contract order
effects. Participant controls include controls for age, income, race, and marital status. The table also reports
p-values from pairwise tests of equal coefficients within each regression. ***, **, * mean statistical significance
at 1, 5, 10 percent levels. Source: Waves 1-5.
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6.2 Selection on Productivity by Gender

We next ask whether the productivity gradient differs by gender. Two potential mechanisms

imply different answers. The first is market-based: higher productivity workers tend to

have better outside options, raising their reservation wage more for contracts they find

costly. Because this channel operates through outside options rather than gender, it implies

similar gradients for men and women. The second is constraint-based and gendered: if

high-productivity women are disproportionately the ones absorbing unpredictable work

demands within their household (Goldin, 2014), the cost of unpredictability falls especially

heavily on them, producing a steeper gradient for women.21

Table A8 interacts treatment assignment, gender, and each productivity measure. The

triple-interaction coefficients are small and statistically insignificant for the index and for

every component. Demanding contracts therefore appear to deter higher-productivity workers

similarly regardless of gender, consistent with the outside-options mechanism.

Read alongside the gender gap documented in Section 5, this null separates a level effect from

a slope. Women require more compensation for demanding contracts at every point in the

productivity distribution, but the productivity gradient itself is no steeper for them. Even so,

firm-side consequences are not gender-neutral: the level penalty implies that the female share

of workers willing to accept demanding contracts falls relative to less demanding arrangements,

and the shift runs across the productivity distribution rather than concentrating among the

most productive. That is, firms lose access to female talent through a differential reduction

in labor supply rather than through differential selection by productivity.

7 Conclusions

This paper studies a central tension in gig work: the same arrangements that give workers

flexibility also reward those who can surrender it when clients or platforms demand responsiveness.

By experimentally varying advance notice, timing, and duration while holding the task fixed,

we show that demanding work is not a single job attribute. Unpredictability and non-standard

timing impose distinct costs: contracts without advance notice raise reservation wages by

13–14 percent, while outside-hours work carries little average penalty when notice is provided.

The capacity to absorb these schedule shocks is unequally distributed across workers.

21This could arise if assortative matching places high-productivity women in households with partners in
equally demanding jobs (Eika et al., 2019).
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The worker-side results point to a gendered cost of demanding schedules. Women face 5–6

percent larger flexibility penalties than men for either outside-hours or no-notice work, and

8–9 percent when both are combined. The gap is not explained by a gendered preference

for avoiding these schedules, nor by motherhood or childcare intensity. Rather, it is largest

among workers with high household-chore burdens and among those with less flexible baseline

schedules. The binding constraint therefore appears broader than childcare: domestic

responsibilities erode the temporal buffer workers need to absorb unexpected work demands.

Women are more likely than men to cite household responsibilities as a barrier to demanding

contracts, with suggestive evidence of higher routine adjustment among those who complete

the most demanding contracts. The absence of this buffer translates unequal domestic

workloads into unequal labor-market costs.

The firm-side results show that scheduling demands affect more than the level of labor

supply. Higher-productivity workers require more compensation for no-notice work: a

one-standard-deviation increase in our productivity index raises the flexibility penalty by

about 5 percent for within-hours no-notice contracts and 9 percent when outside-hours

no-notice contracts. The gradient does not differ significantly by gender, but because women

face larger penalties at every productivity level, the female share of the willing pool falls as

contracts become more demanding. At a given wage, operational flexibility therefore comes

at the cost of a smaller and less productive labor pool. This connects the worker-side cost of

demanding schedules to a broader misallocation concern: the organization of work determines

not only how much labor firms attract, but also which workers they attract.

The scope of the findings is shaped by three features of the study. First, the estimates come

from U.S.-based online gig workers completing short remote tasks. While this is a fast-growing

segment of platform-mediated work, a natural next step would be to extend the analysis

to in-person shift work, commuting-intensive jobs, or longer-term employment relationships.

Second, our reservation wages come from an incentivized elicitation rather than equilibrium

wage-setting. This is by design: the BDM structure and follow-up offer isolate worker-side

valuations of specific scheduling attributes, holding fixed the bargaining and sorting processes

that shape observed wages. How these valuations translate into equilibrium compensation

when firms and workers bargain jointly over scheduling and pay remains a separate question.

Third, the design randomizes contract terms but not household circumstances, so the evidence

on mechanisms rests on subgroup comparisons and self-reported barriers. These identify

where the gender gap concentrates rather than the causal effect of the constraints themselves.

Designs that exploit shocks to household constraints could identify that effect directly.

Within these limits, the gender and productivity results reflect a common logic: demanding
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schedules are costliest for workers with the least temporal slack or the highest opportunity cost

of accommodating schedule shocks – conditions that disproportionately describe women with

heavy domestic workloads and higher-productivity workers with better outside options. These

forces shift the composition of the labor pool, so that relative to less demanding arrangements,

the female share and the average productivity of workers willing to accept a contract both

fall. As platform-mediated work, on-demand staffing, and just-in-time contracting expand,

this selection is likely to grow in importance. The design of work therefore matters not only

for worker welfare, but also for the composition of the workforce firms attract to greedy work.
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A Appendix

Appendix Tables

Table A1: Participant Flow and Exclusions by Wave

Wave 1 Wave 2 Wave 3 Wave 4 Wave 5 Total
Survey Timeline
Survey Date 25th Aug 8th Sep 15th Sep 22nd Sep 29th Sep -
Follow-up Date 2nd Sep 19th Sep 26th Sep 3rd Oct 10th Oct -
Baseline Duration (Days) 2 7 6 6 7 28
Recruitment and Exclusions
Initial Participants 201 402 216 325 145 1289
Female/Male Ratio 0.72 1.04 1.06 1.11 1.54 1.05
Less: No Consent 0 0 1 0 0 1
Less: Failed Attention 0 3 3 1 0 7
Less: Terrible Contract 16 60 36 38 17 167

Attention Pass Rate (%) 92.0 84.3 81.9 88.0 88.3 86.5
Less: Not Interested in Follow-up 24 56 19 26 20 145

Analytical Sample 161 283 157 260 108 969
Follow-up Process
Eligible for Follow-up 177 283 157 260 108 985
Selected for Follow-up 114 187 97 167 63 628
Selection Rate (%) 64.4 66.1 61.8 64.2 58.3 63.8

Notes: This table presents the participant flow across five experimental waves of data collection.
Survey Date indicates when each wave was launched, Follow-up Date shows when follow-up surveys
were sent, and Survey Duration shows how many days each wave remained open for recruitment.
The Recruitment and Exclusions section shows initial participant counts and reasons for exclusion:
participants who did not provide consent, failed attention checks, accepted an unreasonably low
wage contract ($0.3/hour), or declined follow-up participation. Female/Male Ratio indicates the
ratio of female to male participants in the initial sample. Attention Pass Rate represents the
percentage of initial participants who neither failed the attention check nor accepted the low-paying
contract. Analytical Sample represents participants who completed the survey without any of
these exclusions and were interested in follow-up. The Follow-up Process section shows those
eligible for follow-up (same as Analytical Sample), those ultimately selected for the follow-up study,
and the selection rate.

35



Table A2: Randomization Balance Test

(1) (2) (3) (4) (2)-(1) (3)-(1) (4)-(1)
T1 T2 T3 T4 Pairwise t-test

Variable Mean/(SE) Mean/(SE) Mean/(SE) Mean/(SE) Mean Mean Mean
diff diff diff

Female 0.54 0.56 0.50 0.44 0.02 -0.04 -0.10**
(0.03) (0.03) (0.03) (0.03)

White 0.76 0.77 0.83 0.79 0.01 0.07* 0.02
(0.03) (0.03) (0.02) (0.03)

Age 35.08 35.16 35.49 35.35 0.09 0.42 0.27
(0.35) (0.33) (0.29) (0.32)

Married 0.39 0.42 0.46 0.42 0.03 0.07 0.03
(0.03) (0.03) (0.03) (0.03)

Has Child 0.44 0.43 0.44 0.42 -0.01 0.00 -0.02
(0.03) (0.03) (0.03) (0.03)

Tertiary Edu 0.88 0.90 0.90 0.89 0.01 0.02 0.01
(0.02) (0.02) (0.02) (0.02)

Yrs Experience 12.70 13.14 13.51 13.41 0.44 0.81 0.71
(0.45) (0.42) (0.37) (0.40)

Hours working 38.04 39.11 39.72 38.89 1.07 1.68 0.85
(1.31) (1.03) (0.95) (0.93)

Job Non-Internet 0.56 0.51 0.58 0.60 -0.05 0.03 0.04
(0.03) (0.03) (0.03) (0.03)

Hours Working Intern 14.92 16.96 15.00 15.21 2.04 0.08 0.29
(0.97) (0.98) (0.95) (0.93)

Regular Hours Intern 0.38 0.45 0.47 0.39 0.06 0.08* 0.01
(0.03) (0.03) (0.03) (0.03)

School Score 0.77 0.78 0.77 0.76 0.01 -0.01 -0.01
(0.01) (0.01) (0.01) (0.01)

Raven Score 4.42 4.83 4.58 4.73 0.41* 0.16 0.31
(0.18) (0.16) (0.16) (0.16)

Home chores (h) 2.29 2.27 2.28 2.45 -0.02 -0.01 0.16
(0.11) (0.13) (0.11) (0.14)

Childcare (h) 2.95 2.96 2.51 2.75 0.01 -0.44 -0.20
(0.34) (0.32) (0.27) (0.31)

Other (h) 2.20 2.31 2.32 2.11 0.12 0.12 -0.09
(0.23) (0.18) (0.23) (0.18)

Notes: This table presents the results of a balance test, illustrating the means and differences
in means among the various treatment groups and the control group. Columns (1) through
(4) provide the means for the T1, T2, T3, and T4. Columns (5) through (7) display the
differences in means between pairs of treatment types. Robust standard errors are reported(in
parentheses). ***, **, * mean statistical significance at 1, 5, 10 percent levels. Source:
Randomization till Wave 5. The total 981 excludes 4 participants who were eligible and
assigned to the long-run treatment.
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Table A3: Flexibility Penalties - Robustness Test

Log(Imputed RW) (USD/hr) Intervals of Imputed RW
Pooled Short Term Long Term Pooled Short Term Long Term

Notice / Outside (T2) -0.03** -0.01 -0.04** -0.04** -0.02 -0.08**
(0.01) (0.02) (0.02) (0.02) (0.03) (0.03)

No Notice / Within (T3) 0.07*** 0.07*** 0.06*** 0.12*** 0.11*** 0.14***
(0.01) (0.02) (0.01) (0.02) (0.02) (0.02)

No Notice / Outside (T4) 0.05*** 0.07*** 0.02 0.09*** 0.13*** 0.05*
(0.01) (0.02) (0.02) (0.02) (0.03) (0.03)

Female (=1) -0.12*** -0.11*** -0.13*** -0.19*** -0.16*** -0.21***
(0.03) (0.04) (0.04) (0.04) (0.05) (0.06)

T2 × Female 0.04** 0.02 0.07*** 0.07** 0.04 0.10**
(0.02) (0.03) (0.03) (0.03) (0.04) (0.04)

T3 × Female 0.05*** 0.04* 0.05*** 0.07*** 0.07** 0.06*
(0.01) (0.02) (0.02) (0.02) (0.03) (0.03)

T4 × Female 0.06*** 0.05 0.07** 0.08** 0.07 0.09**
(0.02) (0.03) (0.03) (0.03) (0.05) (0.04)

Participant Controls Yes Yes Yes Yes Yes Yes
Control Mean 1.83 1.83 1.83
Observations 3868 1952 1916 3868 1952 1916
R-squared 0.05 0.05 0.08
P-val: T2 = T3 0.00 0.00 0.00 0.00 0.00 0.00
P-val: T2 = T4 0.00 0.00 0.00 0.00 0.00 0.00
P-val: T3 = T4 0.12 1.00 0.02 0.18 0.62 0.00
P-val: T2×Fem = T3×Fem 0.81 0.45 0.62 0.97 0.48 0.43
P-val: T2×Fem = T4×Fem 0.30 0.21 0.97 0.62 0.34 0.82
P-val: T3×Fem = T4×Fem 0.52 0.76 0.55 0.70 0.93 0.50

Notes: The outcome variable is the log of imputed reservation wage ($/hr) elicited at contract switch points
in Columns (1)-(3) and intervals of reservation wage ($/hr) in Columns (4)-(6). This specification includes
interaction terms between treatment indicators and female dummy to test for heterogeneous treatment effects
by gender. Columns (1) and (2) show pooled regressions, while columns (3) and (4) present results for short
run and long run sub-samples respectively. Standard errors are clustered at the participant level and reported
in parentheses. The regressions control for contract order effects. Participant controls include controls for
age, income, indicator for race (participant being white), and participant being unmarried. ***, **, * mean
statistical significance at 1, 5, 10 percent levels. The tables also reports p-values from pairwise tests of equal
coefficients within each regression. Source: Waves 1 - 5.

37



Table A4: Flexibility Penalties - Contract Acceptance

Contract Acceptance (0/1)
Pooled Pooled Short Term Long Term

Notice / Outside (T2) 0.02* 0.02** 0.01 0.04**
(0.01) (0.01) (0.02) (0.02)

No Notice / Within (T3) -0.07*** -0.07*** -0.07*** -0.06***
(0.01) (0.01) (0.01) (0.01)

No Notice / Outside (T4) -0.05*** -0.05*** -0.08*** -0.03
(0.01) (0.01) (0.02) (0.02)

Female (=1) 0.11*** 0.09*** 0.12***
(0.02) (0.03) (0.03)

T2 × Female -0.03* -0.03* -0.01 -0.05**
(0.02) (0.02) (0.03) (0.02)

T3 × Female -0.04*** -0.04*** -0.03* -0.04**
(0.01) (0.01) (0.02) (0.02)

T4 × Female -0.05** -0.05** -0.03 -0.06**
(0.02) (0.02) (0.03) (0.03)

Participant F.E Yes No No No
Participant Controls No Yes Yes Yes
Wage Rate Controls Yes Yes Yes Yes
Control Mean 0.53 0.53 0.53 0.53
Observations 27080 27080 13664 13416
R-squared 0.62 0.16 0.18 0.17
P-val: T2 = T3 0.00 0.00 0.00 0.00
P-val: T2 = T4 0.00 0.00 0.00 0.00
P-val: T3 = T4 0.16 0.18 0.78 0.01
P-val: T2×Fem = T3×Fem 0.67 0.74 0.44 0.75
P-val: T2×Fem = T4×Fem 0.25 0.33 0.30 0.78
P-val: T3×Fem = T4×Fem 0.62 0.65 0.95 0.55

Notes: The outcome variable is a binary variable indicating the Y/N
preference for the contract. This specification includes interaction
terms between treatment indicators and female dummy to test for
heterogeneous treatment effects by gender. Columns (1) and (2) show
pooled regressions, while columns (3) and (4) present results for short
run and long run sub-samples respectively. Standard errors are clustered
at the participant level and reported in parentheses. The regressions
control for contract order effects. Participant controls include controls
for age, income, indicator for race (participant being white), and
participant being unmarried. ***, **, * mean statistical significance at
1, 5, 10 percent levels. The tables also reports p-values from pairwise
tests of equal coefficients within each regression. Source: Waves 1 - 5.
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Table A5: Effects of Childcare: Within-Gender Analysis

Log(Reported Reservation Wage) (USD/hr)
Women Men

Pooled Short Term Long Term Pooled Short Term Long Term
Notice / Outside (T2) -0.01 -0.02 0.01 -0.01 0.01 -0.04

(0.02) (0.04) (0.03) (0.02) (0.03) (0.03)

No Notice / Within (T3) 0.19*** 0.16*** 0.21*** 0.13*** 0.14*** 0.12***
(0.03) (0.04) (0.03) (0.02) (0.03) (0.02)

No Notice / Outside (T4) 0.19*** 0.19*** 0.18*** 0.09*** 0.13*** 0.05*
(0.03) (0.04) (0.04) (0.02) (0.04) (0.03)

Has Children -0.13** -0.24*** -0.04 0.01 0.11 -0.05
(0.06) (0.09) (0.07) (0.07) (0.10) (0.09)

T2 × Has Children 0.06 0.09 0.04 -0.05 -0.07 -0.03
(0.04) (0.06) (0.05) (0.05) (0.07) (0.06)

T3 × Has Children -0.05 -0.03 -0.07* -0.06* -0.09 -0.03
(0.03) (0.06) (0.04) (0.03) (0.05) (0.04)

T4 × Has Children -0.03 -0.00 -0.06 -0.01 -0.00 -0.01
(0.04) (0.07) (0.06) (0.05) (0.08) (0.06)

Participant Controls Yes Yes Yes Yes Yes Yes
Observations 1977 1011 966 1887 941 946
R-squared 0.07 0.10 0.09 0.04 0.04 0.12
Control Mean 1.98 1.82 2.14 2.09 1.90 2.28
p-val: T2 = T3 0.00 0.00 0.00 0.00 0.00 0.00
p-val: T2 = T4 0.00 0.00 0.00 0.00 0.00 0.00
p-val: T3 = T4 0.99 0.54 0.41 0.09 0.75 0.02
p-val: T2×Has Children = T3×Has Children 0.01 0.10 0.05 0.78 0.77 1.00
p-val: T2×Has Children = T4×Has Children 0.01 0.08 0.03 0.22 0.26 0.57
p-val: T3×Has Children = T4×Has Children 0.60 0.64 0.83 0.19 0.22 0.61

Notes: The outcome variable is the log of reported reservation wage ($/hr) elicited at contract switch points. This specification
includes interaction terms between treatment indicators and parental status to test for heterogeneous treatment effects by
childcare responsibilities. Children is measured as a binary indicator for whether the participant has any children. Columns
(1)-(3) show results for women (pooled, short term job, long term job) and columns (4)-(6) show results for men. Standard errors
are clustered at the participant level and reported in parentheses. The regressions control for contract order effects. Participant
controls include controls for age, income, race, and marital status. The table also reports p-values from pairwise tests of equal
coefficients within each regression. ***, **, * mean statistical significance at 1, 5, 10 percent levels. Source: Waves 1-5
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Table A6: Effects of Household Work: Within-Gender Analysis

Log(Reported Reservation Wage) (USD/hr)
Women Men

Pooled Short Term Long Term Pooled Short Term Long Term
Notice / Outside (T2) -0.04 -0.07 -0.02 -0.06* -0.03 -0.08**

(0.04) (0.06) (0.04) (0.03) (0.04) (0.04)

No Notice / Within (T3) 0.16*** 0.16*** 0.17*** 0.12*** 0.13*** 0.11***
(0.03) (0.05) (0.03) (0.02) (0.03) (0.03)

No Notice / Outside (T4) 0.14*** 0.16*** 0.11** 0.11*** 0.18*** 0.04
(0.04) (0.06) (0.05) (0.03) (0.05) (0.03)

High Household Work -0.13** -0.13 -0.11 -0.09 -0.12 0.00
(0.06) (0.09) (0.07) (0.06) (0.08) (0.07)

T2 × High HH Work 0.09** 0.12* 0.06 0.05 0.03 0.06
(0.04) (0.07) (0.05) (0.04) (0.06) (0.05)

T3 × High HH Work -0.01 -0.01 0.00 -0.02 -0.04 0.01
(0.03) (0.06) (0.04) (0.03) (0.05) (0.04)

T4 × High HH Work 0.05 0.04 0.05 -0.04 -0.10 0.02
(0.05) (0.07) (0.06) (0.04) (0.07) (0.05)

Participant Controls Yes Yes Yes Yes Yes Yes
Observations 1977 1011 966 1883 937 946
R-squared 0.06 0.08 0.09 0.04 0.05 0.12
Control Mean 1.86 1.70 2.03 2.03 1.83 2.24
p-val: T2 = T3 0.00 0.00 0.00 0.00 0.00 0.00
p-val: T2 = T4 0.00 0.00 0.00 0.00 0.00 0.00
p-val: T3 = T4 0.43 0.94 0.26 0.70 0.35 0.06
p-val: T2×High HH Work = T3×High HH Work 0.06 0.11 0.31 0.13 0.27 0.38
p-val: T2×High HH Work = T4×High HH Work 0.27 0.19 0.82 0.01 0.01 0.25
p-val: T3×High HH Work = T4×High HH Work 0.23 0.41 0.42 0.56 0.37 0.92

Notes: The outcome variable is the log of reported reservation wage ($/hr) elicited at contract switch points. This specification
includes interaction terms between treatment indicators and household work intensity to test for heterogeneous treatment
effects by household work responsibilities. ’High HH Work’ is measured as a binary indicator for whether the participant has
above-median time spent on home chores. Columns (1)-(3) show results for women (pooled, short term job, long term job) and
columns (4)-(6) show results for men. Standard errors are clustered at the participant level and reported in parentheses. The
regressions control for contract order effects. Participant controls include controls for age, income, race, and marital status. The
table also reports p-values from pairwise tests of equal coefficients within each regression. ***, **, * mean statistical significance
at 1, 5, 10 percent levels. Source: Waves 1-5
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Table A7: Flexibility Penalties by Productivity

Log(Reported Reservation Wage) (USD/hr)
Fluency Factual Time (Effort)

Notice / Outside (T2) -0.00 -0.00 -0.00 -0.00 -0.00 -0.00
(0.02) (0.01) (0.02) (0.01) (0.02) (0.01)

No Notice / Within (T3) 0.14*** 0.14*** 0.14*** 0.14*** 0.14*** 0.14***
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

No Notice / Outside (T4) 0.13*** 0.13*** 0.13*** 0.13*** 0.13*** 0.13***
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02)

Ability 0.01 0.01 -0.06***
(0.02) (0.02) (0.02)

T2 × Ability -0.00 -0.00 -0.04** -0.04** 0.01 0.01
(0.02) (0.02) (0.02) (0.02) (0.01) (0.01)

T3 × Ability 0.03** 0.03** 0.00 0.00 -0.02* -0.02*
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

T4 × Ability 0.03 0.03* -0.01 -0.01 0.00 0.00
(0.02) (0.02) (0.02) (0.02) (0.01) (0.01)

Participant F.E Yes No Yes No Yes No
Participant Controls No Yes No Yes No Yes
Control Mean 1.94 1.94 1.94 1.94 1.94 1.94
Observations 3864 3864 3864 3864 3864 3864
R-squared 0.82 0.04 0.82 0.04 0.82 0.05
p-val: T2 = T3 0.00 0.00 0.00 0.00 0.00 0.00
p-val: T2 = T4 0.00 0.00 0.00 0.00 0.00 0.00
p-val: T3 = T4 0.75 0.72 0.76 0.72 0.75 0.72
p-val: T2×Ability = T3×Ability 0.10 0.06 0.03 0.01 0.06 0.03
p-val: T2×Ability = T4×Ability 0.01 0.00 0.04 0.01 0.65 0.62
p-val: T3×Ability = T4×Ability 0.89 0.85 0.43 0.37 0.15 0.10

Notes: The outcome variable is the log of reported reservation wage ($/hr) elicited at contract
switch points. This specification includes interaction terms between treatment indicators and
worker productivity measures to test for heterogeneous treatment effects by productivity level.
Columns (1)-(2), (3)-(4), and (5)-(6) show regressions wherein ’Ability’ refers to the verbal fluency
scores, the factual question scores, and the time taken on the baseline task respectively. Each
productivity measure is standardized to have mean zero and unit variance within the baseline
sample. Standard errors are clustered at the participant level and reported in parentheses. The
regressions control for contract order effects. Participant controls include controls for age, income,
race, and marital status. The table also reports p-values from pairwise tests of equal coefficients
within each regression. ***, **, * mean statistical significance at 1, 5, 10 percent levels. Source:
Waves 1-5.
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Table A8: Productivity Selection Effects by Gender

Log(Reported Reservation Wage) (USD/hr)
Productivity Rating Raven SAT/ACT Fluency Factual Time

Index (Effort)
Notice / Outside (T2) -0.03 -0.03 -0.03 -0.04 -0.03 -0.03 -0.03

(0.02) (0.02) (0.02) (0.03) (0.02) (0.02) (0.02)

No Notice / Within (T3) 0.11*** 0.11*** 0.11*** 0.11*** 0.11*** 0.11*** 0.11***
(0.01) (0.01) (0.01) (0.02) (0.02) (0.02) (0.01)

No Notice / Outside (T4) 0.09*** 0.09*** 0.09*** 0.09*** 0.09*** 0.09*** 0.09***
(0.02) (0.02) (0.02) (0.03) (0.02) (0.02) (0.02)

Female -0.16*** -0.17*** -0.16*** -0.14*** -0.17*** -0.16*** -0.16***
(0.04) (0.04) (0.04) (0.05) (0.04) (0.04) (0.04)

Ability 0.10** 0.03 0.07** 0.05 0.05* 0.01 -0.05
(0.04) (0.02) (0.03) (0.04) (0.03) (0.03) (0.04)

T2 x Ability 0.02 -0.00 0.02 0.00 -0.02 -0.04 0.01
(0.03) (0.02) (0.02) (0.04) (0.03) (0.02) (0.02)

T3 x Ability 0.07*** 0.04*** 0.02 0.03 0.01 0.00 -0.02**
(0.02) (0.01) (0.01) (0.02) (0.02) (0.02) (0.01)

T4 x Ability 0.07* 0.02 0.02 0.05 0.01 -0.02 -0.01
(0.04) (0.02) (0.02) (0.04) (0.03) (0.02) (0.02)

Female x Ability -0.14** -0.10*** -0.04 -0.09* -0.05 -0.01 -0.01
(0.06) (0.04) (0.04) (0.05) (0.04) (0.04) (0.04)

T2 × Female 0.06** 0.06** 0.06** 0.05 0.06** 0.05* 0.06**
(0.03) (0.03) (0.03) (0.03) (0.03) (0.03) (0.03)

T3 × Female 0.05** 0.05** 0.05** 0.07** 0.05** 0.05** 0.05**
(0.02) (0.02) (0.02) (0.03) (0.02) (0.02) (0.02)

T4 × Female 0.08*** 0.08*** 0.08*** 0.09** 0.08*** 0.08*** 0.08***
(0.03) (0.03) (0.03) (0.04) (0.03) (0.03) (0.03)

T2 x Female x Ability -0.02 0.01 -0.03 0.00 0.03 -0.00 -0.00
(0.05) (0.03) (0.03) (0.05) (0.03) (0.03) (0.02)

T3 x Female x Ability -0.05 -0.02 -0.04 0.01 0.02 0.01 -0.00
(0.03) (0.02) (0.02) (0.03) (0.02) (0.03) (0.02)

T4 x Female x Ability 0.01 0.03 -0.02 0.01 0.03 0.03 0.02
(0.05) (0.03) (0.03) (0.05) (0.03) (0.03) (0.02)

Participant Controls Yes Yes Yes Yes Yes Yes Yes
Control Mean 1.94 1.94 1.94 1.96 1.94 1.94 1.94
Observations 3864 3848 3864 2675 3864 3864 3864
R-squared 0.06 0.05 0.06 0.06 0.05 0.05 0.06

Notes: The outcome variable is the log of reported reservation wage ($/hr) elicited
at contract switch points. ‘Productivity Index’ is measured using a standardized
index combining three baseline measures: (1) test scores (SAT/ACT), (2) Raven
matrices performance, and (3) task quality ratings. Standard errors are clustered at the
participant level and reported in parentheses. The regressions control for age, income,
race, marital status, and contract order effects. ***, **, * mean statistical significance
at 1, 5, 10 percent levels.
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B Online Appendix

B.1 Experimental Protocol

B.1.1 Eligibility Screening and Consent

Participants completed a standard attention check embedded in a short paragraph about

internet-based work. The paragraph instructed participants to select “Prefer not to answer”

from a list of response options that also included “Yes,” “No,” “Increase productivity,” and

“Decrease productivity.” Participants who selected any option other than “Prefer not to

answer” were exited from the survey.

B.1.2 Baseline Task

Participants were asked to write a brief message of 4–5 sentences highlighting the benefits of

hand washing, using details from the video.22 . They were informed that an anonymous version

of their message would be shared with others to promote safe hand washing behaviors.23

This framing was chosen to encourage effortful engagement with the writing task by giving it

a prosocial purpose, without revealing the study’s focus on scheduling flexibility or gender.

Additionally, the participants were asked two questions to capture attention to the video:

• “In which country is the school discussed in the video located?”

• “What is the disease mentioned in the video?”

B.1.3 Contract Elicitation

Before making contract decisions, participants were presented with the following introductory

text:

Jobs vary regarding their demands for being flexible. Some industries, like media,

often require work at odd hours or on short notice to meet tight or time-sensitive

deadlines. Next you will be asked about your interest in different types of jobs.

22This is a 125 second video from UNICEF: https://www.youtube.com/watch?v=KHPkZTYKUPg
23The exact prompt for the writing task is as follows: “Please watch the following video carefully. After

watching, write a brief message (4-5 sentences) highlighting the benefits of hand washing, using details from
the video. Note that an anonymous version of this message on how to practice safe hand washing behaviors
will be shared with others.”
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For each type, we will ask whether you would accept or reject the job. These

jobs may differ in: (1) Timing — when the work is scheduled; (2) Notice period —

how far in advance you are informed about the time to complete the job; (3) Pay

— how much the job pays per hour.

The following instruction was displayed before participants began making decisions:

Since only one of your choices will be randomly selected and used, rejecting a

contract will not increase the chance of being offered a different contract — this

means you should answer each question as if that one job might be the only one

you get. Therefore, it’s important to express your true preferences.

Each treatment arm was introduced with a brief description of its scheduling conditions, as

follows:

• T1 (Within Hours, Advance Notice): “Next, you will see contracts for a [10-minute

/ 2-hour per week for 5 weeks] task where you are told about the job 3 days in advance,

so you have time to plan ahead. The task must be completed within typical working

hours on the day we specify (between 9 AM and 5 PM).”

• T2 (Outside Hours, Advance Notice): “Next, you will see contracts for a [10-minute

/ 2-hour per week for 5 weeks] task where you are told about the job 3 days in advance,

so you have time to plan ahead. The task must be completed outside typical working

hours on the day we specify (between 7 PM and midnight).”

• T3 (Within Hours, No Advance Notice): “Next, you will see contracts for a

[10-minute / 2-hour per week for 5 weeks] task with no advance notice, so you don’t

have time to plan ahead. The task must be completed within typical working hours

(between 9 AM and 5 PM).”

• T4 (Outside Hours, No Advance Notice): “Next, you will see contracts for a

[10-minute / 2-hour per week for 5 weeks] task with no advance notice, so you don’t

have time to plan ahead. The task must be completed outside typical working hours

(between 7 PM and midnight).”

Figure B1 shows a representative contract screen as presented to participants, illustrating

how the three contract dimensions were displayed for each offer.
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Figure B1: Representative Contract Screen

Notes: Screenshot of the T2 (Outside Hours, Advance Notice) [2-hour per week] contract screen as presented
to participants. Each offer listed the wage, timing condition, and advance notice condition. Participants
indicated their interest by selecting Yes or No.

In addition to the four treatment arms, participants were presented with a dominated contract

under T1 conditions paying $0.30 per hour ($0.05 for a 10-minute task). Figure B2 shows

how this contract was presented to participants.

Figure B2: Dominated Contract Screen

Notes: Screenshot of the dominated contract as presented to participants. Participants who accepted this
offer were excluded from the analytical sample on the grounds of inattention.
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B.1.4 Reservation Wage Elicitation

At the identified switch point — the wage level at which the participant’s decision changed

from rejection to acceptance or from acceptance to rejection — participants were asked to

report their exact reservation wage using a slider bounded by the two wage levels bracketing the

switch point, in increments of $0.25. Figure B3 shows the slider as presented to participants.

Participants who accepted all wage levels including the lowest ($4 per hour) or rejected all

wage levels including the highest ($10 per hour) were asked to enter their reservation wage

directly in a free-text box without a bounded range.

Figure B3: Reservation Wage Slider

Notes: Screenshot of the reservation wage slider as presented to participants at the switch point. The slider
was bounded by the two wage levels bracketing the switch, in increments of $0.25.

After completing elicitation for all four treatment arms in their assigned contract length,

participants were presented with four additional contracts at the medium wage of $7 per hour

under the alternative contract length, one for each treatment arm, allowing preferences over

contract duration to be elicited alongside preferences over scheduling conditions. Participants

who indicated a preference for the alternative contract length were asked to select from a list

of reasons for their preference, covering household obligations, scheduling flexibility, income

stability, and other factors.

B.1.5 Barriers, Preferences, and Gender-Norm Attitudes

Upon completion of contract decisions, participants are asked a series of questions on the

barriers they face when considering demanding contracts (Figure B4), a hypothetical capturing

their preference between work and household responsibilities (Figure B5, and their attitudes

on gender-norms (Figures B6 and B7).
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Figure B4: Barriers to Accepting Demand Contracts

Notes: Screenshot of the question on barriers to accepting an “Outside Hours” contract as presented to
participants. The same question is rephrased as “What barriers do you face when considering work-related
tasks that require you to work with no advance notice ?” to capture the barriers participants face when
considering a “No Advance Notice” contract.

Figure B5: Preference for Work vs. Household Responsibilities

Notes: Screenshot of the question the choice between work and household responsibilities as presented to
participants.

Figure B6: Gender Norm-Attitudes: Contract Decisions

Notes: Screenshot of the question on gender-norm attitudes as presented to the participants. The question
captures participants’ believes on which gender is more likely to accept a “No Advance Notice” contract. The
question is also rephrased as “Which of these groups is more likely to accept a job that requires working
outside regular hours?” in order to captures believes on which gender is more likely to accept a “Outside
Hours” contract.
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Figure B7: Gender Norm-Attitudes: Domestic Work

Notes: Screenshot of the question on gender-norm attitudes as presented to the participants. The question
captures participants’ believes on the reasons behind the gender differences in unpaid domestic work.

B.2 Ability Measures

This appendix describes all the ability measures used in the analyzes. All the measures are

winsorized at the 99th percentile before standardization to mean zero and unit variation

within the analytical sample.

SAT/ACT. Participants are asked two questions each for the SAT and the ACT scores:

the marks obtained by the participant and the maximum marks that could be obtained in

the year of examination. The proportion of marks obtained by the participant is calculated

as the marks obtained by the participant normalized by the maximum marks. This exercise

is done for both the SAT and the ACT scores. Further, these 2 proportions are aggregated

into one “SAT/ACT” variable wherein a participant is assigned their ACT proportion as

a priority, and are assigned their SAT proportion in cases wherein the ACT scores are not

reported.24

24In the analytical sample of 969 individuals, 299 individuals have unreported scores for both the SAT and
the ACT. Of these, 207 individuals state that they have not taken the SAT or the ACT. The remaining 92
state that they have taken at least one of the two tests, however, they do not report either of the two scores.
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Figure B8: SAT/ACT Scores

Notes: Screenshot of the questions on the SAT scores as presented to the participants. Additionally, the
same set of questions are asked for the ACT scores.

Raven Progressive Matrices. The Raven Progressive Matrices task measures fluid

intelligence through abstract pattern recognition. Each item presents a matrix of geometric

patterns with one cell missing; participants identify the correct completion from a set of

options. We implement an adaptive version of the task in which all participants begin at the

same starting item. Correct responses route participants to a more difficult item; incorrect

responses route participants to an easier item. Each participant completes at most three

items. The Raven scores range from 0 to 7 based on the number of correct responses and the

difficulty of the route taken by the participants. Figure B9 shows a representative item as

presented to participants.

Figure B9: Raven Progressive Matrices: Example Item

Notes: Screenshot of a representative Raven Progressive Matrices item as presented to participants.
Participants enter the number corresponding to the correct missing piece.
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Verbal Fluency Task. Participants are presented with a thirty-second timed task in

which they are asked to generate as many words as possible beginning with the letter “Q,”

excluding proper nouns and repeated words. The score is the total number of valid words

produced within the time limit. Figure B10 shows the task as presented to participants.

Figure B10: Verbal Fluency Task

Notes: Screenshot of the verbal fluency task as presented to participants. Participants had thirty seconds to
generate words beginning with the letter “Q,” excluding proper nouns and repetitions.

Writing Quality Ratings. The task quality ratings used as a component of the productivity

index in Section 4 are constructed from a separate evaluation survey. We recruited a separate

sample of evaluators on Prolific. After completing an attention check, evaluators were shown

the same one-minute video presented to baseline participants and instructed: “Please watch

the following 1min video carefully. Next, you will read short summaries of this video and

assess how well these capture the content.” Each evaluator was then presented with a random

subset of ten baseline summaries in random order and asked: “What is the quality of this

summary (1 = very poor, 10 = very strong)?” Each baseline summary was independently

rated by multiple evaluators, and we use the average rating across evaluators as our measure

of writing quality.

Factual Question Scores. As described in Appendix B.1.2, upon completion of the

baseline writing task, participants were asked two questions to capture attention to the video.

The responses to these questions are coded as a binary variable, with valid responses taking
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the value 1 and invalid responses taking the value 0. The average of the two binary variables

is considered the factual question scores of the participants.

Time Taken (Baseline Task). The time taken is measured as the time each participant

spends on the baseline writing task. This time is captured in seconds and is used as a proxy

for effort.
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B.3 Tables

Table B1: Follow-up Messages

Group Contract Message 1 Message 2

Short Run

Within Work
Hours, Advance
Notice (T1)

Congratulations! You have qualified
for an upcoming follow-up task that
pays $1.17 for approximately 10 minutes
of work. An invitation with the HIT
will be sent on 02sep2025 by noon
(local time). You will have until 5pm
to complete it. Thank you for your
participation.

The follow-up task you
qualified for is now
live. It pays $1.17 for
approximately 10 mins
of workOnce the task
is sent, you will have
until 5pm local time to
complete it

Outside Work
Hours, Advance
Notice (T2)

Congratulations! You have qualified for
an upcoming follow-up task that pays
$1.17 for approximately 10 minutes of
work. An invitation with the HIT will
be sent on 02sep2025 by 10 pm (local
time). You will have until midnight
to complete it. Thank you for your
participation.

The follow-up task you
qualified for is now
live. It pays $1.17 for
approximately 10 mins
of workOnce the task
is sent, you will have
until midnight local
time to complete it

Within Work
Hours, No
Advance Notice
(T3)

Congratulations! You have qualified for
an upcoming follow-up task that pays
$1.17 for approximately 10 minutes of
work. An invitation with the HIT will
be sent within the next couple of days ,
at some point during regular work hours
You will have until 5pm to complete it.
Thank you for your participation.

The follow-up task you
qualified for is now
live. It pays $1.17 for
approximately 10 mins
of workOnce the task
is sent, you will have
until 5pm local time to
complete it

Outside Work
Hours, No
Advance Notice
(T4)

Congratulations! You have qualified for
an upcoming follow-up task that pays
$1.17 for approximately 10 minutes of
work. An invitation with the HIT will
be sent within the next couple of days ,
at some point after regular work hours
You will have until midnight to complete
it. Thank you for your participation.

The follow-up task you
qualified for is now
live. It pays $1.17 for
approximately 10 mins
of workOnce the task
is sent, you will have
until midnight local
time to complete it

Notes: The table reports the messages that the workers receive when they are
selected for a Short-Run Medium Wage job. Message 1 informs the workers that
they are selected for a follow-up job, and Message 2 informs the workers that the
job they are selected for is now live. Workers assigned to contracts with advance
notice (T1 and T2) are given information on the date and time when the job
would go live while workers assigned to contracts with no advance notice (T3 and
T4) are not given this information.

52



Table B2: Analysis by wage level

Contract Acceptance (0/1)
Short Term Long Term

Low Mid High Low Mid High
Notice / Outside (T2) 0.02 0.02 -0.01 0.04** 0.03 0.04**

(0.02) (0.02) (0.02) (0.02) (0.02) (0.02)

No Notice / Within (T3) -0.06*** -0.06*** -0.09*** -0.03*** -0.06*** -0.09***
(0.02) (0.02) (0.02) (0.01) (0.02) (0.02)

No Notice / Outside (T4) -0.05** -0.05** -0.11*** -0.00 -0.03 -0.04*
(0.02) (0.03) (0.03) (0.02) (0.02) (0.02)

Female (=1) 0.14*** 0.11*** 0.04 0.09*** 0.12*** 0.14***
(0.04) (0.04) (0.03) (0.03) (0.04) (0.04)

T2 X Female -0.03 -0.01 0.00 -0.09*** -0.04 -0.04
(0.03) (0.03) (0.03) (0.03) (0.03) (0.03)

T3 X Female -0.05* -0.05** -0.01 -0.06*** -0.04 -0.04
(0.03) (0.03) (0.03) (0.02) (0.02) (0.03)

T4 X Female -0.07** -0.07* 0.01 -0.07*** -0.06* -0.05
(0.03) (0.04) (0.04) (0.03) (0.03) (0.03)

Participant Control Yes Yes Yes Yes Yes Yes
Control Mean 0.282 0.525 0.702 0.282 0.525 0.702
Observations 3904 3904 5856 3832 3833 5751
R2 0.03 0.03 0.03 0.05 0.06 0.07

Notes: The outcome variable is a binary variable indicating the Y/N preference for the
contract. Columns (1), (2) and (3) show regressions of low, mid and high wage groups
for the short term job sub-sample. Columns (4), (5) and (6) show regressions of low,
mid and high wage groups for the long term job sub-sample. The regressions control
for contract order effects. Participant controls include controls for age, income, race,
and marital status. Standard errors are clustered at the participant level and reported
in parentheses. ***, **, * mean statistical significance at 1, 5, 10 percent levels. Source:
Waves 1 - 5.
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Table B3: Within-Gender Analysis: Young Child

Log(Reported Reservation Wage) (USD/hr)
Women Men

Pooled Short Term Long Term Pooled Short Term Long Term
Notice / Outside (T2) 0.05 0.08 0.02 -0.07 -0.09 -0.06

(0.04) (0.08) (0.05) (0.08) (0.12) (0.10)

No Notice / Within (T3) 0.16*** 0.12*** 0.20*** 0.08 0.10 0.06
(0.03) (0.04) (0.04) (0.07) (0.11) (0.08)

No Notice / Outside (T4) 0.18*** 0.23*** 0.13** 0.01 0.03 -0.00
(0.05) (0.09) (0.06) (0.09) (0.16) (0.09)

Young Child 0.07 0.03 0.10 0.16 0.08 0.19
(0.07) (0.11) (0.10) (0.10) (0.10) (0.15)

T2 × Young Child 0.00 -0.06 0.06 0.00 0.04 -0.04
(0.06) (0.10) (0.07) (0.09) (0.14) (0.11)

T3 × Young Child -0.06 -0.02 -0.10** -0.03 -0.10 0.03
(0.04) (0.06) (0.05) (0.07) (0.12) (0.09)

T4 × Young Child -0.04 -0.09 -0.00 0.09 0.12 0.05
(0.07) (0.11) (0.10) (0.10) (0.17) (0.11)

Participant Controls Yes Yes Yes Yes Yes Yes
Control Mean 1.92 1.92 1.92 1.92 1.92 1.92
Observations 973 495 478 588 294 294
R-squared 0.08 0.10 0.11 0.14 0.24 0.22
p-val: T2 = T3 0.02 0.57 0.00 0.01 0.08 0.06
p-val: T2 = T4 0.00 0.00 0.02 0.11 0.19 0.29
p-val: T3 = T4 0.65 0.12 0.12 0.28 0.55 0.21
p-val: T2×Young Child = T3×Young Child 0.32 0.66 0.04 0.65 0.32 0.42
p-val: T2×Young Child = T4×Young Child 0.33 0.67 0.31 0.18 0.46 0.18
p-val: T3×Young Child = T4×Young Child 0.80 0.44 0.25 0.10 0.11 0.72

Notes: The outcome variable is the log of reported reservation wage ($/hr) elicited at contract switch points.
This specification includes interaction terms between treatment indicators and parental status to test for
heterogeneous treatment effects by childcare responsibilities. ’Young Child’ is measured as a binary indicator
for whether the participant has a child less than 6 years of age. Columns (1)-(3) show results for women
(pooled, short term job, long term job) and columns (4)-(6) show results for men. All regressions are limited
to participants who report having a child. Standard errors are clustered at the participant level and reported
in parentheses. The regressions control for contract order effects. Participant controls include controls for
age, income, race, and marital status. The table also reports p-values from pairwise tests of equal coefficients
within each regression. ***, **, * mean statistical significance at 1, 5, 10 percent levels. Source: Waves 1-5
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Table B4: Gender Differences in Household Responsibilities

Women Men Difference Adjusted
Difference

Mean N Mean N Coeff. N Coeff. N
(1) (2) (3) (4) (5) (6) (7) (8)

Home chores (h) 2.709 495 1.910 473 0.798*** 968 0.679*** 968
Childcare (h) 4.207 482 1.297 463 2.910*** 945 1.788*** 945
Other (h) 2.613 482 1.831 465 0.781*** 947 0.757*** 947

Notes: Columns (1) and (3) report the mean of the corresponding variable for Males and Females respectively,
Column (5) reports the coefficients from regressing the variables on an indicator variable for female, and
Column (7) reports the coefficient from the same regression while controlling for marital status and parental
status. Standard errors are clustered at the participant level. ***, **, * mean statistical significance at 1, 5,
10 percent levels. Source: Waves 1-5
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Table B5: Selection - Robustness: Missing values imputed as 0 & include indicator variables
for missing values

Log(Reported Reservation Wage) (USD/hr)
Productivity Index Rating Raven SAT/ACT

Notice / Outside (T2) -0.01 -0.02 -0.00 -0.00 -0.00 -0.00 -0.01 -0.02
(0.02) (0.02) (0.02) (0.01) (0.02) (0.01) (0.02) (0.02)

No Notice / Within (T3) 0.14*** 0.13*** 0.14*** 0.14*** 0.14*** 0.14*** 0.14*** 0.14***
(0.02) (0.01) (0.01) (0.01) (0.01) (0.01) (0.02) (0.01)

No Notice / Outside (T4) 0.13*** 0.13*** 0.13*** 0.13*** 0.13*** 0.13*** 0.13*** 0.13***
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)

Ability 0.04 -0.01 0.05** -0.00
(0.03) (0.02) (0.02) (0.02)

T2 × Ability 0.01 0.01 0.00 0.00 0.00 0.01 -0.00 0.00
(0.03) (0.03) (0.02) (0.01) (0.02) (0.01) (0.03) (0.03)

T3 × Ability 0.05** 0.05*** 0.03*** 0.03*** 0.00 0.00 0.03* 0.03**
(0.02) (0.02) (0.01) (0.01) (0.01) (0.01) (0.02) (0.01)

T4 × Ability 0.09** 0.09*** 0.04** 0.04*** 0.01 0.01 0.05* 0.06**
(0.03) (0.03) (0.02) (0.01) (0.02) (0.02) (0.03) (0.03)

Missing 0.00 0.02 -0.01
(0.04) (0.26) (0.04)

T2 × Missing 0.04 0.05* 0.15 0.15 0.04 0.04
(0.03) (0.03) (0.15) (0.13) (0.03) (0.03)

T3 × Missing 0.00 0.01 0.12 0.12 -0.01 -0.01
(0.03) (0.02) (0.32) (0.28) (0.03) (0.02)

T4 × Missing 0.02 0.02 0.03 0.03 0.00 0.00
(0.04) (0.03) (0.16) (0.14) (0.04) (0.03)

Participant F.E Yes No Yes No Yes No Yes No
Participant Controls No Yes No Yes No Yes No Yes
Control Mean 1.94 1.94 1.94 1.94 1.94 1.94 1.94 1.94
Observations 3864 3864 3864 3864 3864 3864 3864 3864
R-squared 0.82 0.04 0.82 0.04 0.82 0.05 0.82 0.04
p-val: T2 = T3 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
p-val: T2 = T4 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
p-val: T3 = T4 0.66 0.62 0.78 0.75 0.76 0.73 0.71 0.66
p-val: T2×Ability = T3×Ability 0.20 0.15 0.06 0.04 0.94 0.88 0.38 0.29
p-val: T2×Ability = T4×Ability 0.00 0.00 0.00 0.00 0.53 0.62 0.00 0.00
p-val: T3×Ability = T4×Ability 0.27 0.23 0.55 0.55 0.55 0.56 0.38 0.31

Notes: This table reports results from Table 10 while imputing missing values of test scores
(SAT/ACT) and task quality ratings as 0, and controlling for interactions between an indicator
variable for if the individual has a missing value (in the corresponding ability metric) and the
treatment indicators. The outcome variable is the log of reported reservation wage ($/hr) elicited at
contract switch points. This specification includes interaction terms between treatment indicators
and worker productivity measures to test for heterogeneous treatment effects by productivity level.
’Productivity Index’ is measured using a standardized index combining three baseline measures: (1)
test scores (SAT/ACT), (2) fluid intelligence scores from Raven matrices performance, and (3) task
quality ratings of baseline writing performance on a 0-10 scale. Each component is standardized
to have mean zero and unit variance within the baseline sample before taking an average to
arrive at the productivity index. Columns (1)-(2) show regressions wherein ’Ability’ refers to the
productivity index. Columns (3)-(4), (5)-(6), and (7)-(8) show regressions wherein ’Ability’ refers
to the task quality ratings, the raven scores, and the test scores respectively. Standard errors are
clustered at the participant level and reported in parentheses. The regressions control for contract
order effects. Participant controls include controls for age, income, race, and marital status. The
table also reports p-values from pairwise tests of equal coefficients within each regression. ***, **,
* mean statistical significance at 1, 5, 10 percent levels. Source: Waves 1-5.
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